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mallintamiseen, suunnitteluun ja ohjaukseen. Liikkuvien tyo¨koneiden hybridisoin-
ti on ajankohtaista, koska se mahdollistaa CO2-pa¨a¨sto¨jen ja energiankulutuksen
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ners. My contribution to the topic started in the mid-2007, when the work continued
with the development of the series-hybrid Hardware-in-the-Loop test environment.
My work with powertrain components efficiency measurements, power control ex-
periments, and modeling of the system components, progressed in 2008 and 2009.
Analysis of the results lasted until 2010 and writing of the thesis until the mid-2012.
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2009, and adopted for teaching purposes in 2012.
I would like to thank all my colleagues for their support, and the good working
atmosphere.
This study has been carried out in the HybDrive, TopDrive and ECV/Tubridi
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Symbols and abbreviations
Symbols
In general, the electrical variables with subscripts written in upper case refer to the
quantities on the DC-link voltage potential and subscripts written with lower case
refer to the quantities on the energy storage voltage potential, respectively.
A Battery exponential voltage
B Battery exponential capacity
C Battery nominal current
CDC Constant capacitance of a DC link
Cuc Constant capacitance of an ultracapacitor pack
Cuc Variable capacitance map of an ultracapacitor pack
D Current direction for a DC-DC converter
en Speed error term of a proportional-integral controller
eu Voltage error term of a proportional-integral controller
Ebat Battery pack energy content
Elosses i Energy losses of a component i
Euc Ultracapacitor pack energy content
iAFE Direct current of an active front-end converter
ibat Battery current
iBRK Brake unit current
iES Energy storage current on a DC-link voltage potential
iES′ Energy storage system current reference on a DC-link voltage
potential
ies Energy storage current
ifc Fuel cell current
iLOAD Load current on a DC link
i∑PCC Sum current on a point of common coupling
Imax Maximum current of a DC-DC converter
Imin Minimum current of a DC-DC converter
iref Current reference
iref′ Current reference before limitations
i|ref| Absolute current reference
iuc Ultracapacitor pack current
i∗ Battery low-frequency current dynamics
it Battery extracted capacity
Jtot Total inertia on engine shaft
KI Integral coefficient of a proportional-integral controller
KP Proportional coefficient of a proportional-integral controller
m˙ Engine fuel quantity in milligrams per stroke
nEM Electric machine speed
ne ref Engine speed reference
nG Generator speed
nVSDG Engine actual speed
ix
pij Surface polynomial coefficient
pLOAD Load power, electrical
PMAX Tuning parameter of an energy management algorithm
pmech Load power, mechanical
pref Load power reference
Q Battery maximum capacity
Rbat Battery resistance
RDC Equivalent series resistance of DC-link capacitors
Ruc Equivalent series resistance of an ultracapacitor pack
tk Discrete-time sample with an index k
ubat Battery nonlinear output voltage
uDC DC-link voltage
uDC ref DC-link voltage reference
ues Energy storage voltage
ufc Fuel cell cource output voltage
Umax Ultracapacitor maximum voltage
Unom Battery minimum voltage value of the linear area
uratio Voltage conversion ratio, energy storage respect to DC-link
voltage
uuc Ultracapacitor pack voltage
U0 Battery maximum voltage value of the linear area
η(ies, uratio) Efficiency map of a DC-DC converter
η(nG, τreq) Combined efficiency map of an active front-end converter
and generator
ηboost Efficiency map of a DC-DC converter in a discharge opera-
tion mode
ηbuck Efficiency map of a DC-DC converter in a charge operation
mode
ηED(nEM, τEM) Efficiency map of an electric drive
τEM Torque of an electric machine
τe Output torque of a diesel engine
τload Load torque of a diesel engine
τmap Torque data mapping of a diesel engine
τreq Generator requested torque
τAFE Control delay time-constant of an active front-end converter
τDC/DC Control delay time-constant of a DC-DC converter
τe Control delay time-constant of a diesel engine
ωG Generator angular speed
ωVSDG Engine angular speed
xAbbreviations
AC/DC AC to DC rectifier
AFE Active Front-End converter
AOC Adaptive Optimal-Control
CO2 Carbon dioxide
DC/AC DC to AC inverter
DC/DC DC to DC converter
ED Electric Drive
EM Electric Machine
EMS Energy Management Strategy
ES Energy Storage
EUT Equipment Under Test
FC Fuel Cell
G Generator
HE High Energy
HP High Power
ICE Internal Combustion Engine
MABX dSpace MicroAutoBox
MPC Model Predictive Control
NRMM Non-Road Mobile Machinery
OEM Original Equipment Manufacturer
PE Power Electronics
PEM Polymer Electrolyte Membrane or Proton Exchange Mem-
brane fuel cell
PI Proportional-Integral controller
SHEV Series Hybrid Electric Vehicle
UC Ultracapacitor
VSDG Variable Speed Diesel Generator-set
1 Introduction
Non-road mobile machineries (NRMMs) are vehicles whose aim is to produce ef-
fective work in mobile positions. This category includes devices such as, harbor
straddle carriers; mine loaders; forest work machineries, for instance, harvesters and
forwarders; and military vehicles. Complementary terms for an NRMM are an off-
road heavy vehicle [1]−[2], or even a heavy-duty vehicle [3]. The powertrain, which
is the focus of this research, functions as a part of NRMMs.
Thus, a powertrain refers to the part of a vehicle which generates power and
provides a path for power from the source to its load. In general, a powertrain
may consist of various different components, due to the diverse purposes of NRMMs
as illustrated in example Fig. 1. A harbor straddle carrier is used to lift, move,
and descend containers in a harbor area. An underground mining loader charges a
bucket at the end of an underground mine and hauls ore to a point from where an
underground truck carries ore the rest of the way up. A forwarder collects logs with
a boom and delivers logs next to the road from where a truck is able to pick up logs
for road transportation.
b ca
Figure 1: Different non-road mobile machineries; (a) harbor straddle carrier, (b)
mine loader, and (c) forwarder.
The powertrain, for instance in a passenger car, consists of an internal combus-
tion engine (ICE), a gearbox, driveshafts, and differentials. In this vehicle, the ICE
operates as a source, and the wheels operate as loads. Another example of powertrain
design can be found in a diesel-electric train, which consists of an ICE, generator,
rectifier, inverters, and traction machines. This type of a powertrain transforms
rotational movement into an electric current and back to rotational movements.
The third example of powertrain design is hydraulic, which is usually operated in
hydro-static means. In that powertrain, the ICE rotates a hydraulic generator that
in turn is connected via hydraulic hoses to hydraulic motors. In such cases, the
fluid pressure of the hoses is kept constant. Furthermore, this thesis uses the word
“powertrain” as described in the context of these three aforementioned examples.
Synonyms are used to denote the powertrain [1]−[2], such as drivetrain [2]−[4], drive
line, and transmission.
2In the conventional car powertrain, the ICE operates as a source, and the wheels
to the environment contacts operate as loads. Thus, a two-wheel drive has two
bodies which create a load for the ICE, and a four-wheel drive has four. The ICE
usually couples mechanically to loads and, thus, always operates at a speed defined
by a vehicle speed and a gear ratio. In practice, loads define the torque and speed of
the ICE and therefore, it cannot be operated in the best efficiency operation area.
Moreover, the ICE cannot absorb more regenerative power than the parasitic loads
on the ICE shaft consume, and therefore, during deceleration the kinetic energy from
the vehicle body is consumed as heat in the brakes. On the other hand, some trains
and ships have adopted the diesel-electric powertrain which relieves the ICE from
the mechanical speed of a load. Furthermore, in trains the diesel-electric powertrain
is needed if the railway line is lacking power lines. Such high cost high power
applications as these have conventionally used electric powertrains. However, the
diesel-electric powertrain cannot provide regenerative energy recuperation, although
electric traction machines and inverters could provide such an operation. In practice,
the diesel-electric powertrain only lacks a suitable energy storage system.
In comparison to cars, heavy-duty vehicle powertrains are more diverse. Besides
the need for kinetic energy, heavy-duty vehicles often need linear movement for
actuators, such as, buckets, hoists, and booms, which are usually operated with hy-
draulic cylinders. The movements and payloads of hydraulic actuators yield another
load for the ICE, and may demand high peak powers. Conventionally, hydraulic ac-
tuators have introduced partly or fully hydrostatic power transfer to the powertrain
of a heavy-duty vehicle. The hydrostatic power transfer has traditionally had low
overall energy efficiency which is in range of less than 10 % due to partial loading
of an ICE with high constant speed. Furthermore, in conventional designs, the hy-
draulic transmission has transferred power in only one direction, thus preventing
regenerative energy recuperation.
Heavy-duty vehicles are a diverse group as described earlier. Trucks, cranes,
tractors, bucket loaders, and trains among others can be included in this category.
Some of these vehicles operate only on bounded sites, and thus are called non-
road mobile machineries. Traditionally, NRMMs have been built with a mechanical,
hydraulic, or diesel-electric powertrain. The conventional designs of NRMM power-
trains have not usually enabled regenerative energy recuperation, which is available
in most NRMM work cycles as kinetic and potential energy forms. In the traditional
design, regenerative energy has been converted into heat in mechanical brakes, hy-
draulic valves or in brake resistors. Moreover, system efficiency is low during engine
idling, i.e. partial loading of an ICE. These reasons together lead to low overall
energy efficiency in a system. For instance, the corresponding system efficiency in
a conventional passenger car application is in the range of 14 - 22 %, and with a
hybridized system 29 - 30 %, respectively [5]. Furthermore, through hybridization,
low emission by-production in power generation, and lower or even locally zero-
emission powertrains can be succesfully achieved [3]. Therefore, different hybrid
powertrain topologies are studied for the regenerative energy recuperation of the
NRMM powertrain.
A hybrid vehicle powertrain can be realized in many different ways. In gen-
3eral, different combinations of mechanical, hydraulic and electrical power transfer
components may come into question for the right drivetrain topology choice for
a specific case. For example, series, parallel, series-parallel, and complex hybrid
electric vehicle architectures have been defined in [4]. However, feasible powertrain
topology choices are predefined based on the application field, and thus, the study
for hybridizing a powertrain in the NRMM concentrates on the series-hybrid electric
vehicle (SHEV) topology [1]−[2].
This series-hybrid electric powertrain can consist of several different energy
sources and storages, see Fig. 2. These energy sources usually are engine and
fuel cell, whereas the usual energy storage options are battery, ultracapacitor, and
flywheel [6]. Additionally, the drive line demands controllable electric power conver-
sions with power electronics devices. Such devices change the form of the current
from alternate to direct, and vice versa, for the use of generator and electric machine.
DC-DC converters control electric power through different voltage levels in the drive
line, for the utilization of energy storage full capacity [7]. The amount of options
for the design of a hybrid drive line makes it an undoubtedly complex process. The
degrees of freedom in design arise because of several energy storage options and
their combinations, the sizing of energy sources and storages, the energy source and
storage interface options, e.g. active or passive, and the control of active interfaces.
Thus, feasibilities and design procedures of series hybrid powertrains are studied for
the needs of NRMM manufacturer product development [8]. The importance of the
study arises—specifically, due to the complexity of the subject, implementation of
a new design, lack of already known design principles, and the education of new
engineers. Therefore, efficient modeling principles for the NRMM powertrain design
are considered in this research.
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Figure 2: Different series-hybrid electric vehicle powertrain component options.
Thus, this study concentrates on the series-hybrid electric powertrain, which
4has all system loads connected to the common DC-bus. In other words, all system
loads are treated as one load which is consumed from the common DC-bus. This
simplification neglects the realization of the load, since this would lead to an overly
diverse research area.
As a summary, the goal of this thesis is to provide design knowledge, and tools
for engineering series-hybrid powertrains in NRMM applications. In some NRMM
applications, conventional powertrains needs to be re-designed due to low-energy
efficiency, and lack of regenerative energy recuperation. As a design options, there
exist various types of powertrains, as different types of hybrids, and as different types
of series-hybrids which are discussed in Chapter 2. In practice, the engineer should
be capable of choosing the right powertrain for a specific application. Therefore,
contributions have been made in order to reach previous common goals. Firstly, the
research concentrates on a series-hybrid electric powertrain modeling from known
loads of the DC-bus to actual values of powertrain variables (such as currents and
voltages) in different voltage potentials, and primary energy source outputs. The
primary energy source actual output values for the fuel cell stack are current, voltage
and hydrogen, and for the diesel generator-set, speed, torque, and fuel consumption.
Secondly, the research focuses on power control for an ultracapacitor (UC) buffered
series-hybrid electric powertrain. Thirdly, developed modeling and simulation tool
are used to analyze the cost, size, weight, and efficiency of different fuel cell series-
hybrid powertrain topologies [8].
The main scope of this thesis is on series-hybrid electric powertrain modeling
and energy management for the design of non-road mobile machineries.
This thesis is organized as follows: Chapter 1 defines the background, scope,
and structure of the thesis; Chapter 2 previews the history and the State-of-the-Art
of the topic; Chapter 3 presents the development of different series-hybrid power-
train component plant models, describes test setups for plant model validations and
presents mathematical descriptions of the models; Chapter 4 summarizes and re-
views publications; and Chapter 5 summarizes the thesis.
The publications included in this thesis are reprinted at the end.
52 State-of-the-Art
2.1 History
Development Milestones of an Early Electric Vehicle
The invention of the electric vehicle has been attributed to various people from
the 1820s to 1900s. Named contributions began with A´nyos Jedelik in 1828, who
demonstrated an early type of electric motor. After several other contributions,
in 1881, French inventor Gustave Trouve´ demonstrated a working three-wheeled
automobile at the International Exhibition of Electricity in Paris, which was powered
by 0.1 horsepower DC motor and weighted 160 kg.
The 1890s was an era of rapid development of an electric vehicle. The first
commercially succesful electric car, able to carry six passengers at 16 km/h, was
made in 1893 by Paul Pouchain. Later, the 100 km/h speed barrier with an electric
vehicle was broken in 1899 for the first time by Camille Jenatzy. Development was
rapid due to a series of competitions that promoted technical improvements.
The first hybrid vehicles reported were shown at the Paris Salon in 1899 with a
presentation of parallel and series-hybrid concepts. The series-hybrid was derived
from a pure electric vehicle, and built by the French firm Vendovelli and Priestly.
During 1900-1910, electric cars reached the height of their success, and manu-
facturing amounts peaked in the United States by 1912. As gasoline automobiles
became more powerful, more flexible, and above all easier to handle—electric vehi-
cles started to disappear. Their high cost, limited range and performance impaired
them against the gasoline vehicles. In nearly 60 years, the only electric vehicles sold
were forklifts, delivery vehicles, and golf carts. [9]−[12]
Fuel Cell
The first contributions for the fuel cell invention were made as early as 1839 by Sir
William Grove, who discovered that it might be possible to generate electricity by
reversing the electrolysis of water. It took until 1889 before the term “fuel cell”
came into use while Charles Langer and Ludwig Mond tried to engineer the first
practical fuel cell using air and coal gas.
It was remarkably later, in the 1950s, that Francis Bacon successfully produced
the first practical alkaline fuel cell. In the 1960s, an alkaline fuel cell power plant
was developed for the Apollo spacecraft. The plant provided both electricity (1.5
kW) as well as drinking water for the astronauts on their journey to the moon. A
drawback in previous fuel cells was that carbon dioxide would react with the alkaline
electrolyte, and thus reduce the overall efficiency of the fuel cell. Technologies with
the non-alkaline electrolytes became more attractive for terrestrial applications, such
as, solid oxide fuel cells, phosphoric acid fuel cells, molten carbonate fuel cells and
proton exchange membrane (PEM) fuel cells which were later considered to be the
power source in vehicles.
Already in the early 1960s, Thomas Grubb and Leonard Niedrach developed the
first PEM fuel cell while working in General Electric. The PEM fuel cell technology
6was interesting but not immediately adopted by NASA’s space flights. The era of
PEM fuel cells on space flights started with Gemini 6 to 12, between 1965 and 1966.
Then in 1979, the company Ballard Power Systems was established, and it has since
grown to become recognised as a world leader in PEM fuel cell technology. [11], [13]
Evolvement of a Diesel-Electric Powertrain in Heavy Vehicles
The diesel-electric powertrain has long been used in some applications, such as in
locomotives [14], and ships [15]. In the 1900s, electric propulsion was introduced to
ships. In those days, electrical systems were various kinds of AC or DC systems,
and a power source in the beginning was a turbine, and later on diesel engines were
also utilized [15]. In about 1925, the diesel-electric traction began to compete with
other propulsion systems in locomotives [14]. Some decades later, in 1947, a braking
resistor system was proposed for a locomotive to prevent the need for brake shoe
maintenance, wheel wear, and to increase faster schedules for operation [16].
Concerns about the environment triggered more research on electric vehicles
between 1955-1965, and as a result, a new thyristor inverter technology with ad-
vantages, including the use of asynchronous motors, was adopted to traction motor
considerations [12]. Simultaneously, an earth-moving DC electric drive vehicle, the
100-ton with 1100-horsepower ore truck, was in commercial use. In those days, an
ore truck powertrain consisted of a gas turbine as a power source, DC generators
and motors. The motors were integrated in wheels with gearings [17].
Research continued to adopt “commutator-less” AC-drives for locomotives, mil-
itary vehicles, battery powered electric vehicles, and other types of NRMMs. In the
middle of the century, NRMM powertrains were realized by diesel engines with gear-
shift and torque-converter transmissions [17]. By 1973, the new converter technology
with asynchronous traction motors had been introduced to diesel-electric locomo-
tives. At that time, a diesel-electric powertrain consisted of a diesel generator-set
with a passive diode rectifier, DC intermediate circuit with a braking resistor, and
thyristor based inverters operating asynchronous traction motors [18].
A Rise of New Interest in Electric Vehicles
In the 1970s, the period of energy crises increased the interest of vehicle manufac-
turers towards electric vehicle research. The energy crisis was a period in which
the major industrial countries of the world faced substantial shortages of petroleum.
The two worst crises of this period were the 1973 oil crisis, and the 1979 energy
crisis. Oil prices first rose in the early 1970s, and then declined during the late
1970s, thus leaving electric vehicle research interest dependent on its environmental
impacts [19].
In the beginning of the 20th century, battery capacities were around 0.02-0.07
kWh/kg, and by 1988, it was understood that theoretical battery capacities would
stay under 0.3-2.8 kWh/kg [11]−[12]. On the contrary, gasoline and diesel energy
densities are in the range of 12 kWh/kg. Thus, it was agreed that electric vehicles
could never compete with gasoline automobiles in the driving range. The automo-
bile industry begun to concentrate on research on hybrid and fuel cell vehicles for
7long-range vehicular purposes [11]. Furthermore, energy densities of batteries are
currently still within 0.05-0.15 kWh/kg [20].
In the 1960s, GM resurrected its research (since the 1910s) on electric and hy-
brid vehicle propulsion systems. For instance, in 1966, the first fuel cell van was
demonstrated. At that time, the fuel cell system was reported to be too expensive
and complicated.
In 1968, an electrically powered six-wheel military vehicle was demonstrated with
an IC engine, AC generator, inverters, and wheel motors. That same year a series-
hybrid powertrain, with the stirling engine providing power to a passive battery
pack, was tested in a small size passenger car [19]. Thus, by 1983, research for
hybridizing vehicle powertrains had already a long history. Meantime, development
of a parallel hybrid powertrain test vehicle was reported in [21].
By the 1990s, automobile manufacturers became interested in hybrid and fuel
cell applications. Several demonstrations were made for both in the 1990s. Com-
mercial markets of hybrid vehicles were initiated in 1997 by Toyota Prius [4], and
the commercialization of the fuel cell vehicle is still waiting to begin. Fuel cell vehi-
cles currently exist for all modes of transport. The most prevalent fuel cell vehicles
are forklifts and material handling vehicles. However, there are currently no fuel
cell cars available for commercial sale. The major challenges for fuel cell technology
commercialization are on lowering the cost of volume production, and increasing
reliability as well as durability. [22]
2.2 State of the Research
The previous section states the long history of electric, hybrid and fuel cell pow-
ertrains. Despite this lengthy history, the field of hybrid powertrain research is in
a relatively early phase. An increase in publicly available publications related to
the topic began in the late 1990s. However, this section concentrates on recent
proceedings on the field, thus covering the early 2000s.
By the year 2007, Terminal Systems Inc. reported completion of the prelimi-
nary testing of their first ECO Crane with a diesel/battery hybrid powertrain [23].
The application is similar as in Fig. 1 (a), and studied in Publication V. Other
proceedings relating to a comparable system have been reported in [24] and [25].
Publication [24] reviews six different energy management strategies (EMS) for
a diesel-electric system with energy storage. Furthermore, that publication focuses
on providing design rules for different series-hybrid powertrains with a passive high
power (HP) battery pack or an active ultracapacitor pack as possible energy storage.
The research proposes methods with which to compare different EMS strategies,
and compares the HP battery powertrain topology cost sensitivities with different
EMSs, but will not proceed to conclusions on the supremacy of either an active
ultracapacitor buffering or an HP battery buffering. Furthermore, the study neglects
weights and sizes of different powertrain options; moreover, the proposed methods
for design are simple, but superficial.
Publication [25] presents power control for a powertrain with diesel-engine, sep-
arately excited generator with diode rectifier, and DC-DC converter between low
8capacitance intermediate circuit and UC energy storage. Tuning variables for power
control in the system-level are generator excitation and intermediate voltage refer-
ence of a DC-DC converter.
In 2007, the journal Proceedings of the IEEE published a special issue related
to the hybridization of vehicles, which reviewed the State-of-the-Art of the field.
Therefore, it is publicly known that for vehicles driven on fixed routes and with a
cyclic pattern, i.e. stop-and-go means, the fuel saving potential is an average of
50 % or more, with either parallel or series-hybrid powertrains [4]. Furthermore, it
is self-explanatory that for many vehicles, including hybrids, the most energy effi-
cient path from fuel conversion to vehicle propulsion is the most direct path. For
combustion engine driven vehicles, this means mechanical coupling; for fuel cell ve-
hicles, this means directly through an intermediate bus without passing through an
energy storage media, because every energy conversion generates losses [7]. There-
fore, general considerations are made to choose either a mechanical or a hybridized
powertrain for each vehicle applications.
The following review classifies different powertrains with the control possibility
of power electronics converters. In this context, a converter or energy storage (ES)
coupling is termed passive, if it allows no controllability provided by e.g. hard-
switching of semi-conductors, or when a component is directly coupled. On the
other hand, they are defined as active, if controllable semi-conductor technology
is utilized. Furthermore, the fuel cell (FC) or the ICE primary source is another
basis of classification for powertrains. Based on this categorising, recently studied
different series-hybrid powertrains are described in the following paragraphs.
A powertrain with an engine generator-set, active rectifier, and passive
battery pack
The powertrain topology presented in Fig. 3 and earlier covered in [1], [4], [11],
[24], [26], and [27]; is the first step forward from diesel-electric powertrains which
are commonly utilized in trains and heavy high power ore trucks. The powertrain
provides engine operation steadily on the chosen operating point, with commands
of operation speed ω, and torque τ , which together define power p to a battery pack
in the intermediate circuit.
Furthermore, passive HP batteries are proposed—specifically for charge-sustaining
operation of series-hybrid powertrains [24].
Publication [26] presents dynamic modeling which takes into account both elec-
trical and mechanical phenomena in the powertrain with actively loaded ICE and
passive battery pack.
Publication [27] reviews different hybrid powertrain topologies, including series-
hybrid, as well as heavy-duty FC hybrid; and states the need for high power-density
batteries in hybrid vehicles.
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Figure 3: The powertrain with an engine generator-set, active rectifier, and passive
battery pack.
A powertrain with an engine generator-set, active rectifier, and active
battery pack
The powertrain topology presented in Fig. 4 is proposed in studies [2], [4], and
[28]. The active battery pack refers to a battery which is controlled with a DC-DC
converter.
In this topology, the powertrain control strategy becomes similar to the earlier
powertrain case, if the DC-DC converter regulates voltage of a low capacitance
intermediate circuit. However, there is another possibility for the powertrain control
strategy which derives from the diesel-electric powertrain without energy storage.
In such a case, voltage of the low capacitance intermediate circuit is regulated with
the active rectifier, and the DC-DC converter primarily commands the current of
the energy storage.
Publication [28] states needed operation modes to control power flows in all
relevant directions. Furthermore, a sizing method is proposed for traction motor,
engine, and energy storage system. The sizing method is based on the maximum
power needed from components of the powertrain. An energy storage system design
is discussed and the design of a hybrid energy storage explained, i.e. combined
battery and UC. It is noted that the hybrid energy storage has much less weight
than a battery alone as the energy storage. In addition, both passive and active
hybridizations of the energy storage system are proposed.
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Figure 4: The powertrain with an engine generator-set, active rectifier, and active
battery pack.
A powertrain with an engine generator-set, active rectifier, and active
UC pack
The powertrain with an engine and a UC energy storage is shown in Fig. 5 and
proposed in [4], [24], [29], and [30]. Power control strategies in this case can include
intermediate circuit voltage regulation features, the DC-DC converter regulation,
and the active rectifier regulation. However, the voltage operation range of an UC
pack delimits its control freedom in respect to the battery buffering case.
Publication [24] proposes UC buffering for the crane application, suggests six
different power management strategies and compares their costs. The study does
not consider the sizes and weights of such systems.
Publication [29] presents thoroughly the characteristics of the UC buffered pow-
ertrain with its parameters. In the case presented, the control strategy is such that
the DC-DC converter regulates voltage of the low capacitance intermediate circuit;
moreover, the active rectifier generates power flow from an engine depending on the
state-of-charge (SOC) of a UC, current derivative limitations, and the efficiency map
of a combined active rectifier generator unit.
Publication [30] proposes an energy management strategy to save both the power
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Figure 5: The powertrain with an engine generator-set, active rectifier, and active
ultracapacitor pack.
losses in the hybrid system, and capacitance of the UC pack. The strategy is based
on keeping the summation of the kinetic energy and the UC energy constant. It
is proposed that the engine is controlled in three steps: maximum, optimum, and
auxiliary power regions. Furthermore, the study proposes a method to design appro-
priate capacitance for the UC buffered diesel-electric powertrain in local or express
train applications.
A powertrain with an engine generator-set, active rectifier, passive bat-
tery, and active UC pack
The powertrain with an engine, a passive battery as an intermediate circuit, and an
active UC energy storage system as a peak power unit is presented in Fig. 6 and
studied in [31]−[32].
The objective of the publication [31] is on the dynamic control strategy of the DC-
DC converters for energy management between the batteries and supercapacitors.
The dynamic modeling describes phenomena occurring on the intermediate circuit,
which has parallel smoothing capacitors (1.5 mF) and a lead-acid battery pack
with current smoothing inductor (25 µH) in series. The circuit creates the same
12
AC DC
GEngine
DC
DC
Ultracapacitor
pack
M
AC
DC
M
AC
DC
M
AC
DC
Loads
Battery
pack
Figure 6: The powertrain with an engine generator-set, active rectifier, passive
battery, and active ultracapacitor pack.
phenomenon which can occur in the intermediate circuit with long cabling between
different power electronics components, or between a power electronic component
and a battery pack.
Publication [32] continues the research on the control laws of DC-DC converters
in the energy management between battery and UC by polynomial control strategy,
and by dynamic modeling of such systems. Both studies concentrate on optimizing
the system by designing the switching event time-scale operation.
A powertrain with an engine generator-set, passive rectifier, and active
UC pack
The UC buffered diesel-electric powertrain with a passive rectifier is presented in
Fig. 7 and studied in [25], and [33].
Publication [25] proposes improvements to an EMS, which is based on both the
DC-link voltage regulation and the engine generator-set droop frequency regulation.
In the EMS, the DC-link voltage regulation is used when primary power is fed by the
active UC pack, thus, the DC-link voltage can be regulated to a value which does
not allow the passive rectifier to conduct. Furthermore, while using regenerative
braking, the voltage control mode transfers power to the UC pack. In contrast, in
the event of the UC pack being exhausted or the load too high, the engine generator-
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Figure 7: The powertrain with an engine generator-set, passive rectifier, and active
ultracapacitor pack.
set droop frequency regulation is chosen. Then, primary power is fed by the engine
generator-set. If the droop frequency reference cannot be met, the UC pack assists
the operation. The contribution of the study itself is on the generator frequency
estimator algorithm for the EMS operation. The study presents a hybrid powertrain
with engine size decreased to one-third of the original. However, a drawback of the
system is that the engine is used to charge the UC pack to ensure operation.
Publication [33] concentrates accurately on electrical behaviors, and power elec-
tronics (PE) control in the system, thus neglecting system level operation issues
outside the study. The paper proposes use of a bidirectional three-level DC-DC
converter with energy storage, and a control algorithm for the converter to perform
power control which affects the system level power flow. The proposed control algo-
rithm seems to result in the ON-OFF operation of the two power sources. However,
the contribution of the study is on the UC based energy storage design guidelines for
such a system which has a ride-through capability against voltage sags (or dips, i.e.,
an instantaneous decrease in the RMS voltage with a range of 10 % - 90 % and du-
ration up to a minute) in the mains. Furthermore, the study is exact and systematic
in its analysis, as well as discussing deeply issues relating to converter technology
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possibilities in such a system. The proposed power flow control algorithm is based
on DC-link voltage from which UC voltage and current references are calculated.
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Figure 8: Different fuel cell source powertrain cases; (a) the powertrain with a
passively coupled FC source and passive ES, (b) the powertrain with a passively
coupled FC source and active ES, and (c) the powertrain with an actively coupled
FC source and active ES.
A powertrain with passive or active coupling of a fuel cell source and a
battery pack
Basic fuel cell source powertrain topologies with battery buffering are illustrated in
Figs. 8 (a)-(c), and studied in [7], [20], [27], [34], and [35].
Publication [7] proposes FC powertrains with: passive coupling of FC and UC
[Fig. 8 (a)], passive coupling of FC and active coupling of battery pack [Fig. 8
(b)], as well as active coupling of FC with an energy storage system [Fig. 8 (c)].
In the study, the passive coupling of the FC source is justified by fewer losses on
the primary power path, and the active coupling of the FC source is justified only
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by a matching of the intermediate circuit voltage. Thus, the efficiency of the FC-
converter is extremely important due to its direct effect on vehicle fuel efficiency.
Publication [20] investigates a modern tramway as a hybridization target. In such
a system the powertrain is doubled, the tram is equipped with both, a generator sized
based on the peak load power, as well as overhead lines for supply and regenerative
power. By hybridization, overhead lines can be removed and generator size decreased
to supply only average power, which in this case is less than a third of the peak load
power. The average power operated generator is reversible with the FC source,
and thus, an actively coupled FC with passive battery pack is proposed as well
as an actively coupled FC with active UC. The energy management algorithm for
the active FC and passive battery pack case is based on the battery SOC which is
maintained with control of the FC source. Additionally, the algorithm consists of
battery current limitations, and current slope limitations for the FC source. The
energy management for the active FC and active UC powertrain is realized with
the DC-link voltage regulation (PI-controlled) by the UC-converter, while the FC-
converter is controlled to maintain the UC state-of-charge (P-controlled). Both
controller outputs are limited to ensure usage within a safe operation area of the
sources. Design examples of both energy storages are presented, and algorithm
operations are verified by experiments.
Publication [27] reviews schematics of fuel cell based powertrains for passenger
cars and heavy-duty transit buses.
Publication [34] presents a reduced scale Hardware-in-the-Loop test system for a
powertrain with passive FC coupling, and passive battery pack. The study proposes
a low-cost, effective, and easy to adapt design environment which combines parts of
real hardware, and parts replaced by emulating tools.
Publication [35] compares three powertrain cases, a passively coupled FC with
an active battery pack, a passively coupled FC with an active UC pack, and a
passively coupled FC with both active battery and active UC packs. The publication
concludes that the case with both battery and UC packs is the most promising
powertrain topology for passenger car applications. The conclusion is affected by
the fact that calculation parameters for a battery are based on lead acid technology
instead of other types of batteries with higher specific power. The profitability of
the combined active HE battery and active UC buffering with respect to battery
or UC only topologies was also concluded in Publication V. Furthermore, in some
applications, the combined battery-UC pack ES is replaceable with the proper design
of an HP battery. However, features of these powertrain cases are dissimilar due to
different amounts of energy in the ES system, and thus, they might become suitable
for different applications.
A FC powertrain with an UC pack buffering
The FC powertrain with UC buffering (Fig. 8) is considered in studies [7], [20],
[35]−[41]; and buffering with a flywheel in [41]. Issues discussed in Publications [7],
[20], and [35]; were reviewed in the previous section.
Publication [36] compares two different EMSs for a powertrain with an actively
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coupled FC source and active UC pack. Compared EMSs are a rule-based method
and a model predictive control (MPC) method. Both EMS cases are based on
a low-level control strategy in which DC-bus voltage is regulated with the FC-
converter, and the UC-converter is controlled with the current reference. In both
cases, the low-level control strategies are the same as those proposed for the diesel-
electric series-hybrid powertrain in Section 3.11, and in Publications II−IV; i.e.,
the DC-bus voltage regulation with the primary source converter, and the current
controlled UC pack. The rule-based EMS relies on a high-pass filtering of the load
current, which defines the UC current reference with compensation of power losses
and change of voltage potential. Furthermore, the FC source is targeted to be
operated near the optimal operation point. The MPC approach utilizes a model
of the system to project the future response as a function of control inputs and
known disturbances. The designs of both controllers are briefly explained, and the
behaviors of design examples compared. Conclusions between behaviors are drawn,
but no real differences on performances were comprehensively reported.
Publication [37] presents an approach for the design and analysis of FC-UC
hybrid systems oriented to automotive applications. The design issues of the power-
train with an actively coupled FC and active UC are discussed, and a presentation
then made of the powertrain design approach based on drive cycle parameters result-
ing in proper FC and UC source sizing. The study concludes that the most suitable
hybridization degree of the FC-UC powertrain for an automotive application is 79
%, which is a suitable value for urban driving cycles, as stated in Publication [38].
The proposed result in [37] is based on calculations with different driving cycles.
The hybridization degree (HD) is defined, as
HD =
Pess,max
Pfcs,max + Pess,max
· 100[%],
where Pess,max refers to the maximum energy storage system power, and Pfcs,max to
the maximum fuel cell system power, respectively.
Publication [38] studies proper sizings for FC-battery and FC-UC topologies
(considering the degree of hybridization), and discusses approvable design domains,
as in [24]. Furthermore, Publication [38] concludes different hybridization degrees
for powertrains depending on a driving cycle. In both powertrain cases, the hy-
bridization degree varies between 20 % to 80 %, depending on whether the driving
cycle represents sub-urban or urban driving, respectively.
Publication [39] proposes an adaptive optimal-control (AOC) method as the
EMS for the powertrain with an actively coupled FC and active UC pack. The
design and learning routine of the neural network based AOC method is presented,
and comparison against a fuzzy logic based EMS has been assessed. Conclusions
favour the AOC-EMS method in respect to the fuzzy logic based method designed
by an expert. The tuned AOC algorithm takes load power and SOC as inputs, and
gives the fuel cell power reference as output to a low-level control algorithm. The
idea of the AOC-EMS is similar as in the EMS designed in Publications II−III, and
presented in Section 3.11.
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Publication [40] is an earlier study of neural networks usage (in respect to Publi-
cation [39]) for an EMS of a powertrain buffered with the active UC pack. The study
proposes a more complex neural network with eight inputs, and with one output as
the UC pack current reference. Moreover, the study neglects operating points of a
primary energy source, since it concentrates on active UC buffering in general.
Publication [41] reviews feasibilities of a hybrid powertrain in different train
applications. It is noted that a hybrid powertrain is not advantageous in all train
application cases, such as in locomotives for high-speed, heavy freight, and switcher
applications. The reasons for previous cases are either extended periods of maximum
power (high-speed, heavy freight), or low-speed (switcher) operations where power
provided by the powertrain is less of an issue due to the limitations of wheel adhesion.
On the other hand, a hybrid powertrain may be beneficial in subways, mass transit,
commuter, and intercity rail applications.
A FC powertrain with combined battery and UC buffering
As the last group of introduced topologies, a FC powertrain with two energy storages
has been investigated in [42]−[46]. Different methods exist to realize a FC powertrain
with two energy storages, as shown in Fig. 9.
Publication [42] presents predictive controllers for different converters in the
powertrain with FC source, active battery, and active UC packs [Fig. 9 (a)]. The
proposed predictive controllers are for low-level controls, and they are proposed
to replace classical PI-regulators from each converter. Predictive controllers have
been demonstrated to be faster with simulations and validation measurements in
a reduced scale testbed. Use of predictive controllers in each converter low-level
control results in faster dynamic system responses.
Publication [43] presents an energy management strategy based on the flatness
control technique and the fuzzy logic control. The studied EMS is proposed for the
generic battery and UC buffered topology, but the study presents a design example
for a powertrain with two DC busses from which one connects to a FC source and
active UC pack, and via other DC-DC converter to a higher voltage DC bus, and to
loads, and to an active battery pack [Fig. 9 (b)]. The main property of the proposed
EMS is that, power flow of the system in different operating modes is managed with
the same control algorithm without any algorithm commutation or prediction of the
system behavior. Furthermore, the flatness control is utilized to divide load power
between the FC source and the ES system, and the fuzzy logic control is used to
divide the ES system current between the battery and UC packs.
Publication [44] studies a powertrain with a passively coupled FC source, active
battery, and active UC pack [in the control point of view as Fig. 9 (c)]. The study
proposes use of a three-port isolated triple-half-bridge DC-DC converter for ESs,
and proposes two different EMSs for the powertrain. Furthermore, a design routine
is provided to size the battery and UC in order to achieve the lightest mass at the
95 % efficiency. The study concludes that the constant operation of the FC source
leads to higher system efficiency in the studied case than the ON-OFF operation of
the FC source.
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Figure 9: (a) The powertrain with an actively coupled FC source, active battery,
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Publication [45] proposes a dynamic power distribution between the FC source,
battery, and UC [Fig. 9 (a)]. The powers between the FC source and ES system,
as well as active battery and active UC are individually controlled; and a proposal
made for a global optimization controller with real-time capability. Simulations have
been used to prove feasibility of the proposed control against common thermostatic
controls. Results suggest a great benefit over urban driving, and lesser benefit to
sub-urban driving. Furthermore, the study presents cost functions for optimization
of both controllers.
Publication [46] presents the design of a wavelet-transform-based power manage-
ment for a powertrain with an actively coupled FC source, active battery, and active
UC packs. The proposed wavelet-transform algorithm is capable of identifying the
high-frequency transient and real-time power demand of the HEV, and allocating
power components with different frequency contents to corresponding sources. Simu-
lations of the proposed control were presented, and experimental data for verification
and validation of results have been created with a reduced scale test bed.
Hardware-in-the-Loop environments
State of the research in the design of different powertrains has been presented in
previous paragraphs based on Publications [24]−[46]. Furthermore, different ap-
proaches for Hardware-in-the-Loop environments for supporting research have been
presented in Publications [34], [47], and [48].
The ideas of Publication [34] were discussed in an earlier section. A full-scale
Hardware-in-the-Loop environment which is used for research in this thesis is pre-
sented in Publication [47]. In addition, useful test setups regarding performed re-
search and relating to Publication [47] are presented in Section 3.1.
Publication [48] presents an idea of two reverse-coupled electric machines emulat-
ing a driving cycle for use of the traction unit testing in different hybrid powertrains.
In such a system, one of the electric machines is controlled with speed, and the other
with torque command based on driving cycle and vehicle parameters.
Different modeling methods
The dynamic forward map-based modeling represents a more complete vehicle pow-
ertrain system model, contradictory to the proposed multi-stage modeling approach,
which concentrates only on the powertrain design beginning from the tractive effort
or the drive cycle.
The dynamic forward system models have been presented and validated for the
series-hybrid powertrain in Publication [26], and for the power-split hybrid power-
train in Publication [49]. Furthermore, forward and backward, as well as dynamic
and quasi-static modeling approaches are widely discussed in [1], [48], and [50].
Therefore, in the modeling approach framework, this study concentrates on how
to combine different modeling methods—specifically for the design of different series-
hybrid powertrains.
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The framework of this study in the State-of-the-Art context
The framework of this study is on the guidelines of systematic and effective series-
hybrid NRMM powertrain modeling for designing powertrain hardware dimensions
and software algorithms.
In the early phase of the study, the focus was on finding suitable modeling
methods. Then, this focus switched to the UC buffered diesel-electric series-hybrid
powertrain with indirect primary source power buffering. Finally, the proposed mod-
eling approach was used for the comparison of different FC series-hybrid powertrains
in an NRMM application.
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3 Development of Series-Hybrid Powertrain Plant
Models
An introduction to the studied series-hybrid drive lines, their variables, and princi-
ples of plant models are presented in Figs. 10 and 11.
The basis of plant models are control delays of sub-systems and mappings of
quantities, such as efficiency and fuel consumption. The control delays are either
constant or variable. In this study, the control delays τAFE and τDC/DC are con-
stant, whereas τe is dependent on speed, and fuel quantity controlled by a speed
PI-regulator.
The power conversion losses are considered with efficiency mappings. Efficiency
affects the magnitude of a variable on the unregulated side of a sub-system com-
ponent. For example, the active front-end (AFE) converter-generator combination
efficiency mapping η(nG, τ req) is a function of generator speed (nG), and requested
torque (τ req). Furthermore, the DC-DC converter efficiency mapping η(ies, uratio) is
a function of energy storage current (ies), and voltage conversion ratio (uratio).
In Fig. 10, the primary control signal for the variable speed diesel generator-set
(VSDG) is speed value (nVSDG), which speed regulator gives fuel quantity (m˙) as an
output. The AFE converter is controlled with the DC-link voltage reference, which
voltage regulator gives iAFE as an output. The DC-DC converter is controlled with
the current (ies) reference.
In addition, Fig. 10 presents a plant model for the ultracapacitor pack. It consists
of either constant (Cuc) or variable capacitance (Cuc) value, and the equivalent series
resistance (Ruc).
The existence of the tractive electric drive plant model is dependent on the
starting point of the simulation, mechanical or electrical load, pmech or pLOAD, re-
spectively.
An example of the fuel cell series hybrid powertrain is presented in Fig. 11. It
introduces a battery pack and a fuel cell source plant models and their variables.
This figure presents the active battery and UC pack buffered electric powertrain.
3.1 Test Setups for Experimental Identifications and Vali-
dations of the Sub-system Models
The identification of the DC-DC converter and the UC module plant models can
be performed with the test setup presented in Fig. 12 which is reviewed from
Publication IV. The test setup consists of the AFE converter connected to the mains,
the DC-DC converter connected between the AFE converter and the UC module,
as well as measuring and data-acquisition systems. The devices in the test setup
were NXA 0460 5 (Vacon Plc.) for AC/DC conversion, MSc200DCDC750 (MSc
Electronics Plc.) for DC-DC conversion, BMOD0018 P390 (17.8 F, 390 V, Maxwell
Technologies Inc.) as the UC module, Norma D6100 (LEM) as the measuring
device with 6 to 300 A current shunts, and dSpace MicroAutoBox 1401/1501/1507
(MABX) as the data-acquisition and control hardware.
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Figure 10: The active UC buffered electric powertrain with the ICE. Powertrain
variables and principles of plant models.
The identification of the VSDG plant model speed control responses can be
performed with the test setup presented in Fig. 13. The test setup consists of
VSDG, diode rectifier, DC-DC converter, and load resistor with parallel capacitors.
The VSDG in the test setup was 49 DTAG (AGCO Corporation Plc.) with the
custom made axial flux permanent magnet machine PMG120-2000 (Axco-Motors
Plc.) as a generator.
The validation test setup (utilized in Publication III) for the DC-DC converter
and the UC plant models, and for the supervisory control algorithms is presented in
Fig. 14. The tractive electric drive in the test setup consisted of a Siemens ELFA
1PV5135-4WS28 traction electric machine and a G650 D44/170/170 M7-1 inverter.
The braking electric drive consisted of the same asynchronous machine model, and
an industrial frequency converter (Vacon Plc.) with a braking resistor. The AFE
converter NXA 0460 5 (Vacon Plc.) regulated the DC-link voltage around 650 V
and supplied the primary source current iAFE. The DC-DC converter between the
DC link and the UC module had a continuous current (ies) of 120 A, maximum
current of 200 A and minimum current of 20 A in the ES voltage level.
Fig. 15 presents the full series-hybrid powertrain system test setup which is not
considered in this thesis.
3.2 Basis of Plant Models
The target of the plant models is to envisage mean values of powertrain variables
with 20 Hz-bandwidth. The targeted bandwidth is in the range of a DC-link volt-
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Figure 12: The test setup for the DC-DC converter and the ultracapacitor module
identification.
age controller, whereas a chosen time-step for simulator is in the range of current-
controllers within such a system. Furthermore, the designed sub-system models
should be ‘fast’ to provide efficient rapid control prototyping of an energy man-
agement [51]. In this context, the word ‘fast’ refers to system models which finish
a whole driving cycle in a time-period of 5 to 30 minutes rather than within sev-
eral hours to days. Therefore, the backward functional modeling from the imposed
load cycle towards the primary energy sources power delivery is appropriate, which
is computationally lighter, for example, than the forward modeling method. The
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backward model approach is also known as the wheel-to-engine and the front-to-
rear modeling [1]. The differences to the forward modeling are that the backward
model lacks “Driver model”, “Environmental model”, “Tire interface model”, and
“Traction control algorithms”, as the starting point of the proposed model is the
load cycle of the existing NRMM.
In the proposed modeling approach, different descriptions for plant models are
used, such as static, quasi-static, dynamic, and functional. In this context, the
static model or a part of a model refers to one or two dimensional mappings of sub-
system behavior. Thus, efficiency mapping of an electric drive or FC output voltage
behavior [ufc = f(ifc)] are considered as static models. The quasi-static definition
is used when a model uses a static mapping with some dynamics description, but
25
DC
DC
EMuDC
Ultracapacitor
pack
iLOAD
ucR
ucu iuc
ucC
iUC
iAFE
AC
DC
AC
DC
AFE
nEM
τEM
mains
~440VEM DC
AC
TractiveElectricDrive BrakingElectricDriveVSDG
GDieselEngine
τload
τe
nVSDG
DC
AC
AFE
Figure 15: The full UC buffered diesel-electric series-hybrid powertrain Hardware-
in-the-Loop test setup.
does not influence the up-stream of calculation direction, i.e., a quasi-static model
assumes backward calculation and a dynamic model forward calculation, respectively
[50, p. 70]. In the proposed approach, there are quasi-static characteristics in
several sub-system models, such as in load power, fuel consumption, and energy
losses calculations. The dynamic definition is used when the model influences the
up-stream of calculation direction, and thus, is considered as a sub-model of forward
calculation [50, p. 70]. This is the case, for instance, with a DC-DC converter model,
since it defines an energy storage current, whereas the ES state affects its operation.
In this context, the dynamic definition does not consider the accuracy of transients.
Eventually, the functional definition is used when a plant model primarily imitates
operation of a sub-model, as when an EM is controllable with an inverter.
The system-level simulation speed depends much on the chosen simulation time-
step. The time-step of simulations is determined by the fastest dynamically modelled
variable, such that the time-step should be smaller than the time-constant of such
variable. In this study, the shortest modeled time-constant is τAFE, which refers to
the AFE converter current response time. Therefore, the length of the simulation
time-step, i.e. tk − tk−1, is chosen as 1 ms, where tk refers to a discrete-time sample
with an index k. Furthermore, the time-step should be a multiple of one in order to
operate with both even and odd time-step long discrete operations, and thus the next
possible option for the time-step is 10 ms which is already too long. In addition, the
time-step selection gives space for the modeling functional characteristics of plant
models.
3.3 Electric Drive Plant Model
In the presented modeling approach, the static electric drive plant model is used if
the starting point for simulations is the mechanical load (pmech). Conversely, it is
not used if the starting point is the electrical load (pLOAD).
Fig. 16 presents a measured one-quadrant efficiency map of an electric drive [47]
for the proposed static electric drive plant model. A measured efficiency map is
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used to scale mechanical load to electrical. The efficiency map describes the input
and output power relation of an electric drive as functions of speed and torque.
This figure illustrates that combined efficiency of an inverter and a traction electric
machine, in this case, reaches a 92 % efficiency in a certain operation region.
Realization of the load power scaling can be expressed, as
pLOAD =
 pmech
/
ηED(nEM, τEM), if pmech > 0,
pmech · ηED(nEM, τEM), if pmech < 0,
(1)
where power is defined as positive towards the load.
However, the presented one-quadrant efficiency map is well defined only for the
motoring mode operation, and mirroring the efficiency map to the generator mode
operation affects the load scaling accuracy [50, p. 75]. Thus, a two-quadrant effi-
ciency mapping of an electric drive is a more convenient choice for the static electric
drive plant model.
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Figure 16: Combined measured efficiency map of Siemens ELFA 1PV5135-4WS28
traction electric machine and G650 D44/170/170 M7-1 inverter.
Furthermore, energy losses on the electric drive (Elosses ED) can be expressed, as
Elosses ED =
∫ t
0
(1− ηED) · pmech · dt. (2)
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In the dynamic modeling approach [52], an electric drive plant model is realized
with inverter efficiency mapping, and the dynamic equations of a specific traction
motor. However, dynamic modeling of a traction motor is not essential, if the
powertrain design concentrates on power transfer from a source to loads, and does
not concentrate on the traction control. Furthermore, dynamic modeling of different
electric motor types have been introduced in [50, pp. 76-90].
Functionalities of the Electric Drive Plant Model
It is known that the active load can behave as negative resistance. This behavior, in
a large-signal meaning, may cause the DC-link voltage to collapse if the load power
is not derated. The collapse of the DC-link voltage occurs due to saturated power
transfer from energy sources or storages via DC-DC converters to the DC link. The
effect can be avoided with the load power deration, which can be expressed, as
pact(tk) =

pref(tk), if uDC(tk−1) ≥ U lowDC ,
pref(tk) · f(uDC(tk−1)), if U lowDC > uDC(tk−1) > UminDC ,
0, if UminDC ≥ uDC(tk−1).
(3)
In Eq. 3, pact refers to the actual load power, and pref to the load power reference.
In addition, U lowDC and U
min
DC refer to a region where f(uDC) changes e.g. linearly from
1 to 0. Furthermore, such a deration function can be expressed, as
f(uDC) = min
[
1,max
(
0,
(
uDC − UminDC
)/ (
U lowDC − UminDC
) )]
. (4)
However, utilization of the proposed functionality in the ED sub-system, changes
the approach from static to functional quasi-static in sense of the sub-system input
interface and behavior. [50, pp. 70-76]
3.4 DC-DC Converter Plant Model
This section proposes a modeling approach for a non-isolated multiphase interleaved
bi-directional DC-DC converter, as in [7], and [47].
The power electronic converters typically achieve very high efficiency values in
their best operation area. In this context, a very high efficiency refers to a power
conversion with efficiency in the range of 97 % to 98 %. On the contrary, the effi-
ciency of the PE converter may decrease remarkably to between 50 % and 90 %, if an
inappropriate operation area is used. This thesis proposes efficiency mapping and a
functional description approach for the DC-DC converter modeling, due to the limi-
tations of the chosen simulation time-step (1 ms), and the need for exact full-system
efficiency comparisons. The chosen simulation time-step restricts power semiconduc-
tor switching events, since modeling of the shortest semiconductor switching periods
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would decrease the simulation time-step to a range of 10 µs. Furthermore, a shorter
time-step would make a system model unnecessarily complex, and would lead to
slower full driving cycle simulation times whose total lengths are in the range of 100
s to several 1000 s.
The efficiency of the DC-DC converter depends on the energy storage current
(ies), and the voltage conversion ratio (uratio) which is defined, as
uratio = ues/uDC. (5)
An example of the efficiency mapping of the DC-DC converter during charge
mode is presented in Publication IV, and data is given on Appendix A.
The thesis proposes the first-order response function as an approximation of the
DC-DC converter current control loop. A comparison of the first-order response
behavior to a PI-controlled response is presented in Eq. 6 and in Fig. 17. Further-
more, a PI-controller tuning method and parameters for a comparison are given in
Eqs. 7-9, and in Table 1.
ies
ies,ref
=
1
τDC/DC · s + 1 ≈
KP · s +KI
L · s2 + (KP + rL + res) · s +KI . (6)
In Eq. 6, KP refers to a proportional coefficient and KI to an integral coefficient
of the current PI-controller. In addition, L refers to a choke inductance and rL
to a choke resistance of a DC-DC converter, and res refers to an ES resistance,
respectively.
In the comparison the PI-controller parameters are defined, as
KP = αc · L, (7)
KI = α
2
c · L, (8)
where
αc = 2 · pi · fc. (9)
In Eqs. 7-9, αc refers to the current-controller bandwidth in angular frequency
[rad/s], and fc to the bandwidth in frequency [1/s].
Table 1: Parameters for comparison of responses.
τDC/DC fc L rL res
[ms] [1/s] [mH] [mΩ] [mΩ]
10.0 20.0 1.0 13.5a 70.0b
a An approximate for a choke in low-frequencies. b Bases on 1.1 Ω/F for UCs, 500 V
potential, and to the datasheet of BMOD0063 P125 (Maxwell Technologies Inc.).
Fig. 17 illustrates errors between the first-order response and the PI-controlled
response. A cumulative error (eΣ) between the first-order response and the PI-
controlled case is in range of 0.5 As for the 100 A current transient. For example,
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Figure 17: The comparison of the first-order response behavior to the PI-controlled
response.
such an error in a transient occurring once in a time-period t would cause a total
error to energy transfer, as
∆Ees
Ees
≈ eΣ
ies · t · 100 [%]. (10)
Eq. 10 results to the total error value between 0.05 % to 5.0 % when t is changed
from 0.1 s to 10 s. Thus, the usage of the DC-DC converter highly affects the energy
transfer accuracy of the proposed modeling method, in other words, an insignificant
error occurs when a converter controls continuously constant powers. Conversely,
significant error occurs if the converter transfers transient loads. However, internal
controller parameters are not always known by system integrators, and therefore an
approximation needs to be made with the described possible existence of an error.
Other essential functionalities of the plant model are minimum and maximum
current limits (Imin, Imax), sub-system level proportional voltage controller, and
conduction event of an upper anti-parallel diode.
The proposed approach for the DC-DC converter plant model can be expressed,
as
iref = D · i|ref|, when Imin ≤ |D| · i|ref| ≤ Imax, (11)
ies = ibat = iuc = ifc = iref/(τDC/DC · s + 1), (12)
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iES(tk) =
{
ies(tk) · ηboost(ies(tk−1), uratio(tk−1)) · uratio(tk−1), while discharging,
ies(tk)/ηbuck(ies(tk−1), uratio(tk−1)) · uratio(tk−1), while charging.
(13)
In Eq. 11, D (+1, 0, or −1) refers to current direction of the DC-DC converter.
Note that (tk − tk−1) << τDC/DC.
The modeling approach neglects the exact behavior of converter dynamics, and
therefore, it is unclear whether “dynamic model” or “quasi-static model” should be
used. However, as described in [50, p. 70], the proposed approach fulfils dynamic
description in sense of the interface and influence on adjacent components in the
system level modeling.
Furthermore, energy losses on the DC-DC converter (Elosses DC/DC) can be ex-
pressed, as
Elosses DC/DC =
∫ t
0
(1− ηDC/DC) · ues · ies · dt. (14)
Discussions of Accuracies in DC-DC Converter Efficiency Mapping
The accuracy of the measured efficiency mapping was first discussed in Publica-
tion IV. In efficiency measurements, the utilized power analyzer was Norma D6100
(LEM) with its triaxial shunts for 6 to 300 A current measurements. The measuring
accuracy for voltage channels in the frequency range of 0 to 15 Hz are ± (0.15 + 0.03)
% for reading and range, respectively. The measuring accuracy for current shunts
is ± 0.1 % within a frequency range of 0 to 100 kHz. Furthermore, measurements
were taken at 70 kHz sampling frequency, and averaged over 1 s time-period. Table
2 illustrates voltage measurement accuracies depending on the operation point of an
energy storage system.
Table 2: Voltage measurement maximum errors in different operation points.
ues ues ues ues uDC uDC uDC uDC
reading range error error reading range error error
[V] [V] [V] [%] [V] [V] [V] [%]
200 340 ± 0.402 ± 0.201 650 670 ± 1.176 ± 0.181
380 670 ± 0.771 ± 0.203
The maximum error of an efficiency measurement ∆η can be calculated with the
partial differential equation, as
∆η =
∣∣∣∣ δηδuout
∣∣∣∣∆uout + ∣∣∣∣ δηδiout
∣∣∣∣∆iout + ∣∣∣∣ δηδuin
∣∣∣∣∆uin + ∣∣∣∣ δηδiin
∣∣∣∣∆iin, (15)
where
η =
uout · iout
uin · iin ,
thus
∆η =
iout
uin · iin ∆uout +
uout
uin · iin ∆iout +
uout · iout
u2in · iin
∆uin +
uout · iout
uin · i2in
∆iin.
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Table 3 illustrates efficiency measurement accuracies on four operation points. This
table utilizes the measured values of current and voltage, and concludes that the
total maximum error of the efficiency mapping is in the range ± 0.47. . . 0.52 %. The
total maximum error is a value for a case when all error components cumulate the
same direction.
Table 3: Efficiency measurement maximum errors in different operation points.
uout iout uin iin ∆η
[V] [A] [V] [A] [%]
254.8 29.2 650.4 12.2 ± 0.505
379.7 29.57 650.4 17.99 ±0.467
256.7 194.4 650.3 79.5 ±0.519
369.3 194.6 650.2 113.3 ± 0.478
In practise, an efficiency mapping needs a look-up table with a high number of
cells, and in this case the introduced efficiency mapping needs a look-up table with
531 cells as for data in Appendix A. Thus, it is common to fit a polynomial function
to represent such a data-set as the efficiency mapping. However, the measured
efficiency mapping is non-linear, and therefore, introduction of a polynomial function
for the efficiency surface creates an RMS error. The introduced error is dependent
on the degree of a polynomial function which can be expressed e.g. for the DC-DC
converter efficiency, as
η(ies, uratio) = p00 + p10 · ies + p01 · uratio
+p20 · i2es + p11 · ies · uratio + p02 · u2ratio (16)
+ . . .
+pi0 · iies + p(i−1)(j−1) · ii−1es · uj−1ratio + p(i−1)(j−2) · ii−1es · uj−2ratio + . . .
. . .+ p(i−2)(j−1) · ii−2es · uj−1ratio + p0j · ujratio.
In Eq. 16, pij refers to a coefficient of a polynomial function, and indexes i and j
define the degree of the surface function.
Table 4 illustrates decrease of an RMS error, and increase of a coefficient number,
as functions of a surface polynomial degree numbers.
Furthermore, introduced RMS errors change if a polynomial function is defined
only for a bounded region where in most operation of a converter occurs. These
errors are illustrated in Table 5 within voltage conversion range of 0.3. . .0.59.
Tables 4 and 5 highlight that an introduced RMS error by a polynomial function
is 0.41 % if the whole efficiency surface is estimated. However, an error decreases to
0.078 % if only suitable parts of the mapping are estimated. These values refer to
cases with 18 and 12 coefficients for definition of a polynomial function.
To conclude, an efficiency mapping, if measured only once, has the total maxi-
mum error of ± 0.47. . . 0.52 % due to principles of qualitative analysis. In practise,
the total error limits would decrease if efficiency measurements would be repeated
and quantitative analysis utilized. Furthermore, if the whole efficiency mapping
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Table 4: Polynomial fittings for the efficiency surface within uratio of 0.07 . . . 0.59.
RMS error [%] coefficients i j
1.27 3 1 1
1.15 5 2 1
0.92 5 1 2
0.76 6 2 2
0.60 9 2 3
0.55 12 2 4
0.53 15 2 5
0.44 14 3 4
0.41 18 3 5
0.39 20 4 5
0.39 21 5 5
Table 5: Polynomial fittings for the efficiency surface within uratio of 0.3 . . . 0.59.
RMS error [%] coefficients i j
0.59 3 1 1
0.33 5 2 1
0.59 5 1 2
0.33 6 2 2
0.16 9 3 2
0.33 9 2 3
0.078 12 4 2
0.073 15 5 2
would be estimated with a surface polynomial function, then the total maximum
error would increase, for instance, to ± 0.9 %, as stated in Table 4, or to ± 0.55. . .0.6
% (Table 5) if only a bounded area of the mapping is estimated. Thus, in this phase
of research it is convenient to use only look-up table based efficiency mapping for
the plant model of a DC-DC converter; and if measurements of a DC-DC converter
efficiency would be made quantitatively, then, for instance, a surface polynomial
function for suitable parts of the mapping could be considered as an option to result
in a total maximum error e.g. in the range of ± 0.1 %.
In addition, the average of RMS errors between charge and discharge modes in a
specific operation point is ± 0.3 %, when the efficiency data is compared in the range
(ies, uratio) = (30 A. . . 196 A, 0.2 . . . 0.6), and ± 0.2 % when uratio = 0.3. . .0.6. Thus,
for more accurate energy transfer calculations, there is a need for different mappings
of charge and discharge modes and quantitative analysis of efficiency measurements.
Control Interface of the DC-DC Converter Plant Model
The objective of the DC-DC converter is to control the current to the DC link
(iES). However, energy storages have operation restrictions such as a charge for
ultracapacitors and batteries, and speed for flywheels.
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Specifically for ultracapacitors, there is a need for maximum and minimum volt-
age operation limits to avoid over-voltage, operation in unsuitable efficiency, and
limited power areas. Therefore, a deration is introduced as a limitation for system
control to prevent prohibited operation. The deration e.g. for the ultracapacitor
pack, based on the voltage uuc, can be expressed, as
i|ref| =
{
i|ref′| · f1(uuc), while discharging,
i|ref′| · f2(uuc), while charging. (17)
Functions f1(uuc) and f2(uuc) are piecewise determined, for instance, as
f1(uuc) = min
[
1,max
(
0,
(
uuc − Uminuc
)/ (
U lowuc − Uminuc
) )]
, (18)
f2(uuc) = min
[
1,max
(
0, (Umaxuc − uuc)
/(
Umaxuc − Uhighuc
) )]
. (19)
In Eqs. 18 and 19, Umaxuc and U
min
uc refer to the maximum and minimum voltages of
the UC pack, Uhighuc and U
low
uc refer to the ES current limitation threshold high and
low voltages, respectively.
Furthermore, a static inversion of the DC-DC converter is needed in order to
achieve the objective to control the DC-link current reference iES′ . The static inver-
sion can be expressed, as
i|ref′| =
{ |iES′|/(uratio · η(i|ref|, uratio)), while discharging,
|iES′ | · η(i|ref|, uratio)/uratio, while charging. (20)
Eventually, the current control direction D can be concluded based on a sign of the
iES′ .
However, the static inversion is not necessarily suitable for the low capacitance in-
termediate circuits due to the risk of overcompensation. That is the case−specifically,
in the proposed indirect primary source power buffering (Section 3.11), since over-
compensation confuses the DC-link voltage PI-regulator of the AFE converter. Fig.
18 illustrates the cause for the problem. For instance, when iES is overcompensated,
then uDC becomes higher than its reference, and the AFE converter PI-regulator
tries to compensate uDC by transferring power to the primary source.
3.5 Ultracapacitor Pack Plant Model
This section proposes basic approaches for the ultracapacitor pack plant model.
In the basic approaches, the UC pack can be modeled with either constant or
variable capacitance, and equivalent series resistance. The mapping of a variable
capacitance, as functions of current and voltage, is presented in Publication IV.
Furthermore, this study considers Ruc as a constant quantity, although it is depen-
dent on temperature and voltage. The advantage of the proposed approaches is
computational simplicity.
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Figure 18: The AFE converter PI-regulator sign changes if iES is overcompensated.
Furthermore, there exists several electric circuit models for more accurate model-
ing of an ultracapacitor behavior. However, such models need parameter extraction
from experimental tests, and might affect system-level simulation time-steps from
operating as intended. For instance, three basic electric circuit models are: the RC
parallel branch model, the RC transmission line model, and the RC series-parallel
branch model. Fig. 19 illustrates different types of UC electric circuit models. [53]
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Figure 19: (a) Simple ultracapacitor model, (b) RC parallel branch model, (c) RC
transmission line model, (d) RC series-parallel branches model.
In the basic dynamic approach, the UC pack output voltage can be expressed,
as
uuc =
1
Cuc
∫ t
0
iucdt−Ruciuc + Uuc initial. (21)
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The variable capacitance (as in Publication IV) can be expressed by a fitted
polynomial function, as
Cuc(iuc, uuc) = p00 + p10iuc + p01uuc. (22)
The polynomial fitting introduces an RMS error of 0.34 F with coefficients: p00 =
14.42, p10 = −0.006072, and p01 = 0.01938, for a BMOD0018 P390 (17.8 F, 390 V,
Maxwell Technologies Inc.) UC module.
Energy losses on the UC pack can be expressed, as
Elosses uc = Ruc
∫ t
0
i2ucdt. (23)
Furthermore, energy content for the weight, size, and cost calculations of the UC
pack (Euc) is calculated as,
Euc = (1/2) · Cuc · U2max, (24)
where Umax refers to the maximum voltage of the ultracapacitor pack.
The local efficiency [50, p. 114] has been measured in Publication IV for the
static modeling of the UC based ES systems. In this context, the static model refers
to efficiency mapping, for instance, within a look-up table.
Capacitor Plant Model
Furthermore, the low-capacitance intermediate circuit voltage, i.e. the DC-link volt-
age, can be expressed, as
uDC =
1
CDC
∫ t
0
i∑PCCdt−RDCi∑PCC + UDC initial, (25)
where CDC refers to the DC-link capacitance, i∑PCC refers to the sum current on
a point of common coupling, and RDC refers to the equivalent series resistance of
DC-link capacitors.
3.6 Battery Pack Plant Model
The modeling of a battery is a very complex procedure and requires a thorough
knowledge of electro-chemistry. However, the simulation of complete systems, as
the hybrid vehicle powertrains, does not require a high level of precision in electro-
chemical phenomenons. Therefore, a generic Li-ion battery model, proposed in
[54]−[55], with dynamic behavior was utilized in this research.
In general, there exist three basic types of battery models: experimental, electro-
chemical, and electric circuit models. However, only electric circuit models are useful
to represent electrical characteristics of batteries. The two basic electric circuit
models are: a voltage source in series with an internal resistance, comparable to
Fig. 19 (a), and an open-circuit voltage in series with resistance and parallel RC
circuits, as in Fig. 19 (d). The second case of models needs a parameter extraction
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based on experiments, and thus, in the first phase of the powertrain design the
generic battery model derived from the first case is more suitable.
The main feature of the generic battery model is that parameters can be ex-
tracted from a manufacturer’s discharge curve. On the other hand, the model has
several assumptions, which are: the internal resistance is supposed to be constant,
charge characteristics are assumed to be the same as for discharge, capacity of the
battery is not dependent on current amplitude, temperature has no effect, no self-
discharge, and no memory effect [54].
In the generic battery modeling method, the Li-ion battery pack discharge char-
acteristics (i∗ > 0) is modeled, as
ubat(it, i
∗, ibat) = U0 −K Q
Q− iti
∗ −K Q
Q− itit+ Ae
−B·it −Rbat · ibat, (26)
and charge characteristics (i∗ < 0), as
ubat(it, i
∗, ibat) = U0 −K Q
it+ 0.1 ·Qi
∗ −K Q
Q− itit+ Ae
−B·it −Rbat · ibat. (27)
In Eqs. 26 and 27, ubat is non-linear output voltage (V), it is extracted capacity
(Ah), i∗ is low-frequency current dynamics (A), ibat is battery current (A), U0 is the
maximum voltage value of the linear area (V), K is polarization constant (Ah−1), Q
is maximum battery capacity (Ah), A is exponential voltage (V), B is exponential
capacity (Ah−1), and Rbat is constant ESR (Ω) of the battery pack.
The battery internal resistance depends on several factors, such as state-of-
charge, temperature, and age of the battery. Thus, manufacturer data-sheets do
not always give any value for battery resistances. For such cases, the study [54]
proposes use of an experiment based estimate value for the battery resistance. The
proposed resistance is constant and represents the correct resistance in only the mea-
sured operation point, and thus includes an error in every other operation point. The
battery resistance can be calculated as,
Rbat = (1− ηbat)Unom
C
, (28)
where ηbat refers to the battery efficiency with the nominal battery current C, and
Unom is the minimum voltage of the battery packs linear voltage area. This study
uses efficiency of 99 % for high-energy batteries. In other words, that means 1 %
power losses on the battery pack with the 1C value for the both charge and discharge
conditions. In case of a high power battery, the continuous current instead of the
nominal current 1C should be used, e.g. 4C. This assumes thermal conduct of power
losses for the high power battery pack to be equal with the high energy battery pack.
Energy losses on the battery pack can be expressed, as
Elosses bat = Rbat
∫ t
0
i2batdt. (29)
Energy content (Ebat) for the weight, size, and cost calculations of the battery
pack is calculated, as
Ebat =
U0 + Unom
2
Q. (30)
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3.7 Active Front-end Converter and Generator Plant Model
This section proposes a functional quasi-static approach for an active front-end con-
verter and generator combination plant model—specifically, for series-hybrid pow-
ertrains with a low-capacitance intermediate circuit. A different type of modeling
approach comes into question depending on the topology of the hybrid system. For
instance, the article [52] proposes a functional method in which converter output
current is empirically defined based on speed, field current, and output voltage of a
generator, and by field current first-order dynamics, for a hybrid powertrain with a
passive battery in an intermediate circuit.
The active-front-end converter, i.e. an inverter in a voltage control mode, and
generator sub-system model can be realized with the efficiency mapping in the
torque-speed plane, and with the DC-link voltage PI-regulator which controls the
DC current to the intermediate circuit. The energy losses of power conversion from
the DC link to the engine shaft are taken into consideration as in Eqs. 1 and 2, and
Fig. 16 presents. The DC-link voltage regulator type, and parameter values, affect
the realization of power transfer from the primary source.
In general, the plant model contains the DC-link voltage PI-regulator, and feed-
forward value (if−f) which is the difference between the load current, and the energy
storage system current, as if−f = iLOAD − iES. Furthermore, the error term (eu) for
the PI-regulator is defined, as eu = uDCref − uDC.
The current reference before the limitations (iref′) is defined, as
iref′(tk) = if−f +KPeu +KI
∫ t
0
[eu +Kaw(iref(tk−1)− iref′(tk−1))] dt, (31)
where tk refers to time index, KP and KI are PI-regulator coefficients, and Kaw is
the anti-windup coefficient.
The current reference iref′ must be limited to prevent stall and overspeed of the
engine. Therefore, the current reference with the maximum and minimum limita-
tions, is defined as
iref(tk) =

imax(nG), if iref′(tk) ≥ imax(nG),
iref′(tk), if imax(nG) > iref′(tk) > imin(nG),
imin(nG), if imin(nG) ≥ iref′(tk),
(32)
where imax(nG) refers to a dynamic maximum current limit, and imin(nG) to a dy-
namic minimum current limit, respectively.
The study proposes a definition for the dynamic maximum current limit, as
imax(nG) = ~Imax(nG)− P (nGref − nG). (33)
The dynamic maximum current limit consist of the static maximum DC current
vector [~Imax(nG)] which is derived from the maximum power curve of the engine
[Pe(ne)]. The load limitation decreases proportionally if the generator speed (nG)
fails to meet the reference (nGref ). The purpose of the dynamic maximum current
limit is to prevent stalling of the engine.
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The dynamic minimum current limit [imin(nG)] is proposed to be defined, as
imin(nG) = P (nG − nGmax), (34)
where nGmax refers to the maximum allowed speed, and the P-regulator limits the
regenerative load to the engine shaft, and thus, prevents overspeed. The dynamic
minimum current limit can have a value between zero to Imin which is a negative
value, and derived based on the maximum parasitic shaft load. It is used to enable
the regenerative braking to the engine shaft when the DC-link voltage arises over
the reference, and the engine speed is low enough for the regenerative braking.
Eventually, the DC-link current of the AFE converter is defined, as
iAFE = iref/(τAFE · s + 1), (35)
where τAFE refers to the current control delay time-constant of the AFE-converter-
generator combination. Therefore, the load torque τ load for the engine can be derived
from the DC-link current (iAFE), as
τ load =
{
iAFE · uDC/(ηED(nG, τ req) · ωG), if iAFE ≥ 0,
iAFE · uDC · ηED(nG, τ req)/ωG, if 0 > iAFE. (36)
In Eq. 36, ηED(nG, τ req) refers to the efficiency mapping of the electric drive, which
consists of the permanent magnet machine and the AFE converter. ωG refers to
the generator angular speed, and τ req refers to the requested torque, as τ req =
iAFE · uDC/ωG.
Energy losses on the AFE-converter-generator combination (Elosses AFE gen) can
be calculated, as
Elosses AFE gen =
∫ t
0
(1− ηED) · uDC · iAFE · dt. (37)
3.8 Diesel Engine Plant Model
The diesel engine modeling is an essential part of the powertrain design. The engine
modeling can be very complicated due to the complexity and various subsystems
of an engine [52]. However, more generalized fuel consumption mapping based en-
gine models exist in order to decrease the amount of model parameters and their
complexity.
In 1986, Tsai and Goyal presented a fuel consumption mapping based quasi-
linear dynamic diesel engine model, which is suitable for testing the adequacy of its
controller under all operating conditions [56]. Such a model is based on knowledge
of output torque as functions of fuel injection and speed.
Although, the quasi-linear dynamic model is known and its construction is rel-
atively simple, more simplified first and second-order torque response functions are
proposed for modeling of diesel engine dynamics. In such cases, fuel consumption is
derived based on experimental mapping of fuel consumption with different torque
and speed [49]. The advantage of the latest model is that torque response and
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fuel consumption mapping can be experimentally tested for any engine, with no
knowledge needed of fuel injection dependency to output torque.
However, as this study has not achieved any experimental data of fuel con-
sumption or emissions, use is made of a modified model based on the proposal and
parameters presented by Tsai and Goyal [56].
In general, the diesel engine plant model includes Newton’s second law for rota-
tional dynamics, as
ωVSDG =
1
Jtot
∫ t
0
(τ e − τ load) · dt+ ωVSDG initial. (38)
In Eq. 38, Jtot refers to the inertia of the VSDG shaft, which includes both the
inertia of the diesel engine and generator. The ωVSDG refers to the angular speed of
the variable speed diesel generator-set.
The VSDG is controlled with the speed reference and therefore, the sub-system
PI-controller for speed is defined, as
en = nVSDG ref − nVSDG, (39)
m˙′ = KP · en +KI
∫ t
0
en · dt, (40)
m˙ =

~Mmax(nVSDG), if m˙
′ ≥ ~Mmax(nVSDG),
m˙′, if ~Mmax(nVSDG) > m˙′ > 0,
0, if 0 ≥ m˙′.
(41)
In Eqs. 39-41, en refers to the error term of the speed reference and the actual value,
m˙′ refers to the unlimited fuel injection output value of the speed PI-controller, and
~Mmax(nVSDG) refers to the maximum fuel quantity vector as a function of the VSDG
speed. The ~Mmax(nVSDG) defines the maximum torque curve for the diesel engine.
The output m˙ is the actual fuel quantity value [mg/stroke]. Furthermore, the model
uses the speed reference change rate limiter.
The fuel consumption m of the engine can be expressed, as
m = K
∫ t
0
nVSDG · m˙ · dt, (42)
where the coefficient K is piston amount / stroke cycle.
The engine torque follows a nonlinear torque function of injected fuel and engine
speed with a time delay which varies in length by the time between successive engine
firings. The torque response delay for the four-stroke cycle, the six-cylinder high
speed engine, can be expressed, as
τ e =
τmap
0.65 · τe · s + 1 , (43)
where the time-constant τe is given, as
τe = 20/nVSDG. (44)
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Fig. 20 presents the torque data (τmap) for the turbocharged diesel engine as a
mapping of speed, and fuel quantity per stroke. The torque mapping presented in
this figure refers to the brake torque which is the indicated torque minus the parasitic
losses of the water pump, fuel pump, oil pump, valve train, air filter, muﬄer, piston
rings, and crank bearings [56].
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Figure 20: The torque data as a mapping of fuel quantity and speed of the engine.
The torque mapping can be expressed with a polynomial function of speed and
fuel quantity. The surface fitting can be done with a surface fitting tool to achieve
coefficients for the surface function, as
τmap(nVSDG, m˙) = p00 + p10 · nVSDG + p01 · m˙
+p20 · n2VSDG + p11 · nVSDG · m˙+ p02 · m˙2 (45)
+p30 · n3VSDG + p21 · n2VSDG · m˙+ p12 · nVSDG · m˙2.
The coefficients of Eq. 45 are presented in Table 6. The RMS error of the surface
function respect to data is 13.4 Nm.
3.9 Fuel Cell Source Plant Model
This study proposes use of a static ui -curve model for a FC-stack. The FC-stack
is modeled as a current-dependent voltage source, hence ufc = f(ifc), where ufc is
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Table 6: Coefficients of the torque data surface polynomial function.
Coefficients Value
p00 −39.28
p10 −0.06109
p01 6.34
p20 −1.092e−5
p11 5.736e
−3
p02 −3.565e−3
p30 6.791e
−9
p21 −1.602e−6
p12 −7.244e−6
the output voltage of the FC-stack, and ifc is the FC-stack current, as well as the
low-voltage side current of the boost converter. The fuel cell stack ui -curve imitates
the output voltage, i.e., the polarization curve of a typical commercial fuel cell
stack, which is usually given by a FC manufacturer. The easiest way to imitate the
polarization curve is with a look-up table.
Furthermore, hydrogen and oxygen consumption calculation is needed for the
powertrain design. The rates of conversion (utilizations) of hydrogen (ufH2) and
oxygen (ufO2) are determined in [55], as
ufH2 =
nrH2
ninH2
=
R · T ·N · ifc
Z · F · Pfuel · Vlpm(fuel) · x% , (46)
ufO2 =
nrO2
ninO2
=
R · T ·N · ifc
2 · Z · F · Pair · Vlpm(air) · y% . (47)
In the above equations, nrH2 is relieved hydrogen, and n
in
H2
hydrogen input, as well as
nrO2 refers to relieved air, and n
in
O2
to air input, respectively. In addition, R is the gas
constant and equals to 8.3145 J/(mol·K), T is operation temperature (K), and N
is number of cells. Parameter Z refers to the number of moving electrons per mole
of fuel, i.e., 2 for a single hydrogen−oxygen fuel cell reaction (H2 + O2 → H2O),
but for multiple reactions it becomes an experimental decimal value (e.g. 2.967 for
PEM FC - 6 kW - 45 V in SimulinkTM models [55]). Furthermore, F is the Faraday
constant and equals to 96485 A·s/mol, Pfuel is fuel absolute supply pressure (atm),
Pair is air absolute supply pressure (atm), Vlpm(fuel) is fuel flow rate (l/min), Vlpm(air)
is air flow rate (l/min), x is percentage of hydrogen in the fuel, and y is percentage
of oxygen in the oxidant.
Dynamic modeling of a FC system have been discussed in articles [57], and [58].
The article [57] proposes a dynamic model extended by a static current-voltage
description with temperature dependence. The proposed model captures the first-
order physical phenomenas, and furthermore, it can be identified from electrical
terminal measurements. The article [58] discusses in depth the modeling of a FC-
system in general, and proposes a model which is targeted at the development of the
PEM FC real-time control systems. However, such dynamic models are considered
too complex for energy management and system design of the entire powertrain.
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3.10 Brake Resistor and Chopper Plant Model
This section proposes a functional modeling approach of a brake resistor and chop-
per, i.e. a braking unit, in a low capacitance intermediate circuit. Based on the
knowledge attained, modeling of a braking-unit in vehicle powertrain systems has
not been recently discussed in the literature. However, other possibilities to model
the braking-unit would be electrical circuit modeling with either ideal or non-ideal
power semiconductor switches, or also by functionally with a constant voltage op-
eration limit.
In any case, the braking-unit modeling method should not affect a system level
simulation time-step, and thus, electrical circuit modeling is unviable. A simpler
method with only a constant voltage operation limit would assume unlimited power
capabilities in a braking-unit, and furthermore, it adds a computational disconti-
nuity due to a state change in intermediate circuit variable. Thus, the proposed
functional modeling method can be considered to be the most suitable method.
The braking unit is used to prevent excessive increase of voltage in low capaci-
tance intermediate circuits. Functionality of the braking unit can be described, e.g.
as
iBRK(tk) =
{
KP · eu(tk−1) +KI
∫ t
0
eu(tk−1) · dt, if uDC(tk−1) > UbrakeDC
0, if UbrakeDC ≥ uDC(tk−1).
(48)
In Eq. 48, iBRK refers to braking unit current, eu refers to voltage error between
UbrakeDC and uDC, as well as KP and KI are due to functional modeling of a braking
unit. Furthermore, a power limitation saturates excessive values of iBRK.
3.11 Energy Management Algorithm in the Hybrid Control
Mode Validation
This section proposes an indirect primary source power buffering method for use in
the active ultracapacitor buffered diesel series-hybrid powertrains. The method was
used for validations of plant models in Publication III. The indirect power buffering,
in this context, means the low capacitance intermediate circuit regulation with the
AFE converter, while the DC-DC converter filters the load. On the contrary, the
direct power buffering refers to the low capacitance intermediate circuit regulation
with the DC-DC converter, while the primary source is controlled based on the
averaged load.
A scheme of the proposed series-hybrid powertrain energy management is pre-
sented in Fig. 21. The control signals and actual values are the speed reference
(nref) for the VSDG electronic control unit, the DC-link voltage reference for the
AFE converter (uDC ref), the actual UC pack voltage (uuc), the actual DC-link volt-
age (uDC), the current reference (i|ref|) and direction (D) for the DC-DC converter,
as well as the actual load power (pLOAD).
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Figure 21: The energy management hierarchy of the series-hybrid powertrain with
the ultracapacitor pack for power buffering.
The Energy Storage System Control in the Series-Hybrid Powertrain
In general, the energy storage system control design can be started on the energy
storage system current to the DC link (iES), since the DC-link current relation to
the energy storage current can be expressed as in Eq. 20. The energy storage system
control depends on the whole powertrain control strategy and therefore, one general
solution does not exist.
The ES System Control in the Plant Model Validation Experiment
This sub-section presents the energy management algorithm which was used in the
ES system Hardware-in-the-Loop experiments.
The energy management algorithm has two parallel regulators. First, the P-
regulator from DC-link voltage, as
iES′ 1 = P (uDC ref − uDC). (49)
Second, the filter structure based on coefficients (b0...bn) of a moving average function
with values 1/(n + 1), i.e. a discrete-time finite impulse response (FIR) filter. The
study uses a 20-second averaging period with 0.1 s time-steps. The output of the
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FIR filter is, as
pFIR(tk) =
tn=tk∑
ti=tk−n−1
[pLOAD(tk)/(n+ 1)] (50)
uFIR(tk) = 2− pFIR(tk)
PMAX
,
where tk refers to a discrete time-step between initial ti and ending tn values, and
furthermore, PMAX refers to the tuning parameter of the energy management algo-
rithm which is, e.g., 2. . . 3 times the maximum primary source power. The output
of the FIR filter is multiplied with the power reference for the primary source (uP)
which in the validation case is expressed, as
uP(tk) = PMAX
(
1− uuc(tk)
Umax
)
. (51)
Furthermore, the filter output (pfilter) is piecewise determined, as
pfilter(tk) =
{
uFIR(tk) · uP(tk), if uFIR(tk) · uP(tk) > 0,
0, if 0 ≥ uFIR(tk) · uP(tk). (52)
This prevents the negative output of the filter. Therefore, all regenerative load
power is included in the filter output and subtracted from the actual load power of
the DC link. The power regulator output is, as
iES′ 2 =
pLOAD − pfilter
uDC
. (53)
Thus, the ES system current reference on the DC-link voltage potential can be
expressed, as
iES′ = iES′ 1 + iES′ 2. (54)
The sign of iES′ determines the current control direction D.
The stability of the ES system control algorithm can be studied by deriving the
iES′ with all its inputs. The ES system current reference space on a static state is
presented in Fig. 22 with the values uDC ref 650 V, uDC 600 V. . . 700 V, P-regulator
coefficient of 2, and pLOAD between PMAX to −PMAX (100 kW. . .−100 kW). The
static current reference space is the worst case in the sense of the filter output, since
the maximum output occurs only if the maximum input lasts long enough.
The current reference space shows how parallel regulators affect the ES system
current. With the high load, the full energy storage voltage, and the low DC-link
voltage, the ES system gets the highest positive reference. On the contrary, the
highest negative reference is given with the low ES voltage, the high regenerative
load, and the high DC-link voltage. The positive linear function, described in Eq. 52,
makes impossible negative output values of the filter and therefore, the negative load
power weights the current reference towards negative values. The power buffering
is performed based on the load power level and the ES voltage with the weighting
depended on the actual DC-link voltage.
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Figure 22: The static ES system current reference (iES′) space presented in 5 piece-
wise charts with all inputs.
The Rule-Based Speed Control for the VSDG in the Series-Hybrid Pow-
ertrain
The variable speed diesel generator-set can be forced to operate on the minimum
fuel consumption per kilowatt hour area, with the co-operation of the VSDG speed
control, and the AFE converter control, as discussed in [59]. The rule-based speed
control for the VSDG can be expressed, e.g. as
ne ref =

ne max, if pAFE > Plim max,
...
...
ne 1, if Plim 2 > pAFE > Plim 1 + Physt,
ne idle, if Plim 1 ≥ pAFE,
(55)
which defines engine speed references depending on its load. In Eq. 55; ne idle,
ne 1, . . . , ne max refer to different speed references for the engine; Plim 1, Plim 2, . . . ,
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Plim max refer to different power limits between speed reference transitions; Physt
refers to the hysteresis between power transition limits; and pAFE refers to the AFE
converter power, as iAFE · uDC. Simulated Fig. 23 illustrates the operation areas
where the VSDG operation can be forced. Crowded operation point areas represent
specific static speed (ne idle, ne 1, ..., ne max) values, and scattered operation points
are due to transitions between static speed states.
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Figure 23: Operation points of the diesel engine in the variable speed use on the
fuel consumption map.
The proposed rule-based speed control for an engine is not suitable for all types
of loading. For instance, an engine might overload due to an abrupt high load step.
Such a load can occur in a vehicle suddenly stopping and re-starting traction while
already moving. On the other hand, the proposed engine speed control is suitable for
loading which is ramped up during a longer time-period. Fig. 24 illustrates changes
of operation areas with the proposed rule-based speed controller for an engine. This
figure shows how static speed states are changed with high torque values to higher
speeds, and, on the contrary, with low or regenerative torque values to lower speeds.
The context of the proposed speed control is based on an idea of using an engine
with predetermined constant speeds on the low fuel consumption area, rather than
using an engine with continuously varying speed as proposed in Publication II. The
engine plant model speed transition accuracies are studied in Publication III, and
reviewed in Section 4.3.
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Figure 24: Operation principle of the proposed rule-based speed control of an engine.
3.12 Cumulative maximum errors of the proposed modeling
method
The target of the proposed modeling method is to provide a feasible way to design
a powertrain for a specific use. System-level plant models together enable design
of powertrain energy management algorithms. However, there is a need for a full
powertrain modeling error analysis in order to have a proper estimate of the designed
EMS affect to fuel consumption and other characteristics. Thus, this sub-section
concentrates on modeling and model parameter extraction accuracies for the diesel-
electric powertrain with an active UC buffering.
Generally, the maximum error of a variable can be calculated with the partial
differential equation, as
∆F =
∣∣∣∣ δFδx1
∣∣∣∣∆x1 + ∣∣∣∣ δFδx2
∣∣∣∣∆x2 . . .+ ∣∣∣∣ δFδxn
∣∣∣∣∆xn, (56)
where F refers to the function of the variable, xn refers to the n
th factor of the
function F , and ∆xn to an error value for the n
th factor.
Therefore, in order to have an accurate fuel consumption modeling result, as ∆m˙,
the proposed model is piecewise differentiated in relation to all changing parameters.
Strictly speaking, the presented accuracy analysis considers only the static-state
accuracies, and neglects accuracies in transients. The target to concentrate on the
static accuracy gives an assumption that all errors for variables controlled with an
integral term become equal to a measurement error.
Depending on the starting point of the simulations, the static error analysis
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begins either on pmech or pLOAD. When the starting point is chosen at pmech, then
speed and torque of traction motors are considered to be known accurately. However,
pLOAD is considered to be known if the starting point is on an intermediate circuit
side.
The accuracy of an electric drive efficiency mapping ηED can be derived, as
∆ηED =
∣∣∣∣ δηEDδτEM
∣∣∣∣∆τEM + ∣∣∣∣ δηEDδωEM
∣∣∣∣∆ωEM + ∣∣∣∣δηEDδuin
∣∣∣∣∆uin + ∣∣∣∣δηEDδiin
∣∣∣∣∆iin, (57)
where
ηED =
τEM · ωEM
uin · iin ,
thus
∆ηED =
ωEM
uin · iin ∆τEM +
τEM
uin · iin ∆ωEM +
τEM · ωEM
u2in · iin
∆uin +
τEM · ωEM
uin · i2in
∆iin.
Table 7 gives accuracies for the efficiency mapping sensors. The accuracy of
torque sensor is a datasheet value of Dataflex 42/1000 (KTR), accuracies of tachome-
ter speed measurements are given in [60], and electrical measurement accuracies are
based on Norma D6100 (LEM) datasheets.
Table 7: Measurement sensor accuracies for efficiency mapping of an electric drive.
τEM n n uin iin
error error at error at error at error
30 rpm 3000 rpm 650 V
[Nm] [%] [%] [%] [%]
± 5 ± 0.025 ± 0.05 ± 0.181 ± 0.1
Thus, efficiency mapping measurement accuracies are illustrated in Table 8 for
low speed (30 rpm) with 1.0 kW shaft power, and for high speed (3000 rpm) with
100 kW shaft power.
Table 8: Efficiency mapping accuracies of an electric drive with low and high speeds,
and motoring as well as regenerative powers.
τEM ωEM uin iin ∆ηED
[Nm] [rad/s] [V] [A] [%]
+ 318.3 + 3.141 + 650 + 7.692 ± 0.375
− 318.3 + 3.141 + 650 − 0.308 ± 9.38
+ 318.3 + 314.1 + 650 + 181 ± 1.62
− 318.3 + 314.1 + 650 − 130.8 ± 2.24
Maximum errors of efficiency mapping remain high, due to a high error in torque
measurement which covers ∼ 83 % of the maximum error, cf. with Eq. 57 and values
49
of Tables 7 and 8. The worst presented error in efficiency mapping accuracies,
i.e. ± 9.38 %, refers to the case when low mechanical power is transferred to the
intermediate circuit. However, the impact of the high error with low powers is small
to the full cycle cumulative error value due to the fact that cumulation of small
powers results to small energies. In other words, more dominant maximum error
value examples during full drive cycle analysis are e.g. ± 1.62 % and ± 2.24 %.
Furthermore, cumulative error in an electric drive energy losses calculation is,
∆Elosses ED =
∫ t
0
∆ηED · pmechdt, (58)
and thus, integral of ∆ηED determines directly error percentage in Elosses ED.
Then, the accuracy of pLOAD is described, as
∆pLOAD =
∣∣∣∣δpLOADδηED
∣∣∣∣∆ηED =
 pmech ·∆ηED
/
η2ED, if pmech > 0,
pmech ·∆ηED, if pmech < 0.
(59)
Accuracy of pLOAD with motoring and regenerating powers, and both, 1.0 kW
power at low speed, and 100 kW power at high speed, are given in Table 9. The
results illustrate that absolute error values of the pLOAD are dependent on the pmech
magnitude, and therefore, relative errors change depending on the sign of the load
power.
Table 9: Accuracy of pLOAD when the starting point of modeling is mechanical
power.
pmech pLOAD ∆pLOAD ∆pLOAD/pLOAD
[kW] [kW] [W] [%]
+ 1.0a + 5.0 ± 93.8 ± 1.88
− 1.0a − 0.20 ± 93.8 ± 46.9
+ 100b + 118 ± 2240 ± 1.90
− 100b − 85.0 ± 2240 ± 2.63
a At 30 rpm, b at 3000 rpm.
The worst presented relative error value (∆pLOAD/pLOAD) is high (± 46.9 %),
as the absolute error deriving from efficiency mapping is high in contrast to pLOAD.
However, the relative error with low power has a minor impact on the full cycle
cumulative error value in which error values close to the nominal power are dominant.
Then, as the intermediate circuit voltage is controlled with the PI-regulator, thus
the actual value of uDC is a constant. Therefore, the static error of ∆iLOAD/iLOAD
equals to ∆pLOAD/pLOAD. Furthermore, the PI-regulator ensures that,
iLOAD = iES + iAFE, (60)
in the static-state, and thus, the energy storage system current iES needs to be
solved. Figure 25 illustrates error paths which exist in the considered system. The
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primary sources of error in simulations are efficiency mappings ηED and ηDC/DC, as
well as measurements ies, uuc, and uDC.
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Figure 25: Error paths of the model-based design for the diesel-electric powertrain
with an active UC buffering.
The accuracy of the energy storage system current is dependent on ies, ues, uDC,
and ηDC/DC, as
∆iES =
∣∣∣∣δiESδies
∣∣∣∣∆ies + ∣∣∣∣δiESδues
∣∣∣∣∆ues + ∣∣∣∣ δiESδuDC
∣∣∣∣∆uDC + ∣∣∣∣ δiESδηDC/DC
∣∣∣∣∆ηDC/DC. (61)
Therefore, the accuracy ∆iES can be written, while discharging, as
ues · ηboost
uDC
∆ies +
ies · ηboost
uDC
∆ues +
ues · ies · ηboost
u2DC
∆uDC +
ues · ies
uDC
∆ηboost, (62)
and while charging, as
ues
uDC · ηbuck ∆ies +
ies
uDC · ηbuck ∆ues +
ues · ies
u2DC · ηbuck
∆uDC +
ues · ies
uDC · η2buck
∆ηbuck.
In Eqs. 62, known error values are ∆ues, ∆uDC, ∆ηboost, and ∆ηbuck. Accuracies of
∆ues and ∆uDC are considered to equal the overall accuracy of the voltage transducer
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(∆umeas) AV100-750 (LEM), which changes from ± 0.7 % to ± 1.7 % at nominal
voltage of 750 V depending on the considered temperature range, either constant
+25 ◦C, or −40. . . +85 ◦C. The accuracies of efficiency mappings were derived in
Section 3.4 to ± 0.5 % with look-up table data, and to ± 0.9 % based on a polyno-
mial function. The accuracies of efficiency mappings do not consider temperature
dependencies in any means. The unknown ∆ies is dependent on control algorithms,
as described in Section 3.11. Furthermore, the ∆ues is a function of ies, and thus
errors have a cross-coupling. Therefore, ∆ues is simplified to the neighbourhood of
ues together with the overall measurement accuracy ∆umeas, as
∆ues = ∆uuc = ∆uuc1 + ∆uuc2 = Ruc ·∆ies + ∆umeas, (63)
and the integral part of Eq. 21 determines charge-discharge frequency error, as
∆d =
(1/Cuc) ·
∫ t
0
∆iesdt
2 · (Umax − Umin) . (64)
Thus, the error value ∆ies determines errors in energy storage voltage, and charge-
discharge frequency.
Moreover, energy storage voltage affects to ∆ies due to feedback in control algo-
rithms. However, the effect of ∆uuc1 on ∆ies, cannot be taken into consideration,
because of an existing algebraic loop. Thus, error ∆ies is considered to accumulate
measurement accuracies of variables ues, pLOAD, and error ∆imeas in the converter
current PI-control. The error in uDC is neglected. The error analysis considers the
accuracy of current measurement (∆imeas) to equal with the overall accuracy of the
current transducer CT 50-T (LEM), which is ± 0.1 % at nominal current of 50 A
within temperature range of −25. . . +70 ◦C. Therefore, ∆ies is determined, as
∆ies =
∣∣∣∣ δiesδuuc
∣∣∣∣∆uuc + ∣∣∣∣ δiesδpLOAD
∣∣∣∣∆pLOAD + ∆imeas. (65)
In Eq. 65, the first partial derivative in respect of uuc can be derived, as∣∣∣∣ δiesδuuc
∣∣∣∣∆uuc = ∣∣∣∣δ[P · (uDC ref − uDC) · uDC/uuc + (pLOAD − pfilter)/uuc]δuuc
∣∣∣∣∆uuc,
in which the difference of uDC ref and uDC becomes zero, and the parallel controller,
as ∣∣∣∣pLOADu2uc −
(
2 · PMAX −
tn=tk∑
ti=tk−n−1
[pLOAD(tk)/(n+ 1)]
)/
u2uc
∣∣∣∣∆uuc.
Then, the partial derivative in respect of load power gives,∣∣∣∣∣∣∣∣∣
[
pLOAD(tk) +
tk∑
tk−n−1
[pLOAD(tk)/(n+ 1)] · (1− uuc/Umax)
]/
uuc
δpLOAD
∣∣∣∣∣∣∣∣∣∆pLOAD,
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=
∆pLOAD(tk) +
tk∑
tk−n−1
[∆pLOAD(tk)/(n+ 1)] · (1− uuc/Umax)
uuc
.
Therefore, Table 10 illustrates energy storage current error values depending on
considered error sources. Eight different operation points with variance in pLOAD
value, power direction and energy storage voltage is used to give an overview of
variance in error values. Five different error values for each of the operation points
are presented, which refer to different error sources as: ∆ies1/ies considers ∆uuc = 0.7
% and ∆pLOAD = 0.0 %, ∆ies2/ies considers ∆uuc = 1.7 % and ∆pLOAD = 0.0
%, ∆ies3/ies considers ∆uuc = 0.0 % and ∆pLOAD = Table 9, ∆ies4/ies considers
∆uuc = 0.7 % and ∆pLOAD = Table 9, and ∆ies5/ies considers ∆uuc = 1.7 % and
∆pLOAD = Table 9. In all cases, ∆imeas is considered to be 0.1 %.
The results of Table 10 show five different cases with different assumptions of
the present situation. Case 1 refers to either the system modeling beginning from
the intermediate circuit load (pLOAD), or control error in the real system in which
∆pLOAD is measured accurately. The temperature is assumed to be +25
◦C. In such
a case, ies error at a high load is in range of ± 0.52 %, and with a low load at ± 53 %.
Case no. 2 is equal to Case 1 except that an assumption of temperature is changed
to −40. . . +85 ◦C. In Case 2, comparable error values are ± 1.1 % with high, and
± 130 % with low-loads, respectively. Case no. 3 assumes errors of pLOAD will be
realized due to inaccuracies in the efficiency mapping of an electric drive. However,
energy storage voltage measurement is considered to be ideal. In the third case, ies
error values vary within ± 4.8 % with high and low-loads, respectively. The fourth
case assumes all measurement errors to realize in +25 ◦C ambient temperature, and
thus, error values at a high load is in range of ± 5.3 % and with a low load at ± 58
%. The fifth case is similar to Case 4 with a difference in the ambient temperature
range which is −40. . . +85 ◦C. Then, error values were within ± 5.9 %, and ± 134
%, respectively. The results show that an error may be significant at low loads, but
decreases remarkably when high loads are transferred. In the worst error cases (bold
font with red color), the regenerative power magnitude is negligible, i.e. − 0.2 kW,
which is not possibly transferred to the ES system at all. Therefore, a realistic ies
maximum error with low loads is in range of ± 53. . . 134 %, and with high loads in
the range of ± 0.35. . . 5.9 %. Furthermore, as stated before, high error values with
low loads have a small impact on the full cycle cumulative error value in which error
values close to the nominal power are dominant.
The moving average in Eq. 65, approx. halves ramp-up pLOAD signals, and
passes the long-time constant pLOAD signals by multiplying those with a coefficient
of one. The assumption of a ramp-up pLOAD refers to acceleration of a vehicle from
zero speed, and the period of constant power refers to acceleration or deceleration
of vehicle with some initial speed. Table 10 presents error values referring to the
long-time constant pLOAD case. Furthermore, it is assumed that half of the positive
load power is taken from the ES system and half from the primary source. On the
contrary, all the regenerative power is considered to be charged to the ES system.
An effect of this assumption can be seen in the differences between motoring and
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regenerating ies accuracies with high loads, for example, regenerative error values
are smaller. In addition, this consideration assumes Umax to be 390 V, and Umin to
200 V, respectively.
Table 10: Energy storage current accuracies.
pLOAD uuc ies ∆ies1/ies ∆ies2/ies ∆ies3/ies ∆ies4/ies ∆ies5/ies
[kW] [V] [A] [%] [%] [%] [%] [%]
+ 5.0 390 + 6.4 ± 53 ± 130 ± 3.9 ± 57 ± 133
+ 5.0 295 + 8.5 ± 53 ± 130 ± 4.8 ± 58 ± 134
− 0.2 200 − 1.0 ± 700 ± 1700 ± 70 ± 770 ± 1770
− 0.2 295 − 0.70 ± 700 ± 1700 ± 60 ± 760 ± 1760
+ 118 390 + 150 ± 0.52 ± 1.1 ± 3.9 ± 4.3 ± 4.9
+ 118 295 + 200 ± 0.52 ± 1.1 ± 4.8 ± 5.3 ± 5.9
− 85 200 − 430 ± 0.35 ± 0.7 ± 4.0 ± 4.3 ± 4.6
− 85 295 − 290 ± 0.35 ± 0.7 ± 3.4 ± 3.6 ± 4.0
Energy storage voltage maximum error based on Eq. 63 and Table 10 becomes ±
1.4 V. . . 3.3 V, for an UC module with capacitance of 17.8 F, Ruc of 65 mΩ, and Umax
of 390 V. In Publication III, Hardware-in-the-Loop experiments were compared with
simulations, and ± 1.0 V. . . 3.0 V accuracy in mean values were reached. The lower
voltage error value refers to modeling with a variable capacitance, and the higher
error to constant capacitance, respectively. It can be noticed that experimented
mean error values are within the theoretically calculated maximum error value of
ES voltage.
Then, the error of ES system current on the intermediate circuit as functions
of ∆ies, ∆ues, ∆uDC, and ∆ηDC/DC, described in Eq. 62, can be calculated. Fur-
thermore, the error of AFE converter current is the sum of the load current and
ES system current errors. The results are presented in Table 11 with two different
cases, when ∆ies uses the values of Cases 1 and 4 from Table 10, uDC is 650 V with
accuracy of ∆umeas, and ∆ηDC/DC is ± 0.5 %.
Maximum error values in Table 11 refer to cases in which all partial errors are
realized with their maximum values in the same direction. The minimum values
refer to cases where the system loading were considered to be electrical, and the
maximum values refer to mechanical starting points of the modeling, respectively.
Furthermore, ambient temperature have been assumed to +25 ◦C. Considered error
sources are efficiency mapping of an electric drive, ES current and voltage measure-
ment errors for control of the ES system. In addition, this assessment included the
DC-DC converter plant-model realization inaccuracies consisting of maximum errors
in ES current and voltage, DC-link voltage, and efficiency mapping of the DC-DC
converter. Resulted values are pessimistic, and for more descriptive error values the
quantitative analysis should be used.
Furthermore, the highest error values in Tables 10 and 11 (bold font with red
color) can be neglected, because such small powers are most likely not delivered
through an ES system. In practice, auxiliary loads in the intermediate circuit are
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Table 11: Energy storage system current ∆iES and AFE converter current ∆iAFE
accuracies on the intermediate circuit.
uuc ies ηDC/DC
a ∆ies/ies
b ∆iES/iES
b ∆iAFE/iAFE
b
[V] [A] [%] [%] [%] [%]
390 + 6.4 95.6 ± 53. . . 57 ± 55. . . 59 ± 57. . . 61
295 + 8.5 94.3 ± 53. . . 58 ± 55. . . 60 ± 57. . . 62
200 − 1.0 93.3 ± 699 . . . 768 ± 701 . . . 771 ± 750 . . . 820
295 − 0.70 94.3 ± 699 . . . 757 ± 701 . . . 759 ± 750 . . . 810
390 + 150 97.5 ± 0.52. . . 4.3 ± 2.4. . . 6.3 ± 4.3. . . 8.2
295 + 200 96.9 ± 0.52. . . 5.3 ± 2.5. . . 7.4 ± 4.4. . . 9.3
200 − 430 95.8 ± 0.35. . . 4.3 ± 2.3. . . 6.8 ± 4.9. . . 9.4
295 − 290 97.0 ± 0.35. . . 3.6 ± 2.3. . . 5.8 ± 4.9. . . 8.4
a see Appendix A, b variation in ∆ies/ies, ∆iES/iES, and ∆iAFE/iAFE refers to the cases
1 and 4 in energy storage current (ies) accuracies.
higher than those regenerative powers in question, and thus in those cases, power
control would not necessarily react at all.
The error in charge-discharge frequency bases on Eq. 64 which can be further
derived to
∆d
d
=
∫ t
0
∆ies
ies
dt. (66)
Thus, the maximum error of d for low power operation is within ± 53. . . 58 %, and
for high power operation within ± 0.35. . . 5.3 %, based on ies values in Table 11.
Finally, load torque of an engine τ load can be solved, which is based on AFE
converter current iAFE and efficiency mapping of an electric drive ηED. An error in
generator speed is considered to be zero due to a speed PI-controller for an engine.
Load torque can be derived, as
∆τ load =
∣∣∣∣δτ loadδiAFE
∣∣∣∣∆iAFE + ∣∣∣∣δτ loadδηED
∣∣∣∣∆ηED, (67)
thus
∆τ load =
uDC
ηED · ωG ·∆iAFE +
uDC · iAFE
η2ED · ωG
·∆ηED, when iAFE > 0,
and
∆τ load =
uDC · ηED
ωG
·∆iAFE + uDC · iAFE
ωG
·∆ηED, when iAFE < 0.
The AFE-converter-generator combination efficiency mapping accuracies are based
on sensor accuracies in Table 7, and derived for two different motoring operation
points based on Eq. 57. Results are presented in Table 12.
Then, Eq. 67 with positive iAFE results to relative errors of ± 180 . . . 190 %
for low loads, and to ± 8.0 . . . 13.0 % for high loads, respectively. Finally, relative
errors of fuel consumption are available, if
∆m˙
m˙
≈ ∆τ load
τ load
, (68)
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Table 12: Efficiency mapping accuracies of the generator electric drive in considered
operations points.
uDC iAFE ωEM τEM ∆ηED
[V] [A] [rad/s] [Nm] [%]
+ 650 + 3.85 + 314.1 + 16.0 ± 63.4
+ 650 + 90.5 + 314.1 + 220 ± 3.03
is assumed. Smaller error values correspond to cases with electrical load as the start-
ing point, and maximum values refer to the mechanical starting point, respectively.
The values assume ambient temperature to be in the range of +25 ◦C. Considered
error sources are efficiency mappings of all power electronics devices and electric
machines, current and voltage measurement errors for control of the system, and
inaccuracies in realization of a DC-DC converter plant model. After all, presented
accuracies still neglect the fuel consumption mapping accuracy of an engine.
Although, the relative error values for variables become high due to a cumulation
of errors. It should be remarked that error values represent the maximum errors
in which all errors are realized in the same direction, and thus, are the worst case
values. More representative error values could be attained with quantitative analysis
which is, however, excluded from this study.
Proposed sub-system models were in the beginning targeted to mean values with
20 Hz-bandwidth. Presented experiments and simulations (in Publications) show
that low-frequency operation behavior can be predicted with proposed models. Fur-
thermore, error analysis gives the theoretical maximum error value for predicted
fuel consumption in static states. The presented maximum error values in fuel con-
sumption are high due to a cumulation of errors in different sub-systems. Maximum
error values can be decreased by considering quantitative analysis e.g. in efficiency
mappings. Therefore, qualitative error analysis seems to be more reasonable when
considering maximum errors of individual sub-system components.
The target of the proposed models was to predict system behavior in 20 Hz-
bandwidth, which has been proven to some extent. Thus, proposed models enable
design of EMSs only within this bandwidth, and faster behaviors are most likely not
predicted with appropriate accuracy. Furthermore, the proposed modelling approach
may not necessarily be used as the precision tool for fuel consumption predictions,
as noticed in error analysis. Thus, the proposed simulation models suit the design of
different energy management hierarchies by the Model- and Hardware-In-the-Loop
principles.
An analysis of maximum errors of the proposed simulation method illustrates
that small individual error values cumulate to a high total maximum error value in
fuel consumption of a studied system. Thus, it is unclear what would be a sufficient
accuracy of a sub-system model. For instance, an increase in error of the DC-
DC converter efficiency mapping from ± 0.5 % to ± 0.9 % has a greater influence
on fuel consumption error than on interface variables of the converter. Therefore,
continuous improvement of simulation model accuracies can be considered to be good
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practise. In future, such a procedure leads to knowledge of achievable accuracies in
a sub-system and full-system models.
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4 Summary of Publications
4.1 Publication I
The paper presents and analyses the first versions of simulation models which
were realized for supervisory control software prototyping and optimization of a
series-hybrid powertrain. Possible powertrain components are introduced and their
system-level power control discussed. Furthermore, the initial state of ideas to con-
trol energy through a powertrain is discussed.
Fig. 26 presents the high level schematics of the designed system-level simulation
model. The focus of the simulation tool was to realize the interfaces of sub-system
models with real-value physical simulation components, such as resistors, inductors,
capacitors, and current sources. Thus, current controllers had the highest band-
widths of phenomena to be modelled. The functionality of sub-system models were
imitated with basic Simulink and State-flow blocks.
Figure 26: The series-hybrid powertrain simulation model realized with the Sim-
PowerSystems and Stateflow library components.
In the first phase, the simulation method was already the backward calculation
from a known load cycle to sources. The load was modelled with a controlled
current source, the brake resistor with a voltage regulated current source, the battery
pack had a current controlled DC-DC converter as an interface and the UC pack
interface device was a voltage controlled DC-DC converter, respectively. Finally,
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engine torque was calculated backward from the load regulated by the intermediate
circuit voltage controller and the constant speed operation of the engine.
A merit of this study is that it brought to light the need for a simulation en-
vironment which would help with supervisory control prototyping and design of
series-hybrid powertrains. Furthermore, the study discussed an approach to model
the full series-hybrid powertrain system, and thus the value for others is on dis-
cussions of modeling and energy management ideas. Design of energy management
hierarchies can be started with the presented and discussed modeling approach.
Furthermore, use of this or nearly similar implementation would most likely lead to
proper solutions in energy management designs. The advantage of this approach is
on physical electric circuit components which better visualize the system for new
engineers.
However, there were three essential reasons to further contribute to the series-
hybrid powertrain design environment. The first was such that physical simulation
tools are not executable on targeted digital signal processors, and thus those can-
not be used for real-time calculations. The second reason is the license costs of
extra SimulinkTM libraries for original equipment manufacturers. The third reason
was that the approach aimed at overly accurate electrical phenomenon modeling
for powertrain topology studies, thus increasing the full operation cycle simulation
times. Increase in simulation times was due to the modeling of current regulators
for controlled current sources, which have been assumed as ideal in the later phase
of research. The proposed simulation method situated between proper approaches
for the full powertrain and electrical-circuit models. This method was slow for the
full powertrain modeling and inaccurate for the control design of internal controllers
in the power electronics components. At this phase of research, it is not clear if the
presented approach becomes beneficial in powertrain design issues with bandwidths
higher than 20 Hz.
4.2 Publication II
The paper presents a model-based design of an energy management strategy for the
diesel-electric powertrain buffered with the active UC pack. The proposed energy
management is validated in Publication III and reviewed structure presented in
Section 3.11. The indirect primary source power buffering method is investigated for
the series-hybrid powertrain. The background for low-level controls of the proposed
energy management was on the existing hardware, a current controlled DC-DC
converter and a voltage controlled active rectifier.
This research adopts efficiency mappings of a DC-DC converter to plant models,
and illustrates simulations of system-level models which were realized with basic
Simulink blocks without utilization of physical SimPowerSystem components. Fur-
thermore, the ES system cycle efficiency is introduced, which includes two times
DC-DC converter and two times UC pack energy losses.
The UC buffered diesel-electric powertrain topology, under consideration of the
study, was presented in Fig. 21. Load power reference for the model-based design
study was the New European Driving Cycle which is shown in Fig. 27. Figs. 28 and
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29 illustrate simulated currents, and Fig. 30 presents the energy storage voltage.
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Figure 27: The New European Driving Cycle and required traction power.
Figure 28: The simulated ES current with the NEDC.
The paper presented correctly directed simulation results for the powertrain op-
eration with the NEDC which were validated in Publication III. The simulation
study illustrated the VSDG decrease potential to be within 50. . . 72 % of an orig-
inal, while an ES system operates in a proper efficiency area. The decrease ratio
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Figure 29: The simulated AFE converter intermediate circuit current with the
NEDC.
Figure 30: The simulated UC pack voltage with the NEDC.
depends on the drive cycle, and the sizing of the UC pack as well as DC-DC con-
verter. Furthermore, the problematic nature of controlling power was noticed with
only one energy management algorithm during overly high loads.
However, the proposed control algorithms had a flaw, although the right aspects
of a well operating controller were presented. An error occurred in the choice of the
DC-DC converter current direction, which in the presented form (Fig. 7) resulted
in unstable operation. However, the described error did not have an impact on the
presented results of the study due to the small proportional controller coefficient
value for DC-link voltage stabilization after the chosen current direction, c.f. Table
2 in Publication II. Thus, correction to the algorithm was made in the validation
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phase (Publication III), and review of the algorithm is presented in Section 3.11.
Furthermore, derations of the DC-DC converter control were not implemented into
the models in this phase of research, which can be noticed from simulations in
Publication II. Moreover, the idea of an additional filtering of iAFE (Fig. 8) could
not be implemented into the target hardware (in Publication III) due to the low
bandwidth of the DC-DC converter current regulator.
4.3 Publication III
The paper presents validation experiment results for the designed series-hybrid pow-
ertrain plant models. Furthermore, this paper focuses on modeling and energy man-
agement of the UC buffered diesel-electric powertrain.
First, information is gained on the accuracies of the designed simulation mod-
els. Figs. 31, 32, and 33 illustrate experiments in contrast to simulation results.
These figures show that the mean values of variables can be predicted with the
designed plant models. In addition, the study illustrates that the designed energy
management (in Publication II) operates as intended. The study concludes that
the proposed energy management interface enable all operation modes of a hybrid
powertrain. Based on the information gained, precise descriptions of energy man-
agement algorithm interfaces have not been covered thoroughly for all powertrain
topology cases.
Furthermore, it can be argued that the presented experiments with simulation
comparisons are either the first or amongst the first, which can be found from the
literature for the studied powertrain case. In addition, essential operation behaviors
are pointed out with figures. Those figures and presented accuracies are valuable
for peers working with the same or similar series-hybrid powertrain systems.
Figure 31: Comparison of the simulated and the experimented ES current with the
proposed energy management algorithms.
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Figure 32: Comparison of the simulated and the experimented AFE current with
the proposed energy management algorithms.
Figure 33: Comparison of the simulated and the experimented ES storage voltage
with the proposed energy management algorithms. Comparison consist of variable
and constant capacitance simulations.
A limitation of the study is that it only mentions the descriptions of simulation
models, and thus neglects mathematical descriptions as well as the schematics of
plant models. Thus, the study is difficult to reproduce for a new engineer, but most
likely behind a moderate workload for an engineer with existing simulation tools and
experimenting hardware. Moreover, a better choice for the DC-DC converter plant
model validation would have been an intermediate circuit current and not an ES
current. The intermediate circuit current would have also considered the accuracy
of the plant model, and not only the accuracy of the energy management algorithm.
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Review of Plant Models Accuracies
In autumn 2010, a new comparison was performed of modeling accuracies. Table
13 summarizes the accuracies which were achieved with the proposed simulation
method. The static and dynamic accuracies are characterized as being good, inter-
mediate, and low by referring to the behavior of a plant model, not to the plant
model description. In addition, there was a revaluation of max, mean, and RMS
errors between simulated and measured variables.
Table 13: The variable accuracies with the proposed backward modeling approach.
uDC nVSDG iAFE uuc ies
Static behavior good good good good good
Dynamic behavior low good intermediate good intermediate
Max error - ∼90 rpm ∼80 A 3 Va. . . 5 Vb ∼150 A
Mean error - ∼5 rpm ± 0.2 A 1 Va. . . 3 Vb ± 0.5 A
RMS error - ∼9 rpm ∼3.0 A 3 Va. . . 4 Vb ∼6.0 A
a refers to the variable Cuc, b refers to the constant Cuc
Accuracies are the poorest when the simulation bandwidth, and simulated phe-
nomenon bandwidths are the closest. Therefore, the DC-link voltage modelling
accuracy is the poorest—specifically in transitions. However, mean error values are
small as targeted at the beginning of this study, and therefore, the approach enables
the energy management algorithm design for series-hybrid powertrains within 20
Hz-bandwidth.
4.4 Publication IV
The paper presents the experiments of two different power buffering cases with
active control of an UC pack. First, the peak power cutting method is described,
as well as an acceleration assistance and regenerative energy recuperation method.
Furthermore, there is a presentation of efficiency maps of single power conversion
through a DC-DC converter, single power conversion through an UC pack, and ES
system cycle efficiency through twice a DC-DC converter and twice an UC pack.
Finally, efficiency and fuel consumption maps are utilized for illustrations of the ES
system and the VSDG operation areas with the proposed control algorithms.
The paper concentrates especially on the control and efficiencies of an ES sys-
tem. Furthermore, described power control methods were applied to simulations
of the diesel-electric powertrain with an active UC buffering. The simulations pre-
sented illustrate precisely the operation areas of a diesel engine and ES system in
two different energy management cases, and show the downsizing potential of an
engine. Based on the information attained, similar system level energy management
comparisons have not been presented before for the studied series-hybrid powertrain
case in the literature.
However, the simulated Figs. suggest that the proposed control for the system
add divergent power transitions to the primary source, and controls the ES system
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current with less sudden transients. Such a system operation may be unwanted due
to operation of an engine. Based on the figures presented, it is not clear whether
problems arise from the proposed energy management algorithms, sizing of a DC-
DC converter, or sizing of an UC pack. Therefore, solutions to avoid transients in
engine operation should be considered when reproducing similar work.
Fig. 34 shows the operation areas of the ES system on the two-quadrant efficiency
map with two simulated cases. Green crosses refer to the operation points with the
peak power cutting control method, and red circles refer to operation points with the
acceleration assistance and regenerative energy recuperation method, respectively.
Fig. 35 illustrates loading of the VSDG in conventional use, and in hybrid powertrain
cases.
New similar research contributions could be made for different energy manage-
ment strategies and algorithms. In those new contributions, emphasis could be on
ensuring steady operation of an engine. Furthermore, load transient limitations for
an engine should be specified as a base for the energy management design. Two inter-
esting paths can be named for considerations of new energy management strategies
and algorithms. First, a new algorithm structure with use of either a dynamic rate
limiter or a high-pass filter to ramp-up an engine power reference, and to subtract
an ES power reference based on load and engine power references. Second, change of
the control strategy from the AFE converter regulated intermediate circuit voltage
to the ES converter regulated voltage, respectively. In the second case, a tuning
variable for an engine control would be torque.
Figure 34: Operation points of the ES system during ECE-15 drive cycle simula-
tions. Green crosses refer to the peak power cutting control method, and red circles
refer to the acceleration assistance and regenerative energy recuperation method,
respectively.
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Figure 35: The loading of the VSDG in three simulation cases. The blue line refers
to the conventional VSDG use, the green line refers to the peak power cutting
control method, and the red dashed line refers to the acceleration assistance and
regenerative energy recuperation method, respectively.
4.5 Publication V
A mutual comparison is presented of different powertrain topologies in a specific
harbor straddle carrier usage in this paper. In the comparison, five different FC
powertrain cases are considered. Powertrain cases are: FC and passive battery,
FC with passive battery and active UC pack, FC with active battery and active UC
pack, variable power operated FC with active UC pack, and constant power operated
FC with active UC pack. Considered features in the comparison are weights, sizes,
efficiencies, and initial as well as lifetime costs of each powertrain cases.
The paper presents mathematical descriptions of plant models to improve the
repeatability of similar work and illustrates different powertrain cases with figures of
simulated power flows. Furthermore, the knowledge attained of mutual differences
between powertrain cases enables optimization of a duty vehicle powertrain for a
specific purpose. For instance, a different topology optimizes a powertrain in respect
to weight and size, than which optimizes a powertrain in respect to costs or in
efficiency.
However, the whole comparison topic is wide and one conference paper cannot
describe all the issues related to the work, e.g. specific control algorithms on each
case. Therefore, more concentration is needed on describing energy management al-
gorithms in each powertrain case through mathematical descriptions and schematic
illustrations. Otherwise the repeatability of the work for other researcher or engi-
neers may be difficult. Thus, future research directions include exact descriptions
of energy management algorithms based on modelling principles presented in this
study.
Furthermore, the study has only considered usage of the high energy density bat-
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tery technology, and neglected possible use of high power density battery technology.
The review presented in the next section adds the high power battery technology to
the consideration of mutual differences between different powertrain cases.
4.6 Review for Comparisons of Fuel Cell Series-Hybrid Pow-
ertrain Topologies
This section reviews results of Publication V with respect to high power (HP) battery
packs. In this categorization, the high energy (HE) battery refers to cases with
continuous 1C charge and discharge currents, and with maximum 2C discharge
current. The HP battery refers to cases with 6C continuous current for both charging
and discharging, and 10C maximum current, respectively. The results in Publication
V are calculated assuming use of the HE battery.
Five different powertrain topologies are considered (as in Publication V) with
the following configurations:
• Case a: fuel cell, and passive battery, [Fig. 36 (a)]
• Case b: fuel cell, passive battery and active UC, [Fig. 36 (b)]
• Case c: fuel cell, active battery and active UC, [Fig. 36 (c)]
• Case d: fuel cell with active UC, variable FC power production, [Fig. 36 (d)]
and
• Case e: fuel cell with active UC, limited FC power production. [Fig. 36 (d)]
Calculation parameters for the review are presented in Table 14. The results are
calculated assuming 15 years lifetime of a powertrain.
Table 14: Weight, size, price, and lifetime parameters.
Component Weight Size Price Lifetime
[Wh/kg] [Wh/dm3] [$/kWh] [M]
HE battery 102 129 210 - 840 0.3a
HP battery 50 95.6 980 - 2800 0.3a
UC 2.3 1.6 2380 - 3220 1b
[kWpeak/kg] [kWpeak/dm
3] [$/kWpeak] [years]
FC 0.21 - 0.38 0.14 - 0.27 100 1.6
DC-DC 3.45 5.8 100 15
Brake resistor 13 6.6 5 15
a refers to a shallow cycle, b refers to a deep-discharge cycle
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Figure 36: Schematics of studied powertrain topologies.
Lower price values of energy storages refer to mass manufacturing costs, and
high price values refer to early market costs, respectively. Prices of FC and PE are
somewhat the same as mass manufacturing costs estimated for 500k units yearly
production.
Table 15 presents equivalent FC hybrid powertrains based on backward sim-
ulations from a known load cycle of a NRMM to sources. Results are based on
simulations presented in Publication V.
Fig. 37 presents weight and size comparisons for different topologies with HE
batteries, in cases a, b, and c. The UC buffered topologies are cases d and e, as well
as b and c with UC peak power buffering only. Fig. 38 presents weight and size
comparisons for the HP battery buffered topologies, respectively.
These figures show that the minimum weight and size are achieved with the fuel
cell, passive HP battery topology. Almost equivalent weights and sizes respect to the
HP case a are attained with HP cases b and c. However, if the HE battery is used, the
weight and size order changes. Then, the minimum weights and sizes are achieved
with cases b and c. Furthermore, the HE case a becomes significantly heavier and
larger, and is comparable to UC buffered cases d and e. The heaviest and largest
case is the e in which the FC source is operated continuously on maximum power
region and buffered with UC packs. Therefore, weight and size mutual relations of
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Table 15: Equivalent powertrains.
Battery UC FC DC-DC Resistor
[kWh] [kWh] [kWpeak] [
∑
kWpeak] [kWpeak]
Case a, HE 189 0 75 75 0
Case b, HE 108 0.55 75 275 0
Case c, HE 108 0.55 75 386 157
Case a, HP 34 0 75 75 0
Case b, HP 19 0.55 75 275 0
Case c, HP 19 0.55 75 386 157
Case d 0 2.63 200 357 267
Case e 0 4.03 82 385 27
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Figure 37: Weights, and sizes of different topologies, with the HE battery buffering.
different topologies are dependent on nominal current value which can be reached
from a high power battery pack.
Figs. 39 and 40 present initial and lifetime costs calculated with new parameter
values. Lifetime costs are average values within energy storage cost variance which
is shown with error bars.
The figures show that the minimum costs are achieved with the case e, e.g. the
maximum power region operated FC source buffered with UC packs, due to the
low price of UCs. Note that the UC error bars are negligible. The second lowest
price is attained with the case d which has a higher rated FC source. Battery based
topologies will not ever achieve as low lifetime costs with shown parameter values.
In battery based topologies, the cheapest is the HP case b, and the second cheapest
is the HP case c. The most expensive topology is the HE case a.
Table 16 presents distribution of mass manufacturing costs in percentages be-
tween different powertrain components. The table illustrates the significant impact
the battery has in each case on topology costs. Energy cost becomes more significant
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Figure 38: Weights, and sizes of different topologies, with the HP battery buffering.
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Figure 39: Initial and lifetime costs of different buffering topology cases, with the
HE battery pack.
if battery size is decreased with the low-cost UC based peak power unit. The FC
source price dominates on UC based topologies d and e, whereas UC and PE prices
begin to have an impact.
Fig. 41 illustrates an iteration path which was used during the study. The first
phase of the work refers to the general design of powertrain topology, control strat-
egy, and energy management algorithms. The second phase refers to simulations
with the present state of the model. After simulation, a comparison is made be-
tween reference power and realized power transfer. A comparable powertrain case is
achieved when reference and actual powers are equal, in which case the characteris-
tics of the powertrain can be calculated. In the case of derated load power transfer,
either simulation parameters, such as designs of DC-DC converters, battery, UC
pack, or FC source are reconsidered, or even the basis of the control strategy and
the energy management are reconsidered.
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Figure 40: Initial and lifetime costs of different buffering topology cases, with the
HP battery pack.
Table 16: Distribution of lifetime costs in percentages.
Battery [%] UC [%] FC [%] PE [%] Energy [%]
Case a, HE 77.5 0.0 13.7 1.5 7.4
Case b, HE 60.9 1.1 18.9 7.4 11.8
Case c, HE 53.9 0.9 16.7 9.4 19.0
Case a, HP 69.9 0.0 14.9 1.6 13.6
Case b, HP 50.0 1.1 19.1 7.5 22.4
Case c, HP 42.3 0.9 16.1 9.1 31.7
Case d 0.0 5.5 55.5 11.0 28.0
Case e 0.0 13.8 36.8 18.6 30.9
Equals
Design
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Multi-stagebackwardmodeling
Comparisonof pref to pact
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Calculationofcharacteristics
Comparablecasex...y...z
Reconsiderparameters:
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either
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Figure 41: Iteration path to simulations to achieve comparable powertrains.
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5 Conclusions
The main scope of the study is specifically on design, modeling, and energy manage-
ment of series-hybrid powertrains for non-road mobile machineries. Contributions
are made to find proper plant models for the model-based design of different series-
hybrid powertrains in vehicles. This study proposed the use of certain system-level
plant models for the design of series-hybrid powertrains, gave mathematical descrip-
tions for plant models, and pursued an understanding of accuracy in a model-based
design, with both based on theory and experiments. Furthermore, contributions
were given, especially for energy management design in the diesel-electric power-
train with an active ultracapacitor pack as the energy storage. Finally, designed
plant models were used for the comparison study between different FC powertrains.
As a result, knowledge is gained of mutual differences between powertrain charac-
teristics, such as weights, sizes, efficiencies, and costs.
A multi-stage simulation tool has been created for the engineering purposes of
different series-hybrid powertrains. The modeling method and its use for powertrain
comparisons, as well as energy management design, have been illustrated with ex-
amples. Thus, the work has value for students, researchers, and engineers aiming to
reproduce similar work. Furthermore, designed powertrain models can be adopted
to aid powertrain designers R&D, or for teaching purposes. Based on a compari-
son between simulations and experiments, as well as theoretical error analysis, the
proposed multi-stage approach enables the energy management algorithm design for
series-hybrid powertrains within 20 Hz-bandwidth. The motivation of this thesis is
on the distribution of knowledge and on documentation needs of the proposed mod-
eling method. Furthermore, the adoption of clean and renewable energy technologies
requires similar studies as presented in this thesis.
This thesis illustrated thoroughly the design and operation of the energy manage-
ment algorithm for the active UC pack buffered diesel-electric powertrain. Special
care must be taken while implementation the proposed or similar energy manage-
ment to the target hardware, due to the complexity of the full system. Despite
promising energy management illustrations and experiments, some modifications to
algorithms might be needed. Furthermore, implementation of this or any other en-
ergy management algorithm is vulnerable to issues arising from behaviors above 20
Hz-bandwidth.
This thesis provided knowledge on achievable accuracies with the proposed mod-
eling method in the vehicle powertrain design. Furthermore, comparison procedure
for different series-hybrid powertrains is described, and this research contributes to
an understanding of mutual differences in the characteristics of different powertrain
cases targeted to—specifically, the harbor straddle carrier application. Therefore,
a comparison has been introduced of different series-hybrid powertrain topologies.
However, mutual differences in powertrain comparison are sensitive to parameter
changes, such as nominal battery current, as well as weights, sizes, costs of compo-
nents. Thus, it might become beneficial to enact a similar powertrain comparison
in parallel with design process of new hybrid powertrains.
New research contributions could be created, firstly, for the design of differ-
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ent energy management strategies and algorithms in the active UC pack buffered
diesel-electric powertrain. In those contributions, emphasis could be more on steady
operation of an engine. Two interesting paths for those studies were mentioned in
this thesis; first, that of changing the energy management algorithm, and secondly,
changing the control strategy. In this context, changing the energy management
algorithm refers to new algorithm structure, and changing of the control strategy
refers to changing primary tuning variables in the energy management. Secondly,
new research contributions are needed to give exact mathematical and schematic
descriptions for different energy management algorithms in series-hybrid powertrain
topologies. Algorithms should be implemented to the real hardware in order to
avoid misleading errors. Such work is needed for knowledge transfer and documen-
tation, as well as for adoption of clean and renewable energy technologies in the
transportation sector. Thirdly, introduction of quantitative analysis is suggested for
efficiency and fuel consumption mappings, in order to cumulate small error values
in the resulted fuel consumption estimate.
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A Appendix
Table A1: The efficiency mapping data of the DC-DC converter in charge mode.
uratio 30A 50A 70A 85A 107A 126A 146A 170A 196A
0.01 0.632 - - - - - - - -
0.02 0.711 0.711 0.748 0.748 - - - - -
0.03 0.750 0.803 0.796 0.804 - - - - -
0.04 0.791 0.832 0.837 0.839 - 0.753 - 0.422 0.137
0.05 0.812 0.854 0.859 0.861 0.824 0.808 - 0.690 0.322
0.06 0.839 0.868 0.874 0.877 0.852 0.862 0.859 0.742 0.693
0.07 0.852 0.880 0.886 0.888 0.874 0.880 0.883 0.793 0.878
0.08 0.862 0.889 0.895 0.898 0.886 0.893 0.890 0.845 0.882
0.09 0.870 0.896 0.903 0.905 0.899 0.895 0.897 0.896 0.886
0.10 0.877 0.902 0.909 0.911 0.910 0.897 0.900 0.910 0.898
0.11 0.882 0.908 0.914 0.916 0.912 0.915 0.908 0.914 0.910
0.12 0.888 0.912 0.919 0.921 0.917 0.919 0.916 0.918 0.915
0.13 0.893 0.916 0.923 0.924 0.923 0.925 0.923 0.922 0.920
0.14 0.897 0.920 0.926 0.929 0.927 0.930 0.928 0.925 0.924
0.15 0.901 0.923 0.930 0.932 0.930 0.932 0.930 0.930 0.927
0.16 0.904 0.926 0.932 0.935 0.932 0.933 0.932 0.933 0.930
0.17 0.907 0.929 0.935 0.937 0.934 0.936 0.936 0.935 0.932
0.18 0.909 0.931 0.937 0.940 0.937 0.939 0.940 0.938 0.938
0.19 0.913 0.933 0.939 0.942 0.940 0.941 0.942 0.940 0.940
0.20 0.915 0.935 0.941 0.944 0.942 0.944 0.943 0.942 0.942
0.21 0.918 0.937 0.944 0.946 0.944 0.946 0.945 0.941 0.941
0.22 0.922 0.939 0.945 0.948 0.946 0.948 0.948 0.948 0.941
0.23 0.924 0.941 0.947 0.949 0.943 0.945 0.951 0.955 0.948
0.24 0.927 0.942 0.949 0.951 0.948 0.951 0.953 0.950 0.954
0.25 0.928 0.943 0.949 0.952 0.953 0.956 0.957 0.951 0.951
0.26 0.929 0.941 0.950 0.954 0.952 0.952 0.954 0.952 0.952
0.27 0.930 0.946 0.952 0.955 0.954 0.954 0.955 0.954 0.952
0.28 0.931 0.947 0.954 0.957 0.955 0.955 0.957 0.955 0.954
0.29 0.932 0.948 0.954 0.957 0.956 0.956 0.958 0.956 0.955
0.30 0.932 0.950 0.956 0.958 0.957 0.958 0.958 0.958 0.957
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Table A2: The efficiency mapping data of the DC-DC converter in charge mode.
Continuing from the previous page.
uratio 30A 50A 70A 85A 107A 126A 146A 170A 196A
0.31 0.933 0.951 0.957 0.959 0.957 0.959 0.959 0.959 0.958
0.32 0.934 0.952 0.957 0.960 0.959 0.960 0.961 0.961 0.959
0.33 0.935 0.953 0.958 0.961 0.960 0.961 0.961 0.961 0.960
0.34 0.936 0.954 0.959 0.962 0.961 0.962 0.963 0.962 0.961
0.35 0.936 0.955 0.960 0.963 0.962 0.963 0.963 0.963 0.961
0.36 0.937 0.956 0.961 0.963 0.963 0.964 0.964 0.964 0.962
0.37 0.937 0.957 0.962 0.965 0.964 0.965 0.964 0.964 0.963
0.38 0.938 0.958 0.962 0.965 0.965 0.965 0.965 0.965 0.964
0.39 0.939 0.958 0.963 0.966 0.966 0.966 0.966 0.966 0.965
0.40 0.940 0.959 0.964 0.966 0.966 0.967 0.967 0.967 0.966
0.41 0.941 0.959 0.965 0.967 0.966 0.967 0.968 0.967 0.966
0.42 0.941 0.960 0.966 0.968 0.967 0.969 0.969 0.968 0.967
0.43 0.942 0.961 0.966 0.969 0.969 0.969 0.969 0.969 0.968
0.44 0.942 0.962 0.967 0.969 0.969 0.969 0.970 0.970 0.968
0.45 0.943 0.962 0.967 0.970 0.970 0.970 0.970 0.970 0.969
0.46 0.944 0.963 0.968 0.970 0.970 0.970 0.970 0.971 0.970
0.47 0.944 0.963 0.969 0.971 0.971 0.971 0.971 0.972 0.970
0.48 0.945 0.964 0.970 0.971 0.971 0.972 0.972 0.972 0.971
0.49 0.946 0.965 0.970 0.972 0.972 0.973 0.973 0.973 0.972
0.50 0.947 0.965 0.970 0.973 0.973 0.973 0.973 0.973 0.972
0.51 0.947 0.966 0.971 0.973 0.973 0.974 0.970 0.972 0.968
0.52 0.948 0.966 0.972 0.974 0.972 0.974 0.974 0.974 0.971
0.53 0.949 0.967 0.972 0.974 0.974 0.975 0.975 0.975 0.974
0.54 0.950 0.968 0.973 0.975 0.975 0.976 0.976 0.976 0.974
0.55 0.951 0.968 0.973 0.975 0.975 0.976 0.976 0.976 0.975
0.56 0.952 0.969 0.974 0.976 0.976 0.977 0.976 0.976 0.975
0.57 0.953 0.970 0.975 0.976 0.977 0.977 0.977 0.976 0.976
0.58 0.955 0.971 0.975 0.977 0.977 0.973 0.975 0.976 0.976
0.59 0.956 0.971 0.976 0.977 0.977 0.973 0.975 0.976 0.976
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Functional Simulations of Power  
Electronics Components in Series-Hybrid  
Machinery for the needs of OEM 
 
Abstract— This paper proposes method for rapid control pro-
totyping of the series-hybrid transmission system. The rapid con-
trol prototyping needs simulation submodels from all system 
components in order to develop supervisory control software. 
The same simulation models can also be used to optimize the 
drive train. The target framework for the rapid control prototyp-
ing method is the original equipment manufacturer (OEM), 
where the objective is to build devices from subcontractor’s 
components. The machinery industry, as a target group, uses 
high power ratings for the creation of motion, which leads to 
high voltage and current values used in the system. Therefore, 
prototyping is started with careful simulations. This paper also 
seeks to create a general idea about the structure of the series-
hybrid power transmission and assists the start of the process for 
designing the supervisory control. 
 
Index Terms—functional simulation, power electronics, series-
Hybrid drive train 
 
I. INTRODUCTION 
E
fo
AVY machinery such as harbor straddle carriers, loaders 
r underground mines and forestry harvesters are conven-
tionally powered with the internal combustion engine (ICE). 
The ICE is traditionally connected to the mechanical or hy-
draulic power transmission. Work cycles of such machinery 
are often such that the fuel economy of the machine could be 
increased considerably by hybridizing the drive train. Buff-
ered electric power transmission allows energy regeneration 
and optimization of the diesel operation.  
 The driving force behind the hybridizing of heavy machin-
ery is the fuel economy. As a side-effect, better fuel economy 
results in lower emissions and equipments life-cycle costs. In 
some cases, it is also possible to downsize the engine, because 
the engine no more has to be sized for peak-power [1]. An- 
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other important aspect is the drastically increased amount of 
available electric power. In the heavy machinery there often 
exist subsystems which could benefit from the on-board elec-
tric power plant and electric energy storage. For example, the 
belt-driven cooling fan could be replaced with an electric mo-
tor driven fan. The speed of the fan could then be adjusted 
freely, because there is no mechanical coupling between the 
ICE's shaft and the fan. When cooling is not needed, energy 
could be saved by shutting the fan off. Additionally, the elec-
tric power transmission provides better traction and actuator 
control than the traditional power trains. 
 A hybrid electric vehicle is drive-by-wire by nature and 
needs a sophisticated vehicle control system. The control sys-
tem collects data from subsystems, and based on the data and 
driver’s requests, it gives control references to the subsystems. 
Because of the complexity of the system, model-based soft-
ware development is widely adopted in the industry.  
Model-in-the-loop (MIL) simulations provide fast and 
flexible development of the system level power management. 
Simulations provide also useful information in the concept 
design phase and can be used in the component selection of 
the subsystems. 
In order to perform model-in-the-loop (MIL) simulations 
for the vehicle control system, functional models of the sub-
systems are needed. A functional simulation model describes 
the basic behavior and operational limits of a component or a 
subsystem. The models should have the same I/O interface as 
the real components. The models should also simulate real 
variables, such as voltages, currents and engine speed, with 
enough accuracy. Too high accuracy results in very slow 
model execution, and too low accuracy results in inaccurate 
data, thus corrupting the simulation results. Therefore, a good 
balance between accuracy and model execution time is desir-
able. 
In this paper, functional models of the main components of 
the series-hybrid system are presented. MATLAB is used as a 
modeling environment. The framework of the study and de-
velopment is the heavy machinery original equipment manu-
facturer (OEM) industry [2].  
II. SIMULATION OF SERIES-HYBRID SYSTEM 
The series-hybrid drive train connects primary energy 
sources to energy storages and loads via the dc voltage link. 
Therefore, power electronic devices are needed to separate 
H 
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different voltage potentials between energy storages and to 
control the power flow through the drive train. Furthermore, 
power electronic devices are needed for motion control with 
the electric motors. 
Figure 1 represents possible components used in the series-
hybrid drive train. The internal combustion engine or the fuel 
cell stack is used as a primary energy source. As a secondary 
energy storage can be used, for example, ultracapacitor mod-
ule, battery, fly-wheel or a combination of these, depending 
on the application. Methodologies for designing appropriate 
power transmission system are presented in papers [1], [3] - 
[6].  
 
 
Fig 1.  The layout of the series-hybrid drive train 
 
The connection from the generator-set to the dc voltage link 
is made with an active rectifier, which enables adjustment of 
the output voltage in the dc voltage link part. As a result, it is 
possible to force the generator-set to work along the maximum 
efficiency line, in co-operation with the speed control and the 
active rectifier control [7]. The connection from the fuel cell 
stack to the dc voltage link is made with a unidirectional dc/dc 
converter. In contrast, the battery and the ultracapacitors are 
connected to the dc voltage link using bi-directional dc/dc 
converters [8]. The fly-wheel is connected to the dc voltage 
link through an inverter. 
The simulation models presented in this paper are made 
with the MATLAB/Simulink software. Further, the simulation 
libraries SimPowerSystems and Stateflow are used to generate 
the simulation subcomponent models of the series-hybrid sys-
tem. The SimPowerSystems library components are used for 
modeling the hardware in the series-hybrid drive train, and the 
Stateflow library is used for producing the control logic of the 
subsystems in the simulation model. 
 Modeling of the series-hybrid power transfer system should 
reach 20 Hz-bandwidths accuracy, which is enough for the 
system level control design. The accuracy is ensured by using 
correct capacitance and inductance values in the interfaces of 
power electronic component submodels. With regard to the 
transferred current levels, this bandwidth carries electrical 
transients caused by capacitors, inductors and the equivalent 
series resistances. The bandwidth enables the power electronic 
switches to be left out from the submodels, and the models are 
built over the current control loop. The functioning of the 
power-semiconductor switches is taken into account with the 
PI-regulators, which limits the maximum value of control sig-
nal. In additionally, the simulation models are run with a dis-
crete solver of the MATLAB/Simulink, in which the sampling 
time of the models is close to the switching frequencies of the 
power electronic devices. 
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Fig. 2. The series-hybrid system simulation model realized with the SimPow-
erSystems and Stateflow library components. 
 
 The simulation model of the series-hybrid system includes 
submodels of the current and the voltage controlled dc/dc 
converters, the brake chopper, the load consumption data and 
the active rectifier-generator combination. Accurate simula-
tion model from the internal combustion engine have been left 
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out of study for the simplicity. Therefore, the simulation 
model solves the required torque from the internal combustion 
engine, which gives information from the rating necessary. 
 
A. Modeling of the Current Controlled DC/DC Converter 
Modeling of the dc/dc converters is based on the current 
control loop.  The dc/dc converters are presumed to transfer 
the current ideally from one voltage level to the other, because 
the consideration of transfer losses in transferred current 
would be difficult. The current control loop in the dc/dc con-
verter simulation model will be as follows. 
 
1. Given current reference is generated to the wanted 
direction 
2. Transferred power is measured 
3. Solved current is taken from the opposite direction 
 
The difference between current transfers can be neglected 
because of a short sampling time in the simulations. 
The interfaces of the dc/dc converters are modeled using 
the capacitance and the inductance components found in the 
SimPowerSystems library. The current reference coming from 
the superior control is generated and directed through to the 
inductance port with the controllable voltage source connected 
to PI-regulator.  
Superior to the current control loop, the dc/dc converter has 
Stateflow block, which contains the voltage value limits of 
energy storage. If either the maximum or the minimum limit 
overpasses, then the signals coming from the superior control 
are disabled. The maximum voltage level is defined by the 
nominal voltage of the energy source and the minimum volt-
age is determined by the point at which the power transfer 
efficiency in the dc/dc converter collapses. 
 
Information of the power transfer losses in the dc/dc converter 
 Information of the dc/dc converter’s transfer losses is based 
on the measured efficiency map. The dc/dc converter’s effi-
ciency is defined by the transferred current and the conversion 
rate of the voltages between upper and lover voltage levels. 
The efficiency map is included into the simulation model as a 
lookup table, which gives the state of the power transfer at the 
time. 
 
B. Modeling of the Voltage Controlled DC/DC Converter 
The voltage controlled dc/dc converter is used in fast low 
level control/stabilization of the dc-link voltage. This con-
verter is typically used with ultracapacitors [4]. The simula-
tion model from the voltage control has been implemented 
between the current control and the superior control of the 
system. This control has been made using the Stateflow block. 
 
Fig. 4.  The voltage control limits build on top of the current control loop with 
the Stateflow block. 
 
In addition to the voltage limits in energy storage side, the 
voltage controlled dc/dc converter has a tolerance-band con-
trol in the dc voltage link port. The dc-link’s tolerance-band 
control ensures that the dc-link’s voltage does not collapse or 
increase in sudden load transients. After the voltage changes 
to the maximum or the minimum control value, the current is 
transferred via the dc/dc converter to stabilize it. The current 
direction depends in which, maximum or minimum, limit 
value dc-link’s voltage overpasses. The current transfer stops 
after the voltage overpasses the hysteresis of the limit in ques-
tion. The voltage controlled dc/dc converter enables the 
smooth loading of other energy sources, which is suitable for 
their operation. Therefore, other energy sources should be 
controlled to remove loading from the voltage controlled con-
verter and to maintain the dc-link’s voltage within its voltage 
tolerance band [9]. 
 
Fig. 5.  The voltage control limits illustrated with constant current reference. 
 
C. Modeling of the Active Rectifier 
The active rectifier allows controlling of the output voltage 
of the dc-link’s port. The active rectifier is modeled in a simi-
lar way as the dc/dc converters, which includes the ideal 
power transfer, the interface capacitance and the controllable 
current source. The output in the dc-link’s port is voltage 
regulated, and the output voltage is calculated using the inter-
nal combustion engine’s speed state value and also the voltage 
reference, which come from the superior control. The trans-
ferred power to the dc-link is measured and the necessary 
torque to maintain the speed reference of the internal combus-
tion engine is solved. The generated transfer losses will be 
modeled using the efficiency data inside the lookup table. 
 4
 
Permanent magnet generator 
The permanent magnet generator is modeled by taking into 
account the approximate efficiency value and the inertia of the 
rotor. The efficiency of the generator increases the torque 
value necessary from the internal combustion engine. The 
inertia of the rotor affects the speed states of the internal com-
bustion engine. 
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Fig. 6.  The simulation model of the active rectifier   
 
Solving the needed torque from the internal combustion en-
gine 
Modeling of the internal combustion engine is problematic 
because it operates behind its own electrical control unit. 
Therefore, the model of generator-set is superficial and in-
cludes only the inertia of the internal combustion engine and 
the speed control loop from which the required torque is 
solved. The torque is solved from the transferred power and 
from the speed state of the internal combustion engine and up 
rated with the efficiency value of the generator. The speed 
control loop, with the P-regulator, adjusts the required torque 
with the production of inertia as well as with the speed state 
adjustment signal. 
 
D. Modeling of the Inverter load 
The loading of the series-hybrid system is modeled using 
the recorded power consumption data. The heavy machinery’s 
power consumption data can be recorded from the parameter 
values of the inverter in the machinery, which has electric 
drive train. The real power data gives information from rating 
of the secondary energy storages, the dc/dc converters as well 
as rating of the ICE. If the apparent power is used instead of 
the real power, the simulation offers information also from the 
necessary dc-link capacitance. The measured data can be 
driven out from the dc-link with the controllable current 
source. The inverters real power data is needed designing a 
supervisory control for different power flow directions and 
operation points. The other approach for the simulation of the 
load is to generate an approximate load curve with the signal 
builder block. 
 
E. Modeling of the Brake chopper 
The brake chopper is modeled using the current source par-
allel with the dc-link. The current source is controlled with a 
PI-regulator which is controlled with the dc-link voltage. As a 
functionality of the brake chopper, the current sources power 
transfer is limited by the maximum power, which can be dis-
sipated into the brake resistor. The brake chopper enables 
when the dc-link’s voltage overpasses the activation limit. 
 
F. Modeling of the Power Sources 
The ultracapacitors and the battery are modeled simply with 
an internal resistance, capacitance and with the energy stor-
ages initial condition. In reality, the equivalent circuit is more 
complex, but for the OEM needs this modeling level is suffi-
cient. The supervisory control of the series-hybrid power 
transmission does not necessarily need information from volt-
age balance between subcomponents of the energy storage 
[10]. 
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Fig. 7.  The simulation model of the generator-set in the series-hybrid system  
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G. Converting the Simulation Model to S-function 
The simulation model of the series-hybrid system is realized 
using the SimPowerSystems as well as the Stateflow compo-
nents, which do not belong to basic Simulink libraries. There-
fore, it is worthwhile to generate the S-function from the 
simulation model with the MATLAB/real-time workshop. The 
S-function belongs to the basic Simulink library, and after 
compilation, no other Simulink libraries are needed. This is an 
advantage because then the OEM does not necessarily need to 
have the same Simulink libraries as the university. 
 
III. SYSTEM LEVEL POWER TRANSFER CONTROL  
The power transfer in the series-hybrid system is realized 
through the dc voltage link. The first, requirement is to create 
algorithms for controlling the energy storages with the dc/dc 
converters and the internal combustion engine within the al-
lowable control limits. For example, with the dc/dc converter, 
the voltage drop over the energy sources series resistance en-
forces the down rating of the current while operating near the 
energy sources maximum and minimum voltage levels [9]. 
Furthermore, the energy storages maximum voltage and 
power transfers efficiency’s collapsing defines these voltage 
limits. 
The second, requirement is to create algorithms and control 
logic for transferring power through the dc-link with stabi-
lized dc-link voltage. Control with a stabilized dc-link voltage 
leads to minimized losses in the internal resistance of dc-links 
capacitor bank. It should be possible to transfer power from 
any source to any secondary energy storage. Information 
about the suitability of the controls is also gained from the 
torque curve of the ICE. 
The third, requirement is to create the supervisory control 
for the series-hybrid power transmission. Several control 
strategies have been presented in the latest research papers. 
Simple control strategies are torque boost, in which an ultra-
capacitor module is used as support while accelerating and as 
storage while decelerating. Another simple control strategy is 
peak shaving, which smoothens loading from the ICE during 
continuous run with the ultracapacitor module. The need for 
slightly more complicated supervisory control strategies arises 
when a battery is included in the drive train. More sophisti-
cated supervisory control strategies are presented in papers 
[6], [7], [10] and [11]. One interesting strategy, for example, 
is the Equivalent Consumption Minimization Strategy 
(ECMS) [7]. 
 
IV. TEST BENCH 
The supervisory control for controlling the hybrid power 
transmission needs to be tested with the corresponding test 
setup. The testing is made with the test bench built in the 
automotive laboratory. The test bench includes an active recti-
fier-bridge (Pcont 310 kW) connected to a power grid, which 
can be used to simulate the active rectifier connected to the 
generator-set in the hybrid drive train. The dc/dc converter 
(Pcont 90 kW) and the ultracapacitor module (17,8F, Unom 
390V) are used for energy buffering in the test bench. The 
loading of the dc-link is created with an inverter (Scont 120 
kVA), which is connected to the induction motor (Pcont 67 
kW). The induction motor is used against the dynamometer, 
which transfers power back to the power grid. The dyna-
mometer has a continuous power limit of 120 kW. Parallel to 
the dc-link is the brake chopper, for which the power dissipa-
tion is rated as 60 kW. At the moment, the series-hybrid 
power transmission test bench is lacking Li-ion batteries as the 
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Fig. 8. S-function generated from the series-hybrid transmission simulation model and its control interfaces. 
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other secondary energy storage. 
The series-hybrid power transmission system’s components 
are connected to CAN-bus to Beckhoff industrial I/O inter-
face, which is controlled with the dSPACE prototyping hard-
ware MicroAutoBox. The dSPACE MicroAutoBox can be 
used to compile the Simulink models to C-code and also as the 
software platform [12]. 
 
 
Fig. 9. The test bench in the automotive laboratory  
 
V. SIMULATION EXAMPLES 
The simulation model is introduced with the control princi-
ple, where an ultracapacitor module is used for the power 
generation in fast load transients, whilst the battery current is 
ramped up to support the internal combustion engine [4]. The 
active rectifier is used for raising the dc-link voltage over the 
voltage controlled converters control limit. After disabling the 
ultracapacitors, the load current is supplied from the active 
rectifier and the battery.  
The voltage controlled dc/dc converter is used with a 580 V 
minimum voltage level with 20 volts of control hysteresis. Its 
current is controlled with the quadratic function of the dc-link 
voltage. The current controlled dc/dc converter, which con-
trols the battery, has a linear current reference as a function of 
the dc-link voltage, starting from the same dc-link voltage 
limit as the voltage controlled converter. Likewise, the control 
of the active rectifier is started from the same control limit and 
the voltage reference is ramped up as a function of the dc-link 
voltage. 
 
 
Fig. 10. The control functions in the example simulation 
 
VI. FUTURE WORK 
In the future, the series-hybrid power transmission systems 
control algorithms generation will be continued and the testing 
of the control logics is started with the hardware.  
The test bench will be finalized with the lithium-ion battery 
energy storage connected via the current controlled dc/dc con-
verter to the dc-link of the series-hybrid system’s test bench. 
The active rectifier connected to the power grid is replaced 
with a combination of the generator-set and the active recti-
fier. 
Efficiency measurement results from the dc/dc converter 
and from the inverter are included in the simulation model. As 
a result, the simulation model gives information for the rating 
of the liquid-cooling system. 
Different supervisory control strategies will be simulated 
and tested in the test bench. In particular, strategies based on 
the inverter’s power transfer parameter will be considered. 
Strategies with one and two current controlled energy sources, 
both voltage and current controlled energy sources are also 
investigated. Furthermore, it is possible to test different kinds 
of predictive control strategies, if proper data from the ma-
chinery’s working cycle is available. 
 
VII. CONCLUSIONS 
This paper proposed a way to model the functionality of 
power electronic components in the series-hybrid drive train. 
For the generation of the simulation models the 
MATLAB/Simulink software with SimPowerSystem and 
Stateflow libraries were used. The model targeted to 20 Hz-
bandwidths accuracy. The simulation models aim is to provide 
the possibility for early phase software design in the series-
hybrid power transmission system, and is also a way to opti-
mize the ratings of the secondary energy storages. 
The construction and the operation principles of the sub-
model components were presented and the route for the su-
pervisory control generation was briefly described. The opera-
tion of the series-hybrid drive train was introduced with the 
control principle in which ultracapacitors were used for fast 
transient buffering while the battery and the internal combus-
tion engine were used during steady state loading. 
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Abstract
Thispaperpresentsa low-passfilteredpower-flow controlstrategyforaserieshybridelectricvehic le(S-
HEV)withanenergybuffer.Theproposedcontrolai mstodecreasethemaximumpowervaluesfromthe
primary energy source and, secondly, to reduce the engine-generator dynamics at sudden load changes
(from low loads at low speed to high loads). In cas e of variable speed diesel generator (VSDG) set
downsizing reduces the emissions and the fuel consu mption.Theproposed control strategy is introduced
withtwodifferentdrivingcycles,both,fortheur banandthesub-urbanareas.Theenergylosses,cau sedby
theenergybuffering,andthesizingofheavyduty vehicle’sserieshybriddrivetrainaregainedasa result.
Keywords: Low-pass filtered power-flow control, hea vy duty vehicles, plant optimization, series hybrid electric
vehicle,simulation
1 Introduction
THIS study is part of a duty vehicles hybridization
project. Heavy duty vehicles typically have very
machine and task specific cycles, which are
difficult to generalize. Therefore, the well known
BraunschweigandNewEuropeanDriving(NEDC)
cycles have been used in order to provide new
information about power losses in supercapacitor
(SC) buffered series HEV driveline. The study,
which is made for the dutymachines, can also be
utilizedforheavydutyroadvehiclessuchastruck s
andbusses.
Usefulness of the hybrid electric driveline
depends on the load cycle. Therefore, this paper
presentsalow-passfilteredpower-flowcontrol[5] ,
[7]-[9], [11], [16]with two different load profile s,
whicharguesforbothconvenientandinconvenient
cycles.Asaresult,thestudyoffersconfirmingda ta
for reducing the size of the primary energy source
comparedtootherresearch[8],aswellas,sizing and
power losses, in both, in the SC and in the dc/dc
converterofthesystem[6].
Ithasbeenshownthatbaddynamicalpropertiesof
the system for the VSDG, as in conventional drive
train,canbeconsiderablyimprovedbyimplementing
power electronic converters with an energy buffer
[12]. The low-pass filtered power-flow control
reduces dynamic requirements from the primary
energysource.
Thepresentedlow-passfilteredpower-flowcontrol
also seeks methods to reduce the deep discharge
cyclesfromtheSC,whichcauseslimitedlife-time in
verycyclicapplications.Inordertoachievesuffi cient
lifetime of supercapacitors, it should be avoided t o
usethefulloperationrangeoftheSC(50%to100%
stateofcharge,SOC),whichhasalimitedlifetime of
1millioncycles.
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2 Introduction
2.1  Topology
Theserieshybriddrive train ispresented inFig.
1. The VSDG generates ac current to the active
front end converter (AFE), which converts the ac
current to the dc current and stabilizes the dc lin k
voltage. The AFE regulates the dc link voltage to
650V in theproposed system.Theenergy storage
(ES), in this case a supercapacitor module, is
connected via the dc/dc converter to the dc link.
Theinverterisconnectedtothedclinkandisuse d
directly from Power Management System (PMS)
forthetractioncontrolpurposes.
The proposed variables for the power-flow
control are the load power to the inverters, the
speed of the vehicle, the dc link voltage and the
energy storage voltage [9], [10]. The load power
can be considered as a measured or as a
feedforward value [4]. The control signals for the
power-flow control are the dc link voltage
reference, which would be controlled from the
PMS, feedforward power flow for the AFE, the
dc/dc converter's current and the speed of the
VSDG[2][12].VSDGiscontrolledwithinoptimal
operation area [14] [16].The system topology, the
controlsignalsandvariablesareshowninFig.1.

Fig. 1 The system topology, the control signals and  control
variables for the supercapacitor buffered series-hy brid
electrictransmission.
2.2  Propulsion power in the Driving
Cycles
The requiredpropulsionpower from the electric
transmission is determined based on the system
constraints as maximum acceleration, rated and
maximumvehiclevelocity,andvehiclegradability.
Thepropulsionpowercalculationisstraightforward
withthefollowingequations.First,thetotaltrac tion
forceissolved:

2
0
1
2
( ) ( ) ( )d FF t C mg C A v t ma tρ= + +  (1)

where F(t) is thetractionforceasafunctionoftime,
C0 isthestaticfrictioncoefficient, m isthemass, g is
the gravitation, ρ is the air density, Cd  is the air
frictioncoefficient, AFisthecross-sectionalarea, v(t)
is thecurrentvelocityaccordingtotime,and a  is the
acceleration as a function of time. Then, the
propulsionpower P(t) asafunctionoftimeis:

( ) ( ) ( )P t F t v t=
 (2)

Therefore, solving of the propulsion power starts
fromthedrivingcycle,whichgivesthecurrentspe ed
and theaccelerationasa functionof the time. In the
simulationsweusetheNEDCandtheBraunschweig
cycles to demonstrate the behavior of the presented
control, as in reference [7]. Table I shows the
environment and the vehicle parameters used to
simulatetherequiredpropulsionpower.

TABLE  I
Environmentandvehicleparametersinsimulations[ 1]
Symbol Quantity Value
C0  staticfrictioncoefficient 0,013s 2/m2
m mass 10000kg
g gravitation 9,81m/s 2
ρ airdensity  1,29kg/m 3
Cd  airfrictioncoefficient 0,3
AF cross-sectionalarea 8m 2

Fig. 2 illustrates the speed and the required
propulsionpowerfortheNEDCandFig.3represents
thesamevariablesfortheBraunschweigcycle.Thes e
figures depict how the propulsion power reaches its
highest values in the endof the accelerationand t he
regenerativepoweratthestartofthedeceleration .
TheNEDCrepresentsboth,theurbanandthesub-
urbanareacycles.AsfromtheFig.2canbeseen, the
changepointof theurbanandthesub-urbanareas i n
theNEDC is in the800 seconds.TheBraunschweig
cycle simulates only the urban area operation with
shorter accelerations and decelerations contrary to
NEDC.
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Fig. 2 The New European Driving Cycle and the requi red
propulsionpower (duration1160s, length11.0km, average
speed34.2km/h,maxspeed120km/h,shareofidle 22.4%).


Fig. 3 The Braunschweig driving cycle and the requi red
propulsionpower (duration1740s, length10.9km, average
speed22.5km/h,maxspeed58.2km/h,shareofidle 25%).

The following simulations aremade to illustrate
how the maximum propulsion power can be
reduced with the low-pass filtered power-flow
controlindifferentdrivingcycles,andwhichare its
drawbacks.
Besidesthepropulsionpowercalculatedfromthe
driving cycles, the simulated cases are assumed to
consumeconstantpowertoauxiliarydevicesofthe
vehicle. Constant power is simply added to
propulsionpower. In these simulationcasesproper
constantpowerconsumptionwouldbee.g.10kW,
whichislaterusedinthesimulations.

2.3  Powerlossesinsimulations
Thepowertransferefficiencieshaveasignificant
role in order to define the usefulness of S-HEV
driveline. In this paper, the power losses deriving
from power-flow filtering in dc/dc converter and
supercapacitor module are considered. This is
realized with measurement based efficiency maps
from the dc/dc converter and ESR value of a
commercialsupercapacitormodule.Thepowerlosses
in other converters and electric machines of studie d
systemareleftoutofthescope,though;theyare still
modeled with the same hybrid simulation modeling
principle.
Inverters, rectifiers and traction motors, are
modeled based on hybrid simulation modeling of
converters and electric machines. These models are
built with the efficiency maps received from the
manufacturer. In hybrid simulation models, the
transferred power through the power train is scaled
withtheefficiencyvalueoftheoperationpointof the
deviceinquestion.
Simulations concentrate only on system level
power transfer. Therefore, typical behavior of the
supercapacitorselectrochemicalcharacteristics is left
out of consideration and simulations only consider
electrical characteristics of the energy storage.
Although supercapacitors resistance and capacitance
are state of charge dependent, supercapacitor
modulesaresimulatedwithconstantequivalentseri es
resistance and capacitance [13]. Also, leakage
currentsofsupercapacitorsareneglected.

2.4  Hybrid Simulation model of the
dc/dcconverter
Dc/dcconverter'stransientbehaviorisneglectedi n
the simulations, which causes a small error to the
supervisory control simulations by the step respons e
of modern dc/dc converter. Therefore, dc/dc
convertersareassumedtobeidealandthesimulati on
stepsarepushedlonger.
The power losses during the converter's operation
are defined with the measured efficiency data.
Efficiency values from the converter's different
operation points are used to calculate the power
losses in the dc/dc converter and in the SC module
during the energy buffering [3]. In the simulations ,
when operation point exceeds the limit of the
efficiency map, the end value of the map is used.
Preceding approach is widely called as a hybrid
simulationmodel.
 Fig.4showstheefficiencymapofthebuck-
boostdc/dcconverterasafunctionofthetransfer red
current and the ratio between upper and lower
voltagelevels.Thefigurerepresentschargeoperat ion
and it is based on the measurements done for the
dc/dc converter which has interleaved inductor
phasesand120ampsnominalcurrent.
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Fig. 4 Themeasured efficiencymap of the dc/dc con verter
duringchargeoperation.

The total power transfer efficiency from the dc
link side is solved from the efficiencymapsof the
charge and discharge operations of the dc/dc
converter, and also with the equivalent series
resistance(ESR)ofthesupercapacitormodule.One
efficiency map of the energy storage according to
ESR losses is shown inFig.5.Theefficiencymap
fromtheESRlossesiscalculatedwiththeequation :
sc ESR sc
sc
u R i
u
η − ∗=
 (3)
where η is the efficiency, usc  is the voltage of the
SCmodule, RESR  is the equivalent series resistance
attained from the datasheet [15] and isc  is the
currentoftheSCmodule.


Fig.5ThepowertransferefficiencyaccordingtoE SRlossesin
theenergystorage.

Accuracy of solving the power losses in a
supercapacitor module is reduced when the losses
are calculated only with ESR value of the dc
resistance. This is because the capacitance of a
supercapacitor is very frequency dependent [13].
Therefore, assumption with supercapacitor power
losses modeling is that converters transfer only dc
current and power losses caused by converters
switching frequencies are neglected. So, the
simulatedpower losses in thesupercapacitormodule
are considered to be the minimum that can be
realized. Previous further speeds up system level
modeling, while more accurate modeling of losses
withhigher frequencycomponentsmakesimulations
unnecessarycomplicated.
Fig.6representsthetotalpowertransferefficien cy
of the energy buffering. Figure is done by
multiplyingefficiencymapsfromthedc/dcconverte r
andfromthesupercapacitormodulewitheachother.
So,thefiguretakesintoaccountchargeanddischa rge
operationsof thedc/dcconverterandtheESRof th e
supercapacitormodule. This figure is based on both
theoreticallycalculatedandexperimentallymeasure d
efficiencyvalues.


Fig.6Thetotalpowertransferefficiencymapfrom thedclinkside
according to theoretical calculations and experimen tal
measurements.

3 Presentedpower-flowcontrol

3.1  Power-flowcontrolinthedclink
Thelow-passfilteredpower-flowcontrol,whichis
previouspresentedinstudies[5],[7]-[9],[11],c anbe
implementedabovethesystemshowninFig.1.Itca n
be generalized into two parts. The first is the pea k
power shaving control algorithms and the second is
the low-pass filtered power-flow control, which is
buildonthetopofthefirstone.Thelow-passfil tered
power-flow control simply makes the peak power
shavinglimitstomove.
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3.1.1.1 The Peak Power
Shavingcontrol
The proposed peak power shaving control is
based on the minimum and the maximum power
limits.These limitscanalsobeused to specify th e
converter’s current direction. The power limits are
comparedwiththesubtractiontothemeasuredload
power, and the result is saturated either with the
normal or with the dynamic saturation. The
minimumpower limit is creating an inverse of the
correctpowerbufferingvalue;thereforeitisneed ed
totakeabsolutevaluefrompowerbufferingsignal.
The saturation values for the peak power shaving
are from thezero to themaximumdesired,and for
the power buffering from the maximum buffered
power to the power which triggers the buffering.
The previous signals are next divided by the state
valueofthedclinkvoltagefortoachievethepea k
shavingandbufferingcurrentreferences.Byadding
them together, we attain dc/dc converter's current
reference in thedc link side.Then, the errorvalu e
from dc link’s voltage is added to the current
reference with the proportional gain for to more
stabilizethedclinksvoltage.Intheend,thecur rent
reference is shifted to ES’s voltage level, in case
wherethedc/dcconverterisdesignedtocontrolth e
currentintheES’sside.


Fig.7ThePeakPowerShavingcontrol.
3.1.1.2 The low-pass Power-
flowcontrol
The low-pass power-flow control, which is
shown in Fig. 8, is built on the top of the peak
power shaving control. In the proposed control
strategy, the idea is tomake themaximumand the
minimumpowerlimitstomoveasafunctionofthe
loadpowerandthevoltageoftheES.
First, the state value of the load power is
determinedandbrought to the supervisorycontrol.
Second, the discrete finite impulse response (FIR)
filter averages the load power. This could also be
made with several filters with different time
constants [11]. According to the simulations it is
suggestedthatthepowerisaveragedwiththetime of
the longest accelerationduring thedrivingcycle [ 7].
In this paper filtering is done with only one time
constant, which is 20 seconds. Third, the filtered
power isweightedwith2 - 1/75000* pfiltered  function.
This function priories the power buffering to take
placeinlowloadsinsteadoftimesofhighloads.
In contrast to filtered load power value, energy
storage’s voltage determines the power level, which
needs tobegeneratedby the primaryenergy source.
Previous is realizedwitha function,whichgetshi gh
power values at low energy storage’s SOC and vice
versa.Inthesimulationsthisfunctionwasformula ted
as 75000 – 750/5* v, and it is only scaled with
maximum energy storage’s voltage level value
between different simulation cases. In principle, t his
function creates power limit plane which defines
either to cut peak powers or buffer the power from
the VSDG. In addition, weighted function from
energy storages voltage is filtered with 2 seconds
time constant, which is also used to filter the
variationofthepowerlimitplane.
In the low-pass filtered power-flow control, the
next step is to multiply prioritization function fr om
thefilteredloadpowerandthepowerlevelcreated by
energy storage’s voltage. The result creates a
weighted power limit plane as a function of filtere d
load power and energy storages voltage. Then; the
hysteresisareaddedtothecreatedpowerlimitpla ne.
These hysteresis are used to create delay between
dc/dc converter's charging and discharging control
signals.Afterhysteresis,controlschemesfromFig .7
and Fig. 8 interconnect. The proposed power limit
planehasbuilt-inmaximumvoltagelimitfortheSC .
Fig. 8 also presents algorithm,which filtersmore
the AFE current. This AFE current filtering is also
addedtodc/dcconvertercurrentreference, showni n
fig. 7, with the proportional gain value. The AFE
current filtering component is calculated from the
state value of the AFE current, filtered value of t he
AFE current andwithmultiport switch, which takes
inconsiderationofpresentcurrentdirection indc /dc
converter.FilteringoftheAFEcurrentwasdonewi th
20secondstimeconstant.


Fig.8TheLow-passfilteredpower-flowcontrolalg orithm.
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The system without a load is driven
automatically to high SOC value, if the power
limitsarekepthighcomparedtothepresentstate of
the loadpower.ThisprovidesSOC tobe adequate
forthenextacceleration.Fig.9presentsthePLP set
bytheweightedvariables.

Fig.9Thepowerlimitplanesetbyweightedvalues fromenergy
storage’svoltageandthefilteredpower.

Table II presents the parameter values which
wereusedintheintroducedcontrol.

TABLE  II
Currentcontrollerparametersinthesimulations
Symbol Quantity Value/function
P Proportionalgaininfig.
7
0,25
P Proportionalgaininfig.
8
0,5
iref Dc/dcconverter’scurrent
refintheenergystorage
side
--
f(pfilt) Theweightingfunction
forthefilteredpower
2-1/75000* pfiltered
f(UES) Theweightingfunction
fortheenergystorage
voltage
75000–750/5* v

3.2  The flowchart of the proposed
power-flowmanagement
Fig. 10 represents the startup flowchart for the
proposed power-flow management. In the
beginning, thesystemis inrest.After theauxilia ry
power is switchedon, theVSDGis startedand the
supercapacitor module is charged to the specified
level.Then,thedclinkvoltageisregulatedwith the
AFE to650V level.After the activationof thedc
link voltage regulation, the low-pass power-flow
controlbeginstooperate.



Fig.10Theflowchartoftheproposedpower-flowma nagement
algorithm.

3.3  Control of Active Front End
converter in the simulations and
generation of operation points of the
DieselEngine
In the proposed control, the dc link voltage is
stabilized with the active front end converter. AFE
getitscontrolsignalsfromthesupervisorycontro las
a dc link voltage reference and as a transferable
powertothedclink.Thevoltagereferencewasset to
650Vduringthesimulationsandthepowerreferenc e
was calculated from the static traction power
component of equations 1 and 2. So, feedforwarded
power reference was calculated without the term,
whichincludedacceleration.
In the used AFE simulation model, limited
maximum current as a function of the generator
speed specifies the maximum counter torque of the
VSDG simulation model. As a VSDG simulation
modelwasusedone-dimensionalmodelofthediesel-
engine.ThedifferencebetweentheVSDGmaximum
torque and the limited counter torque of the AFE
definedynamicaltorque,whichisusedforthespee d
change of the VSDG. The control strategies of the
variablespeeddieselgeneratingsystemswerefurth er
studiedin[14].
ThespeedreferencefortheVSDGcanbeobtained
with several different strategies [14]. Proposed
control in the simulations formulates the VSDG
speed reference from the transferred power of the
AFE. Created operation points in one simulation of
this control strategy are shown in Fig. 11. Figure
presentsgeneratedpowerof theVSDGasa function
of the speed of the VSDG with red crosses. Period
between operation points was half second. In
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addition,thefigureincludesmaximumpowercurve
of the VSDG simulation model (black curve) the
maximum power of AFE specified by its counter
torque (blue curve) and specific fuel consumption
curvesoftheusedVSGDsimulationmodel.


Fig.11Thevariablespeeddieselgeneratoroperati onpointsat
thestartofonesimulationcasewithBraunschweig drivingcycle
and31,5Fenergystorage.

OperationpointsoftheVSDGduringsimulation
aredeterminedbyequation:

J
TT
dt
d L−
=
ω
   (5)

where  d ω/dt is differential speed change, T is
torque of the VSDG, TL is counter torque of the
AFE and J is inertia of the gen-set shaft. In the
simulations, inertia of the simulated VSDG was
assumed to be 1 kgm 2  and the initial speed of the
VSDGwas1400rpm.
4 Simulations

The simulations are done with the 5
combinations of the capacitance value of the SC
moduleanditsmaximumvoltagelevel.Theresults
from the simulations are tabulated and simulation
figuresfromCaseIareshown.TableIIIrepresents
the SC dimensioning in different simulation cases.
Energy storage’s nominal values are based on
manufacturer data. In these simulation cases
supercapacitorsareconsideredasbuilt-inmodules,
which include cells, connections between cells,
voltage balancing circuits, packaging and cooling
[15].

TABLE  III
Dimensionsoftheenergybufferindifferentsimula tioncases
[15]
Quantity
Values
Case
I
Values
Case
II
Values
Case
III
Values
Case
IV
Values
Case
V
Capacitance(F) 31,5 42 63 12,6 25,2
ESR(m Ω) 34 25,5 17 85 42,5
Maximum
Voltage(V)
500 375 375 625 625
Weight(kg) 464 348 522 290 580
Usableenergy
(kWh)
0,82 0,62 0,92 0,512 1,03
Continuous
current(A)
300 300 450 150 300
Maximum
current(A)
1500 1500 2250 750 1500
Modules(series/
parallel)
(4/2) (3/2) (3/3) (5/1) (5/2)
Cells(series/
parallel)
(188/
2)
(141/
2)
(141/
3)
(235/
1)
(235/
2)
Initial
Voltage(V)
450 337,5 337,5 562,5 562,5
*Theefficiencymapofthedc/dcconverterisextr apolatedin
simulationcaseswherethemaximumvoltagevalueri seshigher
than400V.

The simulation figures present the total load
current,thedc/dcconvertercurrent,theAFEcurre nt,
the energy storages voltage and the dc link voltage ,
whicharevariablesofproposedcontrolalgorithm.

4.1  ThesimulationfigureswithNEDC
The load current, which was drawn from the dc
link,wassolvedwithequations1,2andwithdcli nk
voltage state. In addition, current change rate wer e
limited not to reach infinite value and to imitate
proper ramp times of power converters. The load
current, in case I, is shown in Fig. 12 during thre e
roundsofECEcycle.
4.1.1.1 SimulationswiththeECEcycle
Figures 12 – 15 presents three rounds of
simulationswithECEcycle.Thismeans600seconds
longsimulation.

Fig.12Thesimulatedloadcurrent,whichwassolve dfromthe
tractionpowerandfromconstantpowerconsumption duringthree
roundsofECEcycle.
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In this study presented control scheme creates
dc/dcconvertercurrent,whichisshowninFig.13.
Thisdc/dcconvertercurrent ispresented inenergy
storagevoltagelevel.

Fig.13Thesimulateddc/dcconvertercurrent,inc aseI,during
threeroundsofECEcycle.

Thesimulatedactivefrontendconvertercurrent
inthedcbusisshowninfig.14.Thefigureshows a
result of low-pass power filtering with dc/dc
converter and simultaneous dc link voltage
regulationoftheAFE.


Fig.14ThesimulatedAFEcurrent,incaseI,durin gthree
roundsofECEcycle.

Thesimulatedenergystorage’svoltageisshown
infig.15.InsimulationcaseI,theenergystorag e’s
capacitancewasassumedtobe31,5Faradsandthe
ESR34m Ω.


Fig.15Thesimulatedsupercapacitormodulevoltage ,incaseI,
duringthreeroundsofECEcycle.

The dc link voltage was regulated in the
simulations with the AFE, which got controls as a
voltagereferenceandasafeedforwardpowertransf er
value. The simulated dc link voltage value is
presented in fig. 16. In the simulations, the dc li nk
capacitance was chosen to 40 mF, which directly
affectstothevariationofthedclinkvoltage.


Fig.16Thesimulateddclinkvoltage,incaseI,d uringthree
roundsofECEcycle.

4.1.1.2 Simulations with the
New European Driving
Cycle

Next, the simulation results with the NEDC after
800secondsareshown.
Figure17showsthedc/dcconvertercurrentduring
sub-urban part of the NEDC. In the end of the
simulationfigurecanbeseenthecurrentspike,wh ich
iscausedbyenergystoragesvoltagedrop.
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Fig.17Thesimulateddc/dcconvertercurrent,inc aseI,during
NEDCsub-urbanpart.

Thefigure18showstheenergystoragesvoltage,
whichcauses failureof the simulated serieshybrid
power transfer during sub-urban part of NEDC.
From the figure we can see that energy storages
voltage drops to zero after 1050 secons of
simulation.


Fig.18Thesimulatedsupercapacitormodulevoltage ,incaseI,
duringNEDCsub-urbanpart.

4.2  The simulation figures with
Braunschweigdrivingcycle
Simulations with the Braunschweig driving
cycle were performed as NEDC. Following are
shown simulation figures from control variables
during Braunschweig driving cycles. Here only
400 seconds are shown tomake pictures clearer,
although results are obtained with 1800 seconds
simulation. Fig. 19 represents the total load
current, which was solved from Braunschweig
driving cycle and from the constant power
consumption.

Fig.19Thesimulatedloadcurrent,whichwassolve dfromthe
tractionpowerandfromconstantpowerconsumption forthe400
firstseconds.

Fig. 20 shows the dc/dc converter current in the ES
voltagelevel.

Fig.20Thesimulateddc/dcconvertercurrent,inc aseI,with
Braunschweigdrivingcycle.

 The active front end converter current was
result of low-pass filtered power – flow control an d
regulationofthedc linkvoltage.TheAFEcurrent is
showninfig.21.
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Fig.21ThesimulatedAFEcurrent,incaseI,inth ebeginningof
Braunschweigdrivingcycle.

 In theBraunschweig driving cycle theES
voltagevariedalmostbetweennominalandhalfof
thenominalvalue.Thiscanbeseenfromfig.22.

Fig.22Thesimulatedsupercapacitormodulevoltage ,incaseI,
withtheBraunschweigdrivingcycle.

The dc link voltage, which was also one of the
controlvariables in theproposedcontrol, is shown
infig.23.


Fig.23Thesimulateddclinkvoltage,incaseI,w iththe
Braunschweigdrivingcycle.



4.3  The simulation results for both
drivingcycles
Following tables IV andV present the simulation
results from the ECE and the Braunschweig cycles
low-pass power filtering. These tables consists dat a
from peak power decrease of the primary energy
source,energylossesduringlow-passpowerfilteri ng
and rating of dc/dc converter and supercapacitor
module.
ThemaximumpropulsionpowerinECEcyclewas
96,2kW,whichincludesboththetractionpowerand
the constant power consumption. Similar value for
theBraunschweigcycleis156kW.

TABLEIV
Simulationresultswith4roundsofECEcycle
Quantity CaseI CaseII CaseIII
MaximumpowerfromtheVSDG,
[%]ofthemaximumload
60,9% 59,9% 59,4%
Energylossesinthedc/dc
converter,averagevalueduring4
simulationrounds
525Ws 684Ws 693Ws
Energylossesinthesupercapacitor
ESR
230,1
Ws
353Ws 209Ws
ESmaximumcurrent 156A 158A 155A
ESrmscurrent 31,3A 31,0A 31,7A
Voltageafter4ECEcycles 439V 333V 328V

 
  CaseIV CaseV
MaximumpowerfromtheVSDG,
[%]ofthemaximumload
72,6% 60,3%

Energylossesinthedc/dc
converter,averagevalueduring4
simulationrounds
542Ws 517Ws

Energylossesinthesupercapacitor
ESR
526Ws 215Ws

ESmaximumcurrent 157A 157A

ESrmscurrent 31,2A 31,4A
Voltageafter4ECEcycles 524V 506V


TABLEIV
SimulationresultsofBraunschweigcycle
Quantity CaseI CaseII CaseIII
MaximumpowerfromtheVSDG,
[%]ofthemaximumload
53,4% 60,0% 50,8%
Energylossesinthedc/dc
converter,averagevalueduring4
simulationrounds
910,2
Ws
1235
Ws
1120
Ws
Energylossesinthesupercapacitor
ESR
628Ws 1043
Ws
579Ws
ESmaximumcurrent 387A 400,0A  383A
ESrmscurrent 55A 54,9A 55,4A
Voltageafter4ECEcycles 429V 316V 313V

 
  CaseIV CaseV
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MaximumpowerfromtheVSDG,
[%]ofthemaximumload
* 54,4%

Energylossesinthedc/dc
converter,averagevalueduring4
simulationrounds
* 883Ws

Energylossesinthesupercapacitor
ESR
* 573Ws

ESmaximumcurrent * 390,0A

ESrmscurrent * 54,9A
Voltageafter4ECEcycles * 495V
*Theenergystorages’voltagedroppedtozerowith the
proposedcontrolparameters.

Theperformedsimulations suggest that inurban
areas and with very cyclic driving cycles it is
possible to decrease peak powers to half of their
original values. This peak power reduction can be
done with several ways. The proposed low – pass
filteredpower flowcontrol efficiency is dependent
from the control parameters and from the
dimensionsoftheenergystorage.Byincreasingthe
amount of series coupled supercapacitor cells we
can decrease energy losses in the dc/dc converter
and in the ES. On the other hand, by paralleling
supercapacitor cells or modules, we can decrease
energy losses in the energy storage. Paralleling of
supercapacitors naturally increases the capacity of
theenergystorage,whichaffectsthestabilityof the
power– flowcontrolandalso to theenergy losses
ofthedc/dcconverter.
5 Conclusion
Thesimulationssuggest that the low-passpower
control can achieve near 50% down rating of the
maximum power from the primary energy source,
while in same time the energy storage’s voltage
fluctuates within 50 % of its maximum value.
Previous conclusion is related to vehicles that are
moving only in urban areas or have very frequent
accelerating decelerating cycles. The low-pass
power-flow control is not that effective when
changed to sub-urban areas, where high power
demandforenergystoragechargingandfortraction
purposestogethercomeswiththedelay.Incasesof
higher power peaks, as in sub-urban area driving
cycles, more capacitance in energy storage is
needed.
Simulationswithdifferentdrivingcyclessuggest
that the highest decrease for the primary energy
sourcepeakpowerisachievedindrivingcyclewith
short accelerations and decelerations. Previous
conclusion can be made by comparing simulation
results from ECE, NEDC and Braunschweig
drivingcycles.
Energylossesgeneratedbythelow–passpower
filtering algorithm is depended on the control
parameters and from the dimensions of the
supercapacitormodule.Simulationsclearlyshowed
the benefit of paralleling supercapacitor modules,
which decreases the ESR, and thereby the losses in
the supercapacitor module. Also, the maximum
operation voltage of the supercapacitor module
showeditsexpectedadvantagewhendc/dcconverter
energylossesareconsidered.
As a drawback, in the simulations, proposed
controlalgorithmcouldn’tmanagethepeakpowerof
the NEDC when driving cycles speed achieved 120
km/h.Inaddition,inthiscontrolalgorithmtheVS DG
is used to charge the energy storage, which leads t o
unwanted generation of power transfer losses.
However, this study was made to demonstrate
possibilities to cut peak power values from the
primaryenergysource.
In the case of Fuel Cell (FC) based systems, the
very highcostofFC stacksmakes it very important
to reduce their nominal power [2]. This also can be
achieved by low-pass filtered power flow control
withlongtimeconstant,whenonlyaveragepowerof
theloadissuppliedtothedclink.
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Abstract—This paper presents validation measurements of a 
series hybrid electric vehicle (SHEV) drive line with an 
ultracapacitor energy buffer. The backward functional quasi-
static power transfer plant models in SHEV are discussed and 
compared against validation measurements.  The full power 
measurement equipment and equipment under tests (EUT) are 
presented. A traditional road cycle is used to imitate duty 
vehicles loading in the plant models validation tests. Finally, an 
energy management algorithm and its behavior are presented, 
and results are concluded. 
I. INTRODUCTION 
HIS study is part of a duty vehicles hybridization project. 
Hybridization of vehicles and mobile machines aim to 
decrease emissions and fuel consumption by exploiting kinetic 
and potential energy of the system, downsizing the primary 
energy source’s power rating, and by generating the primary 
power with the most efficient means. 
Design of a hybrid vehicle or a mobile machine is a very 
complicated task. Therefore, profound research relating to 
energy storing, hardware design and supervisory control is 
needed. This study focuses on hybridization of heavy mobile 
machines. Thus, the study concentrates on the SHEV drive 
line topology with a variable speed diesel generator (VSDG), 
or optionally in the future a fuel-cell (FC) stack, as the 
primary energy source. [1] 
In order to achieve all advantages of the SHEV drive line, 
proper energy management is needed. Therefore, backward 
functional quasi-static causal plant models [1] of power 
transfer components in the SHEV have been developed with 
Matlab SimulinkTM [2]-[3]. Plant models of SHEV 
components are developed for the rapid control prototyping 
(RCP) of energy management algorithms [4]. The design of 
reliably energy management algorithms requires test facilities, 
where operation of algorithms can be verified before 
implementation in the target system [5]-[6]. 
The contribution and novelty of this article is on introducing 
modeling accuracy of the used simulation method against the 
behavior of real full-scale hardware, and on essential 
discussions of full-scale hardware features. Also, conclusions 
about the behavior of the used hard-computing algorithm for 
the load-based energy management are made. 
   
 
 
The paper is organized as follows. Section II introduces the 
modeling principles of each power transfer component with 
the case example comparison between the simulation and the 
measurement, as well as presents error analysis. Section III 
presents a discussion of the used energy management 
algorithm, and section IV concludes the paper. 
II. DEVELOPMENT OF SHEV PLANT MODELS 
The presented work had its pre-studies published in [2]-[3]. 
An introduction to the SHEV drive line is presented in Fig. 1, 
which is an example of an ultracapacitor module (UC) power 
buffered SHEV drive line. The abbreviations in the figure 
represent generator (G), active front end converter (AC/DC, 
AFE), dc-dc converter (DC/DC), inverter (DC/AC) and 
traction motor (EM). The control signals and actual values are 
speed reference (ωref) for the VSDG electronic control unit, 
power limits of the AFE ( p limit), the dc link voltage reference 
for the AFE (udc ref), actual ultracapacitor module voltage (ues), 
actual dc link voltage (udc), current reference for the DC/DC 
(iref) and actual load power (pload). 
 
 
 
Fig. 1. The SHEV drive line with the ultracapacitor module for power 
buffering. 
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 A. General simulation parameters and starting point 
The target of the developed plant models for the SHEV 
drive line is to envisage 20 Hz-bandwidths events accurately. 
Furthermore, the designed system level model should be fast 
to provide efficient energy management RCP [4]. Therefore, 
backward functional modeling from the imposed load cycle 
towards the primary energy sources power delivery is 
appropriate [1]. 
The starting point of simulation models is to choose a 
proper simulation time-step, which in the presented cases is 1 
ms. The previous fundamental time-step is justified by 
possible response times of the current control loop in power 
electronics (PE), for instance, an AFE converter [7]. 
Furthermore, accurate modeling of a change-over switching in 
PE components would lead to very low system level 
simulation times. For this reason, the current control loops of 
PE components are neglected and it is assumed that PE and 
EM components transfer the demanded current. Other 
regulators in different plant-models are operating causality 
with their input and output delays. Furthermore, the choice of 
the simulation time-step enforces the plant-models to the 
functional in the sense of a power electronics description. 
In the backward simulations for the SHEV drive line 
practical starting points are either on the mechanical load of 
the EMs or the load currents of the inverters. The previous 
choice is dependent on the available load data. In the case of 
the mechanical load cycle data, we are able to derivate losses 
in the EMs and AC/DCs as well as scale loading to electric in 
the dc link side. This can be achieved with the measurement 
based efficiency charts in the torque and speed plane, as 
shown for EM in [5]. 
In this simulation model validation, the loading is regarded 
as electrical and derived from the ECE-15 cycle. Figure 2 
presents power control targets for both the FC [8] and the 
VSDG powered SHEVs. The difference between these two 
cases is on the source current during the cycle’s regenerative 
energy. The shown current waveforms are for the load (iload), 
the energy storage (ES) (iES) and the AFE (iAFE). 
 
Fig. 2.  The control problem of the hybrid power control; sketched targets 
of control and used measuring setup for the dc-dc converter plant model 
validation. 
 
 
B. Measurement equipment and EUTs 
Measuring hardware and software of this validation 
consisted of dSPACE MicroAutoBox 1401/1505/1507 and 
dSPACE ControlDesk produced by dSPACE GmbH, 
respectively [9]. The measuring time-step for all variables was 
10 ms. 
The load current measurement was performed with an 
LEM/Norma D6100 power analyzer with its triaxial shunts for 
6 to 300 A current. The accuracy of the current measurement 
with the previous shunts is +/-0.1 %. The voltage udc was 
measured with the device’s terminal with an accuracy of 0.05 
%. [10] 
The current transducer for the dc-dc converter current 
measurements was an LA 305-S and manufactured by LEM. 
The specific current transducer has a frequency bandwidth (-
3dB) of DC to 100 kHz, overall accuracy of +/-0.8 % and less 
than 0.1 % error due to non-linearity [11]. 
The voltage transducer in ues measurements was an AV100-
750, which is also manufactured by LEM. The specific voltage 
transducer has a frequency bandwidth (-3dB) of DC to 13 kHz 
with less than 0.1 % error due to non-linearity [11]. 
The EUTs in the validation tests were as follows: The AFE 
converter NXA_0460 5, which is a product of Vacon Plc, 
regulated the dc link voltage around 650 V and supplied the 
primary source current iAFE. The dc-dc converter between the 
dc link and the UC module was produced by MSc Electronics 
[13], with nominal current of 120A, maximum current of 
200A and minimum current of 20A in the ES voltage level. 
The UC module was a product of Maxwell technologies®, 
with a nominal capacitance of 17.8 F and maximum voltage of 
390 V [14]. 
C. Loading of the test system 
In the simulation validation tests the load of the dc link was 
created with inverter, which was controlling one side of an 
EM dynamometer. The load current (iload) was realized with 
speed control mode of a loading EM and torque control mode 
with the cascaded power controller of a traction motor. The 
traction motor power reference was ECE-15 drive cycle based. 
The structure of the used dynamometer is described in [5]. 
Figure 3 presents the speed pattern of the ECE-15 drive 
cycle, measured load current of the EM dynamometer and the 
AFE current in the dc link voltage level, as well as the ES 
current in the energy storage’s voltage level.  
The measured load current was used also as a loading of the 
dc link in the simulation model validation. This was done 
because modeling of the load would be very complicated and 
is not necessary for the power management design in non-
predictive load-power-based-causal control. The ES current is 
the result of the supervisory control algorithms for the dc-dc 
converter in current control mode, and the AFE current is a 
derivative of the load current and the ES current. 
  
Fig. 3.  Speed pattern of the ECE-15 drive cycle, the measured load current, 
the ES current and the resulting AFE current. 
 
D. Functional plant model of the dc-dc converter 
The PE converters typically reach to very high efficiency 
values in their best operation area. On the contrary, the 
efficiency of the PE converter can degrade significantly, if an 
inappropriate operation area is used. Therefore, with the 
previous presumption from the simulation time-step it is 
necessary to simulate the dc-dc converters with a combination 
of a measurement based efficiency map and a functional 
description. 
The efficiency of dc-dc converter in general depends on the 
transferred current and the voltage conversion ratio. Hence, in 
the study [3] have been investigated efficiencies, which can be 
reached in power transfer with the previous variables. 
The essential functionalities and dynamical properties 
which can be programmed on the dc-dc converter plant model 
are current control response time, minimum current, current 
ripple or noise, conduction event of the change-over switches’ 
anti-parallel diode, quadruple point voltage controller and 
power losses according to the operation point. 
 Figure 4 shows how the plant model follows the original 
EUTs´ current with the same loading (iload) in the simulation 
model as in the measurement. The measurement setup is as 
shown in Figure 2. The dc-dc converter current is presented in 
the ES voltage level and it corresponds to the ES current. 
It can be seen from Figures 4 and 5 that there is some 
difference and variance between the simulated plant models´ 
current and the EUTs´ current, but it is convenient that the 
energy content of the difference is vanishing. The maximum 
current difference is 150 A, the mean error is -0.32 A and the 
rms error is 5.7 A. Furthermore, the mean error scale is near to 
the linear error and the rms error is near to the overall error of 
the sensor in the measuring range. 
The largest differences between the measured and the 
simulated currents can be noticed near the minimum current 
(20 A) of the dc-dc converter (1), the highest regenerative 
current values (2) and during the shut off of the regenerative 
current (3). The previous numbers refer to areas in the scale-
up Figure 5. 
Points 2 and 3, in Figure 5, come up because of the energy 
management algorithm and the AFE voltage regulator is 
acting to stabilize the dc link voltage. The exact behavior of 
the AFEs´ voltage regulator is difficult to reproduce with the 
used functional simulation method. Therefore, the dc link 
voltage variation interacts with the measurement result. The dc 
link voltage drop at point 3 can be seen in Figure 6. The dc 
link voltage drop in this case was enforced with the low 
generating power limit of the AFE. The dc link voltage drop 
against the generating power limit could not be reproduced 
with the used simulation approach. 
 
Fig. 4.  The overview of the measured and the simulated dc-dc converter 
currents. 
 
 
Fig. 5.  The scale-up of the measured and the simulated dc-dc converter 
current. 
 
Fig. 6.  The measured dc link voltage during the simulation model validation. 
 
 
 
 
 E. Functional plant model of the AFE 
The active-front-end converter in the system level model is 
modeled with the efficiency map in the torque and speed 
plane, and also with the voltage regulator, which controls dc-
current to the dc link. Losses of the generator are taken into 
account respectively. Change of voltage regulator type and 
parameters affect how power transfer is realized. In the 
developed AFE functional plant model the considered aspects 
of the voltage regulator are the stiffness of the voltage in the 
dc link side, as well as the control response time. 
In the presented simulation model validation 
measurements the AFE took power directly from the power 
distribution network. Even though the power limit of the AFE 
was set to low (15.7 kW ~24 A) to prevent too strong supply, 
still the dc link voltage variation was low. Under stable 
conditions the dc link voltage was around 650 V +/-10 and in 
some transients, which are pointed out in Figure 6, the dc link 
voltage dropped down to 610 V. This affected the dc-dc 
converter current shown in Figures 4 and 5. 
The next figures present the indirectly measured current of 
the AFE compared against the corresponding simulated 
current. The AFE current was achieved by calculating the 
difference between the load current and the dc-dc converter 
current due to practical reasons. First, Figure 7 presents the 
overview of the AFE current, and Figure 8 presents the scale-
up of the current transients. 
Fig. 7. The calculated and the simulated current of the AFE. 
 
The scale-up figure shows the affect of the dc-dc converter 
minimum current (1), the accuracy of the load current sharing 
algorithm (2) and how current flows to the dc link from the 
AFE, if the generating power limit is not changed (3 and 4). 
The previous areas are shown in the scale-up figure. The 
maximum current difference, between the measured and 
simulated AFE current, is 79.8 A, the mean error is -0.19 A 
and the rms error is 3.0 A. The mean error is comparable to 
linear measurement accuracy and rms error to overall accuracy 
as earlier in the current measurement. 
The size of load-step for the AFE in area 2, shown in Figure 
8, depends on the pattern of the loading and energy 
management algorithm’s parameters. So, the loading 
conditions should be taken under consideration in the energy 
management algorithm in order to optimize load sharing 
during the acceleration event. 
 
 
Fig. 8.  The scale-up of the measured and the simulated current of the AFE. 
 
F. Modeling of the ultracapacitor module 
 An UC simulation model is based on equivalent series 
resistance (Rdc) and measured capacitance variation as a 
function of ES voltage and current. The function for 
simulating the ES voltage is shown in Equation 1, where Ces 
represents the capacitance of the ES, ies represents ES actual 
current and Δt represents the discrete time-step of simulations 
 
( )( ) ( ).,/,, esesesesesdcesesesdces iuCitiRiuCRu ∗Δ+=      (1) 
 
The figure below presents two different cases from the 
simulated and the measured voltage variation of the UC 
module with charging, discharging and static events. One 
simulation case is for constant nominal capacitance of the UC 
module, and other is for variable capacitance model 
simulation. The simulated cases of UC voltages are the 
integrals of the simulated dc-dc converter current. 
 
Fig. 9.  Two different simulation cases from the UC modules´ voltages 
(Cconstant and Cvariable) and the measured voltage with the same ES current. 
 
Reasonable simulation accuracy is achieved even with the 
nominal capacitance of the UC module (error values: max 14 
V, mean 4.8 V and rms 5.6 V), but smaller error values are 
achieved with the measured capacitance variation based model 
(max 8.4 V, mean 1.7 V and rms 3.0 V). Still, the mean error 
is approximately a decade larger than linear measurement 
error in measuring range. 
 G. Modeling of the diesel engine 
The simulation model validation with measurements has 
been divided into testing of the electrical energy management 
and testing of the VSDG responses. This section presents a 
comparison of the simulation and logged parameter values 
from the VSDG electronic control unit. Realized loading of 
the VSDG has been used as a load torque in the simulation 
model. Both, the load-step and speed-reference-step responses 
are considered. 
The diesel engine simulation model includes Newton’s 
second law for rotational dynamics, the PI-controller for 
speed, the rate limiter for the speed reference, idle losses as a 
function of speed and calculation of fuel consumption from 
the PI-controller’s fuel injection output and actual speed. The 
diesel engine under comparison is a 49 DTAG, and it is 
manufactured by AGCO SISU POWER [15]. 
Figure 10 presents the actual load torque during the load-
step response test, a comparison between the simulated and 
the logged speed, as well as the speed reference. An accurate 
simulation of the speed response in load-steps depends on the 
PI-controller parameters. With the used PI-controller 
parameters the speed error values were as follows: max 91 
rpm, mean 4.9 rpm and rms 8.8 rpm. These values are 
determined from an evaluation run of 300 seconds. The high 
maximum error is caused by misalignment between simulated 
and measured transients. Otherwise, the measurement 
accuracy is dependent on the features of the target equipment. 
Fig. 10.  The comparison between the simulation model and the measurement 
in the load-step response test. 
 
Figure 11 presents the speed-reference-step responses for 
acceleration as well as for deceleration. 
In the acceleration event the step-response depends on the 
speed reference rate limiter and the over-shoot depends on the 
PI-controller parameters. In the deceleration event the step-
response depends on the inertia of the shaft, idle losses and the 
loading. In the previous case the loading can be seen from 
Figure 10 and in the latter case the loading was zero. 
 
Fig. 11.  The comparison between the simulation model and the measurement 
in the speed-reference-step test. 
III. ENERGY MANAGEMENT ALGORITHM 
This section presents a hard-computing algorithm, which 
was used for energy management of the SHEV system model 
in the validation tests with one ES. The presented energy 
management is targeting to peak power shaving from the 
primary energy source. 
The energy management algorithm’s (Fig. 12) inputs are, as 
defined with context of Fig. 1, udc ref, udc, pload and ues. The 
output of the algorithm is iref. The moving average of the 
algorithm had unity coefficients and was calculating a 20 
seconds average from the load power. The weight vector w1 
changes actual power to a per-unit value and w2 defines the 
power which should be generated with the VSDG as a 
function of the actual ES voltage. The positive-linear function 
prevents filtered power calculation from going negative, and, 
therefore, all regenerative power is included in the load 
sharing algorithms output. The P-controller from the dc link 
voltage stabilizes the dc link and can be used for charging the 
ES. 
 
Fig. 12.  Hard-computing algorithms for energy management in the SHEV 
drive line 
 
We can discover that the proposed hard-computing 
algorithm is capable to realize all operation modes presented 
in [16] for the series hybrid drive train. Therefore, the study 
suggests that the power management of the SHEV drive line 
can be designed using the discussed hard-computing 
algorithms with use of finite-state machines or soft-computing 
algorithms. 
 Figure 13 specifies operation modes, which are realized 
with the proposed algorithm. Pure electric and engine modes 
come naturally, as well as pure ES charging mode. Hybrid 
mode (1) operates while the presented algorithm is running. 
Engine traction and ES charging mode (2) can be achieved, for 
example, with the change of voltage reference or the 
algorithm’s weight vector w2. Regenerative braking mode (3) 
operates with the algorithms nature, when the power limits of 
the AFE are controlled to zero. Hybrid ES charging mode (4) 
realizes when the algorithm is running and the power limits of 
the AFE are controlled appropriately. 
In Figure 13, the dc link voltage drop in the operation area 2 
is due to a voltage reference change for the proposed 
algorithms P-controller in order to charge the ES. 
Correspondingly in operation area 3, the drop is caused by the 
parallel current controllers of the algorithm regulating the 
current reference simultaneously. 
 
Fig. 13.  The simulation figure presents different operation mode areas in 
the hybrid drive. 
IV. CONCLUSION 
This study discussed realization of backward functional 
quasi-static causal plant models of the SHEV, the verified 
simulation methods' accuracy with the introduced full-scale 
hardware and the proposed load-based energy management 
algorithms for the SHEV. In addition, relevant full-scale 
hardware features for RCP plant-models were discussed. 
The used simulation method derivates accurately the mean 
values, as well as rms values, of all modeled variables. On the 
other hand, some transients of variables could not be 
reproduced as in cases which were caused by unknown 
regulator parameters, simplifications of models or misaligned 
control moments respect to validation. Therefore, maximum 
errors during transients remain high. However, the simulation 
accuracy is on a good level for a complex system. This can be 
justified with the insignificant energy content of the mean 
error values. Besides, the represented measuring errors are not 
significant compared to the simulation errors. 
The proposed load-based hard-computing algorithm shows 
promising results for use in the SHEV energy management. 
However, realization of hybrid mode in peak power shaving 
during acceleration and deceleration is dependent upon the 
load pattern. Therefore, further study could be made to 
improve the algorithm to adapt in to different load pattern 
conditions. In addition, all required operation modes for the 
SHEV drive line energy management were described in the 
simulation with the proposed algorithm.  
This study’s aim is on duty vehicles hybridization, which 
have diverse and in some cases very repetitive load cycles. 
The previous brings opportunities for the energy management 
design. 
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Abstract
Thispaperpresentsefficiencyanalysisofthepowerbufferingincommonvoltagebussystems.Operationofthepower
buffering is brieflydescribedwith thepower control experiments. The efficiencymeasurement setupandperformed
measurements from the charging and discharging events of the ultracapacitor module with the dc-dc converter are
presented. As a result, the efficiency map of the dc-dc converter is gained and losses of the ultracapacitor module
energy storage are differentiated. In addition, the efficiency map of the full charging and discharging cycle of the
energy storage system is attained and the capacitance variation of the ultracapacitor module in the dc-dc converters
operation area is presented. The operation areas of the energy storage system and variable speed diesel generator
(VSDG)inserieshybridelectricvehicle(SHEV)applicationareinvestigatedinsimulationcasestudies.

1.Introduction
 This study is part of a duty vehicles hybridization
project. Hybridization of vehicles and mobile machines
aims to decrease emissions and fuel consumption by
exploiting thekineticandpotentialenergyof thesystem,
downsizingtheprimaryenergysource’spowerrating,and
by generating the primary powerwith themost efficient
means.
 Design of a hybrid vehicle, non-road mobile
machinery (NRMM) or other hybrid power system is a
very complicated task. Therefore, profound research
relating to energy storing, hardware design and
supervisory control is needed. This study focuses on the
system efficiency of peak power buffering in common
voltagebussystems.Thesystemefficiencystudyutilizes
the measured data, since it is not feasible to use too
accurate system level models with a semiconductor
switchingevents.Thefunctionalapproachinsystemlevel
models provides possibility to solve power train’s total
efficiency efficiently. Also, characteristics of an
ultracapacitor(UC)moduleinsystemlevelareconsidered
[1].
 The contribution and novelty of this article is in
introducing the power buffering from the Original
Equipment Manufacturer’s (OEM’s) from the NRMM
industry point of view. This consists of presented
measurements, analysis and case simulations for theUC
module based power buffering in SHEV drive lines.
Efficiency maps from charging, discharging, and full
cycle are presented for the three-phase interleaved boost
converter,[2]and[3].Also,lossesoftheUCmoduleare
differentiated from themeasurements. Furthermore, as a
case example the operation area of an energy storage
system in peak power buffering is described on a two-
quadrant efficiency map and the affect of the dc-dc
converter control strategy on the VSDG’s  possible
operation area is compared. This study completes the
SHEVmodelingstudiespresentedin[4]and[5].
2.Powerbufferingincommonvoltagebussystems
Twodifferentpowercontrolcasesarepresented in this
chapter: case 1 presents the peak power cutting method
and the case 2 presents the acceleration assistance and
regenerativeenergyrecuperationmethod.Inaddition,the
latter can be separated into two sub cases depending on
the source current during the regenerative load current.
Thecurrentpatternsand schemeof theexperiment setup
ofthesetwopowercontrolcasesareshowninFigure1.

Fig. 1.  The power control targets for two different cases: peakpower
cuttingandaccelerationassistance/regenerativeenergyrecuperation.
2.1PeakPowerCutting
Figure2presents thepeakpowercuttingmeasurement.
The dc-dc converter was controlled in the presented
experimentwith a constant power limit of 45 kW.After
theloadpowerexceededthepowerlimitvalue,thedc-dc
converterdischargedtheUCmodulewithamarginofthe
loadpowerandpowerlimitvalue.Thecontinuouscurrent
of the dc-dc converter was ~80A, which limited the
continuouspowerof theultracapacitormodule toaround
15 kW. The minimum power limit, which is used for
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charging of the ultracapacitor module, operates
respectivelyduringregenerativeorlowloads.
As features, the useddc-dc converterhasovershot the
reference current in the beginning of the discharge
operationandminimumcurrentlimit(27A),whichalters
theusedpowerlimitvalueswithavariabledependingon
the UC module’s voltage. In the shown figure the
minimumtransferredpowerwas~5kW.

Fig.2. Thepeakpowercuttingcontrolmethodwith theultracapacitor
module. The dc-dc converter with 80A continuous energy storage
currentiscontrolledwhentheloadexceedsthemaximumpowerlimit.
2.2MeasurementsetupinPeakPowerCutting
experiments
The schemeofmeasurement setup is shown inFigure
1. The measuring hardware and software for this
experiment consisted from dSpace MicroAutoBox
1401/1505/1507  (MABX) and dSpace Controldesk
producedby dSpace GmbH,respectively[6].
Theloadpowerwascalculatedfromthedclinkvoltage
andthedclinkcurrenttoloadwhichweremeasuredwith
AV100-750 and  HTFS 400-P sensors. The ultracapacitor
module’svoltageandcurrentweremeasuredwith AV100-
750 and  LA 305-S sensors, respectively. All the used
sensorsareproductsof LEM [7].
The source power is calculated from the previous
measured variables. The source was an active front end
converter (AFE) NXA_0460 5 (Vacon Plc.), which
regulated the dc link voltage and supplied the source
current.[8]
TheloadwasanelectricdrivesystemELFAproduced
by Siemens [9]. The inverter (G650 D440/170/170) and
electric machine (1PV5135-4WS28) of the loading
systemwasoperatingagainst theNRMM’sdiscbrakeon
itsshaft.
Thedc-dc converterwas a productof MScelectronics
Plc.  and themodelwas MSc200DCDC750 [10].TheUC
wasaproductof Maxwelltechnologies ,withanominal
capacitance of 17.8 F and maximum voltage of 390 V
[11].
2.2Accelerationassistance/regenerativeenergy
recuperation
Figure3presents thepowercontrolmeasurementwith
the acceleration assistance / regenerative energy
recuperation method in the SHEV powertrain.
Implementation, comparison to simulations and error
estimation are presented in [4]. The hardware for the
experimentisdescribedindetail[2].Thepresentedpower
controlexperimentdescribeshowprimarysourcecurrent
can be ramped up in common voltage bus systems with
the full-scale power transfer hardware for the primary
energy source’s needs, [12] and [13]. The figure shows
theloadcurrent,theUcapcurrent,thesourcecurrentand
theUcapvoltageduringanECE-15basedloadcycle.

Fig. 3.  The acceleration assistance / regenerative energy recuperation
controlmethodwith the ultracapacitormodule. The figure presents an
experiment which was realized in the full-scale hardware-in-the-loop
verificationenvironment.

 Previous experimentswith thedifferent typesof load
cycles illustrate howanUCmodule is a practical choice
forpowerbufferingindifferentapplications.
3.Efficiencymeasurements
3.1Measurementsetup
Equipment under tests (EUTs) includes the
ultracapacitor module (17.8F, 390V) and the dc-dc
converter. As a change for the previously described
measuring setup all measurement sensors were replaced
with a power analyzer.Figure4 illustrates the schematic
fromthemeasurementsetup.


Fig. 4.  The schematic from the measurement setup in efficiency
measurements.
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Theusedpoweranalyzerwas LEM/NormaD6100 with
its triaxial shunts for 6 to 300 A current measurements.
The measuring accuracy for voltage channels in the
frequency rangeof0 to15Hzare± (0.15+0.03)%  for
readingand range, respectively.Themeasuringaccuracy
forcurrentshuntsis±0.1%withinafrequencyrangeof0
to100kHz[14].
Measurement data acquisition was performed via an
RS-232cableandthecontrolofthedc-dcconverterinthe
testswasperformedwiththeMABX.
3.2.Measurements
Efficiency measurements were performed in the
following means. The UC was charged and discharged
repeatedlyfromzerovoltagetoitsmaximumvoltageand
backtozerovoltage.TheUCcurrentwaskeptconstantin
one charge – discharge cycle, and afterwards the
referencecurrentwaschangedforthenextrepetition.The
dclinkvoltagewaskeptwithin650to655voltswiththe
AFE, according to the averaged dc link voltage
measurementdata.
Figure5 illustrates theUCvoltagemeasurementdata
with different charging and discharging currents. The
legend represents the average ES rms current values
duringcharge–dischargeoperations.

Fig. 5.  Charging and discharging of the ultracapacitor module with
differentconstantcurrents.

All measured variables in each charge – discharge
cyclewere the voltages in the energy storage and the dc
link side, as well as the currents from both voltage
potentials, respectively. All variables were taken as rms
values. Themeasurement points are illustrated in Figure
4.
Measurement data sampling frequency in the power
analyzerwas fixedat70kHz. Inaddition, themeasuring
device averaged measured values over a 0.934 seconds
time framewithadigital filter toavoidefficiencyvalues
fromvaryingandtopreventanexcessamountofdata.
3.2.Measurementanalysis
The measured data provides directly the efficiency
maps of the dc-dc converters charge and discharge
operations. The efficiency values ( η) in different
operationpointsare functionsof theEScurrent ( iES)and
the voltage ratio ( uratio) between the ES and the dc link.
The efficiencymaps for charge anddischargeoperations
arecalculatedasin(1),
( )
inin
outout
ESratio iu
iu
iu
⋅
⋅
=,η
.      (1)
The in and out subscripts refer to power transfer
directions.
 Efficiency values corresponding to particular ES
current and voltage ratio in two digits accuracy are
averaged.Thisway the realizedchargeefficiencymap is
presented in Figure 6.Measurements were performed in
twosets,firstlyfromzerocurrentto90A,and,secondly,
from zero current to 200A.Bothmeasurement data sets
areutilizedintheresults.

Fig. 6.  The efficiency map of the dc-dc converter during charge
operation.

The total power buffering efficiency can be derived
fromthemeasurementresultsasin(2),
( ) ( )( ) in
out
ESratioin
ESratioout
ESratio T
T
iup
iup
iu ⋅=
,
,
,η
. (2)
InEquation2, pout referstoinstantaneouspoweronthedc
linksidetowardsthedclinkand pin,respectively,towards
theES. Tout referstothetotaldischargetimeoftheESand
Tin  to the totalcharge timeof theES.Inaddition, uratio is
used without the voltage drop over the equivalent series
resistance(ESR)oftheES.
The previous equation leads to the full power
buffering cycle efficiency according to the ES operation
points. The full power buffering cycle efficiencymap is
presentedinFigure7.
Further, from the measurement data can be derived
also the variable capacitance map over the UC module
operation area. The variable capacitance map can be
derivedasin(3),
( )
U
tIiuC ESES ∆
∆⋅
=,
.       (3)
In Equation 3, C refers to capacitance, I  to rms
current, ∆t to time change and ∆U  to change of voltage.
ThevariablecapacitancemapispresentedinFigure8.
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The modeling of the UC can be realized with the
variable capacitance map and the ESR value of the
module,[1]and[4].
TheefficiencyoftheUCmodule,withtheuseddc-dc
converter,canbederivedfromthetotalefficiencymapby
subtractingthecharginganddischarginglossesofthedc-
dc converter, and by assuming the UC module’s
efficiency equal in charge and discharge operations, as
containedinFigure9.

Fig.7.Thefullpowerbufferingcycleefficiencymap,whichconsistsof
twicethelossesfromthedc-dcconverterandtheultracapacitormodule.

Fig.8. Thevariablecapacitancemapof theultracapacitormoduleasa
functionoftheEScurrentandthevoltageratio.

Fig. 9.  The comparison between theoretical and measured efficiency
map of the ultracapacitor module in either charge or discharge
operations.Thetheoreticalefficiencypatternisdrawnwithblackdashed
lines and the measured efficiency pattern with colored lines,
respectively.

Figure 9 can be compared to the efficiency contour
pattern created by pure ESR losses for the UC module.
Theefficiencycontourscreatedby65m Ω  resistance[11]
isdrawn in thebackgroundwithblackdashedlinesas in
(4),
( )
ESES
ESESES
ESES iu
iESRiu
iu
⋅
⋅−⋅
=
2
,η
.  (4)
 ThepresentedfiguresuggeststhatUCmodule’slosses
aremainlycausedbythedccurrentintheESRoftheUC
module and the ripple current component of the dc-dc
converter has onlyminor or insignificant effects on low
ES currents. The change in the trend of the efficiency
patternoftheUCmodulecanbeseenwithlessthan50A
values.
4.Simulations
 An introduction to the simulated SHEV drive line is
presented in Figure 10, which is an example of an
ultracapacitor module power buffered SHEV drive line.
The abbreviations in the figure represent generator (G),
active front-end converter (AC/DC, AFE), dc-dc
converter(DC/DC), inverter(DC/AC)andtractionmotor
(EM). The control signals and actual values are speed
reference ( ωref) for the VSDG electronic control unit,
power limits of the AFE ( p limit), the dc link voltage
reference for the AFE ( udc ref ), actual ultracapacitor
module voltage ( ues), actualdc linkvoltage ( udc), current
reference for the DC/DC ( iref) and actual load power
(pload).

Fig.10. TheSHEVdrivelinewiththeultracapacitormoduleforpower
buffering.

Simulations illustrate how theoperationpointsof the
primary energy source and energy storage differ after
hybridizationfromtheconventionalelectricdriveline.In
theshownexample,thedrivelineisconsideredtoprovide
powerfortheECE-15drivecycle,withpeakpowerequal
tothedieselengine’smaximum.Theoperationareaofthe
conventionalVSDGuseandhybridpowercontrolmethod
cases I and II are illustrated in Figure 11. The figure
shows the operation points of the conventional electric
drive line and theSHEVdrive linewith theUCmodule
ESSCAP’10 ,    4th European Symposium on Super Capacitors and Applications ,    Bordeaux (France) ,    October 21-22 ,  2010 
 
 
 
 
 
 

ratingsof17.8Fand390V.Inthefigurebluestarsreferto
operationpointswith the conventionalVSDGuse, green
crosses refer to operation points in the SHEV drive line
with power control case I and red circles refer to
operation points with power control case II. Operation
points are drawn on the static fuel consumption map
(g/kWh), which is not exact during transitions.  In
addition,theblacklinedepictsthemaximumpowerofthe
VSDG, and the VSDG is assumed to operate with the
speedreferenceasafunctionoftransferredpower.

Fig. 11.  Operation points of the conventional VSDG and with the
SHEVdrive line during the ECE-15 drive cycle. The figure illustrates
the primary source’s downsizing with two different power control
methods.Blue stars refer to the operationpointswith the conventional
VSDGuse,greencrossesrefertotheoperationpointsintheSHEVdrive
line with the power control case I and red circles to the case II,
respectively.

 Both SHEV drive line power control cases decrease
the maximum power to approximately two thirds of the
original.Inaddition,thepowercontrolcaseIprovidesthe
possibility to move the operation points of the VSDG
from low load and low speed to higher load with low
speedwhencomparedagainstcaseII.
 Figure 12 presents the VSDG’s power in the each
simulationcase,inthetimedomain.

Fig.12. The loadingof theVSDG in three simulationcases.Theblue
line refers to the conventional VSDG use, the green line refers to the
SHEVdrive linewith thepowercontrol case I and the reddashed line
referstothecaseII,respectively.

 Figure 13 depicts the operation points of the energy
storagesystemonthetopofitstotalefficiencymap.The
figure is two quadrant, such that the positive current is
towards energy storage and negative current is towards
the load. Figure 13 is derived by taking the square root
from the full power buffering cycle efficiencymap. The
dc-dc converter is considered to transfer the current
within its maximum current limit 200 A. Green crosses
refertotheoperationpointswithpowercontrolcaseIand
redcirclesrefertotheoperationpointswithpowercontrol
caseII.

Fig. 13.  Operation points of the ultracapacitor module in the SHEV
drive line during the ECE-15 drive cycle. Green crosses refer to the
operationpoints in the SHEVdrive linewith the power control case I
and red circles to the case II, respectively. The positive current is
towardstheUCmodule.
Figure 13 illustrates that the energy storage system
containing the dc-dc converter and the UC module
operatesmostly in areawith 90 to 95 percent efficiency
when power conversion efficiencies either from the dc
link to the energy storage or to opposite direction is
considered.
 Figure 14 presents the UC module’s current in two
powercontrolcases,inthetimedomain.

Fig. 14.  The ultracapacitormodule’s currents in the SHEV drive line
duringtheECE-15drivecyclepresentedinthetimedomain.Thegreen
linereferstovaluesoftheSHEVdrivelinewiththepowercontrolcaseI
and reddashed line to the case II, respectively. Thepositive current is
towardstheload.
4.Conclusions
This study describes two different power control
methodsfortheSHEVdrivelinewithexperiments.Also,
the efficiency measurement setup and efficiency
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measurementsfortheenergystoragesystemaredescribed
and resultsof themeasurements are analyzed.The study
is concluded with case simulations from the operation
areasof the energy storage systemand theVSDG in the
SHEV drive line in contrast to conventional use. The
approach to the system level models is a functional,
which utilizesmeasurements presented in the study.The
functional approach to system level modeling provides
the efficient method to solve the power train’s total
efficiency.
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Abstract-This paper presents powertrain comparison for fuel cell 
hybrid non-road mobile machinery. The objective of this study is 
to investigate the feasibility of different fuel cell hybrid 
powertrain topologies. This study concentrates on hybrid 
powertrain topologies which are generated from the fuel cell 
source output to loading inverters inputs. The compared 
features of different powertrains are efficiency, weight, size, cost 
and lifetime costs, as well as, benefits and disadvantages. The 
study considers fuel cell hybrid topologies with different active 
and passive connections of a battery pack, an ultracapacitor 
pack or the both. The comparison of different powertrain 
topologies requires a validated simulation tool, specific power 
control algorithms for each topology, knowledge of the target 
application and several iteration rounds for simulations. 
I. INTRODUCTION 
The main objective of this study is to investigate the fuel 
cell system (FCS) suitability as the primary energy and power 
source for the non-road mobile machinery (NRMM). In this 
context, the FCS properties such as efficiency, weight, size, 
initial and lifetime costs, and operating requirements are 
evaluated. The focus is on the fuel cell hybrid applications 
therefore different powertrain topology options are introduced 
and their characteristics evaluated [1]. 
For introducing the fuel cell system as a part of hybrid 
powertrain in a NRMM application, the most relevant fuel 
cell (FC) hybrid topologies were defined. In this context, the 
topology means the main component configuration in the 
powertrain system. This system usually includes the primary 
power and energy source (engine, fuel cell…), energy storage 
(battery, ultracapacitor, flywheel…), drive system such as 
electric motors, and other loads (work hydraulics, auxiliary 
devices…). Based on expertise knowledge and a literature 
study, five different FC-hybrid cases were chosen to be 
analyzed. 
As mentioned before, special focus is given for different 
energy buffering solutions. For FC-hybrid applications, an 
important part of the hybrid system is the energy storage. 
Depending on the application, they are used for storing 
energy for short or longer period of time. Basically, the need 
for energy capacity can be evaluated based on the operation 
requirements. Moreover, these requirements typically depend 
on the load cycle which describes the power need during a 
certain period of time or distance. 
Fuel cells have been successfully implemented in different 
road vehicle applications such as passenger cars (Honda FCX, 
MB F-CELL…) and city buses (MB Citaro, Van Hool…). 
Also, some application of non-road mobile machinery has 
been developed such as forklifts, loaders, tractors and 
locomotives [2]-[6]. Currently, all the fuel cell powered 
vehicles or NRMM are still in prototype phase because of the 
high production costs, lower performance and limited access 
to refuelling pure hydrogen. 
 
II. RESEARCH METHOD 
This study compares different fuel cell powered series-
hybrid buffering topologies for NRMM with the aid of system 
level simulation studies. System control strategies are 
developed for the each defined topology while a load cycle is 
specific for the studied mobile machine. The simulation 
model was developed and validated during previous 
hybridization research projects [7]-[8]. The backward 
modeling methods accuracy was proven to be on sufficient 
level. 
This research concentrates especially on the Heavy Mobile 
Port Equipment load cycle. Studied topologies are simulated 
with the particular power control and their powertrain 
efficiency, approximate powertrain weight, size, initial and 
lifetime costs, and operating requirements are analysed, with 
targeted 15 years of operation. Therefore, starting points for 
solving the feasibility of different powertrain topologies are 
the Heavy Mobile Port Equipment load cycle, the FC-stack 
and the battery pack operational limits. The target of power 
control in each powertrain topology is to keep the FC-stack 
load changes within 2.5 kW/s, which ensures the maximum 
lifetime of the FC-stack [9]. 
 
III. SYSTEM LEVEL ANALYSIS 
A. Load cycle 
The studied Heavy Mobile Port Equipment has 
conventionally an electric powertrain with a high voltage DC-
link and power sources. Therefore, it has been possible to 
acquire traction and hoist loading data from inverters. The 
traction and the hoist loading data consist from several 
separate loading units, which are assumed as sum from the 
point of common coupling. The full data acquisition from the 
vehicle consists of powertrain variables with 0.5 seconds 
interval from the 5312 seconds period. Table I presents 
operation percentages for different load power levels. Power 
levels in the table are per unit (p.u.) values from the 
maximum load. 
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TABLE I 
THE TRACTION, THE HOIST AND THE SUM POWER HISTOGRAMS FROM THE 
TOTAL DATA ACQUISITION PERIOD. 
Bin [p.u.] Traction power [%] Hoist power [%] Sum power [%] 
Min power -0.681 pu -0.900 pu -0.900 pu 
-0.873 0 0.02 0.02 
-0.764 0 0 0.01 
-0.655 1.4 0.06 1.3 
-0.546 2.5 0.07 2.3 
-0.437 1.5 0.2 1.7 
-0.328 1.9 0.7 2.6 
-0.218 1.9 0.5 2.4 
-0.109 2.9 1.0 3.4 
0 36.0 92.1 32.7 
0.109 8.0 1.5 7.1 a 
0.218 4.1 1.1 4.7 a 
0.328 7.4 1.1 8.1 a 
0.437 7.0 0.7 7.4 a 
0.546 4.5 0.5 4.9 a 
0.655 3.6 0.4 3.9 a 
0.764 2.8 0.06 3.0 a 
0.873 8.9 0 8.9 a 
0.983 5.6 0 5.6 a 
1.092 0.01 0 0.01 a 
Max power 1 pu 0.716 pu 1 pu 
a The positive part of the sum power with the additional constant 
load make a positive load E+load from the DC-link. 
 
B. Studied powertrain topologies 
Four different powertrain topologies presented in Fig. 1 are 
considered in this study with the following configurations:  
A. Case a : fuel cell and battery,  
B. Case b : fuel cell, passive battery and active 
ultracapacitor,  
C. Case c : fuel cell, active battery and active 
ultracapacitor pack and  
D. Case d : fuel cell with active ultracapacitor packs.  
Furthermore, topology case d is divided into two different 
cases based on the control strategy. In comparison, the case d 
refers to topology d with actively DC-link voltage controlled 
ultracapacitor (UC) packs and varying FC power production. 
In addition, the case e refers to topology d with both voltage 
and current controlled ultracapacitor packs and constant FC 
power production, see Section VI. 
The case a consists of a high voltage FC-stack, a current 
controlled unidirectional FC-converter, a high voltage battery 
pack and load inverters. The battery pack was dimensioned 
for the particular load cycle. Dimension of the battery pack is 
impacted by the maximum allowable charging current, which 
is a restrictive factor for the battery pack sizing in this 
topology. The sizing of the battery pack can be achieved 
based on FC-source control, battery pack voltage (ubat), and 
the load cycle. 
The case b can be controlled such a way that the active 
ultracapacitor pack limits the maximum and the minimum 
current of the battery pack approximately within the nominal 
current value (C, Ah/h), as well as, it limits the battery pack’s 
power transients. 
The case c consists of a FC-stack with its converter, 
secondary storages, a battery pack and an UC pack, with their 
converters and a brake resistor with its brake chopper. The 
benefits of the topology originate from the increased amount 
of degrees of freedom in energy storages control and sizing. 
The fundamental reason for the lower powertrain efficiency is 
the battery pack DC-DC converter losses, which occur 
increasingly if the vehicle is operated during the start-up 
phase of the FC-source. 
The case d has UC packs as its energy storage. The DC-
link voltage controller for the UC packs was a proportional; 
when the motoring load decreases the DC-link voltage and 
the regenerating load increases the DC-link voltage. In this 
case, the FC-source is controlled such a way that it follows 
the load power against its power transition limit of 2.5 kW/s. 
The case e can be designed such a way that the current 
controlled UC pack averages the load power, the FC-source 
operates on its maximum power region and the voltage 
controlled UC pack stabilizes the DC-link and provides power 
in transients. This topology with current and voltage 
controlled ultracapacitor packs topology gives a low cost but 
relatively high weight and size option for the powertrain. 
 
C. Finding of equivalent powertrain sizing 
In the backward powertrain design the reference load 
power must be derated if the load power causes instability to 
the DC-link. This might be due to the saturation of power 
transfer components to their maximum limits and it is a sign 
of a too high load or a weak design. In order to compare 
different powertrain cases against each other, the designer 
must ensure that they are able to provide the same energy, and 
the peak power, to the load, as well as, receive the 
regenerative power. This inspection is done by integrating the 
positive and the negative load powers, and by comparing 
those to integrations of the reference value. Disparity in 
comparison is a sign of lacking performance and gives a 
reason for a new iteration round of powertrain component 
sizing. Powertrains cannot be equally compared until they 
reach the same performance. 
 
 
Fig. 1.  Schematics of studied powertrain topologies. 
 
D. Definition of the powertrain efficiency 
This study investigates power transfer efficiencies between 
the primary source output and load inputs. Therefore, the 
efficiency from the fuel cell stack electrical output to 
electrical inputs of inverters is considered. The efficiency of 
the powertrain (ηpt) is defined as 
 
ηpt = E+load / ( E+load + Ep_conversion_losses + Ebrake_resistor ),           (1) 
 
where E+load represents a positive load from the DC-link, 
which contains the positive part of the sum power and the 
constant load from the DC-link for auxiliaries. The constant 
load in this study was 0.065 pu. Ep_conversion_losses is a sum of 
the power losses integration in the FC-converter, energy 
storage converters and the equivalent series resistance (ESR) 
power losses in energy storages. Ebrake_resistor refers to the 
power losses in the brake resistor. 
IV. MODELING 
A. Modeling of the FC-stack 
This study uses a static ui-curve model for a FC-stack. The 
FC-stack is modeled as a current-dependent voltage source, 
i.e., ufc = f(il), where ufc is the output voltage of the FC-stack 
and il is current from the low-voltage side of the boost 
converter.  The fuel cell stack ui-curve imitates the output 
voltage of a typical commercial fuel cell stack. 
 
B. Modeling of energy storages 
 
1. Battery pack 
A generic Li-ion battery model was used in this research. 
The Li-ion battery pack discharge characteristics (i* > 0) is 
modeled as in (2), and charge characteristics (i* < 0) as in (3), 
respectively. 
 
ubat(it, i*, ibat) = U0 – K . Q / (Q – it) . i* – K . Q / (Q – it) . it + A .  
exp(–B . it) – Rbat . ibat.                                                           (2) 
 
ubat(it, i*, ibat) = U0 – K . Q / (it + 0.1 . Q) . i* – K . Q / (Q – it) . it  
+ A . exp(–B . it) – Rbat . ibat.                                                   (3) 
 
In equations 2 and 3, ubat is nonlinear output voltage (V), it is 
extracted capacity (Ah), i* is low frequency current dynamics 
(A), ibat is battery current (A), U0 is the maximum voltage 
value of the linear area (V), K is polarization constant (Ah-1), 
Q is maximum battery capacity (Ah), A is exponential voltage 
(V), B is exponential capacity (Ah-1) and Rbat is constant ESR 
(Ω)  of the battery pack. The study uses an estimate value for 
battery resistances, since resistance varies based on operation 
and environmental parameters. The battery resistance is 
calculated as 
 
Rbat = Unom / C . 0.01,                                                             (4) 
 
where Unom is the minimum voltage of the battery packs linear 
voltage area. In other words, Equation 4 means 1% power 
losses on the battery pack with the 1C value for the both 
charge and discharge conditions. [10] 
 
2. Ultracapacitor pack 
The ultracapacitor pack output voltage modeling with 
moderate accuracy [7] can be performed as 
 
uuc = (1 / Cucap) . ∫ iuc  . dt + Ruc . iuc.                                        (5) 
 
In equation 5; uuc is ultracapacitor pack output voltage (V), 
Cucap is ultracapacitor pack capacitance (F), iuc is 
ultracapacitor pack current (A) and Ruc is constant ESR (Ω). 
 
3. Energy storage losses 
In general, the energy losses in both battery and 
ultracapacitor packs (Elosses_energy_storage) are calculated as  
 
Elosses_energy_storage = R . ∫ ies 2 . dt.                                            (6) 
 
C. Modeling of the DC-DC converter 
The efficiency of the DC-DC converter depends on the 
energy storage current (ies) and the voltage conversion ratio 
(uratio). In the study [8], DC to DC power conversion 
efficiencies in the energy storage system with different ies and 
uratio values have been investigated. Here, the voltage 
conversion ratio is expressed as 
 
uratio = ues / uDC,                                                                      (7) 
 
where ues refers to the energy storage side voltage and uDC to 
the DC-link voltage, respectively. 
Modeled functionalities and dynamical properties on the 
DC-DC converter plant model are following; current control 
response time (τDC/DC), minimum and maximum current limits 
(Imin, Imax) and power losses according to the efficiency 
mapping of an operation point. Furthermore, in the current 
control mode the DC-DC converter plant model is controlled 
with the current reference (i|ref|) and with the current direction 
D (+1, 0 or -1). Therefore, the DC-DC converter plant model 
can be expressed, as in (7) to (11), 
 
iref = D . i|ref|, when Imin ≤ i|ref| ≤ Imax,                                       (8)  
 
ies = ibat = iuc = 1 / (τDC/DC . s + 1) . iref.                                   (9) 
 
Equations 8 and 9 apply, because the classical boost 
converter topology under consideration regulates the energy 
storage current. Therefore, the energy storage system’s DC-
link current (iES) can be expressed, during discharging (10) 
and charging (11), respectively. 
 
iES = ies . ηboost(ies, uratio) . uratio.                                             (10) 
 
iES = ies / ηbuck(ies, uratio) . uratio.                                             (11) 
 
Equations 10 and 11 use the DC-DC converter efficiency 
mapping η(ies, uratio) with values from 0 to 1. 
V. EVALUATION PARAMETERS 
A.  Calculation parameters 
In order to compare differences between buffering topology 
cases, weight, size, price and lifetime parameters need to be 
fixed. Chosen parameter values are presented in Table II. 
The weight and size calculations use manufacturers’ data 
and reference sources. The FC-stack is considered as two 
cases; 75 kW and 150 kW with weights of 350 kg and 400 kg, 
and size 0.55m3 for the both. The brake chopper weight and 
size is neglected. 
In the lifetime column, unit M (million) refers to the 
shallow cycle lifetime for the battery and to the deep 
discharge cycle for the UC pack, unit y refers to years, 
respectively. In this research an average lifetime of FC-stack 
in test use during the last decade were considered. The battery 
and power electronics component (PE) lifetimes are targets, 
and the UC pack lifetime is a datasheet value. 
TABLE II 
WEIGHT, SIZE, PRICE AND CYCLE LIFE PARAMETERS FOR CALCULATIONS. 
a estimate 
Calculated battery capacities in the cases a and b are 189 
and 108 kWh with U0 670 –  Unom 614 V, and in the case c 
108 kWh with 330 – 307 V area, respectively. The UC pack 
capacities in the cases b and c is 16 F, in the case d 76 F and 
in the case e 100 F with Umax of 500 V in all cases. 
 
B. Component lifetime estimation 
In principle, an energy storage life expectancy can be 
calculated out of the load cycle frequency, if the FC-source 
power production is kept constant and secondary energy 
storages’ buffer the load variation. This is true in all other 
cases than the case d, in which the FC-stack is operated 
against its allowable power transition limit and produced 
power varies. Therefore, the study utilizes the modeled 
charge-discharge cycle count for the energy storage lifetime 
calculations. The cycle count is a rough visual approximation 
from the charge-discharge frequency of the energy storage. 
 
C. Powertrain initial  and lifetime cost estimations 
Prospected powertrain cost and lifetime cost estimations 
are based on values presented in Table II. Values are based on 
targeted mass production costs. The energy price is 
considered as 0.1 $/kWh [11]. The electric machine and the 
inverter costs are not included in the cost calculations, since 
the design is done for a conventional diesel series-hybrid 
powertrain.  
Energy content for the cost calculations of the battery pack 
(Ebat) is calculated as in (12), and for the UC pack (Euc) as in 
(13), respectively. 
 
Ebat = (U0 + Unom) / 2 . Q.                                                     (12) 
 
Euc = 1 / 2 . C . Umax2.                                                           (13) 
 
where Umax refers to the maximum voltage of the 
ultracapacitor pack. 
The maximum (kWpeak) and average power (kW) values of 
DC-DC converters, brake choppers, and the FC-source are 
attained from the powertrain modeling, presented in Section 
VI. Therefore, all needed data is achieved and the powertrain 
lifetime costs can be calculated as 
 
Slifetime = tref / tlifetime_1 . S1 + tref / tlifetime_2 . S2 + … + (1 –  
ηpt) . Pavg . Senergy . tref,                                                           (14) 
 
where Slifetime is the expected buffering topology cost within 
the examined time span, tref is the examined time span (15 
years), tlifetime_n refers to the nth component’s expected 
lifetime, Sn refers to the nth component price, Pavg refers to the 
average FC-source power and Senergy refers to the energy 
costs. 
VI. POWER FLOW WAVEFORM EXAMPLES 
This section presents examples of the power flow 
waveforms of the different buffering topologies. Figures from 
2 to 5 present power flows at the point of common coupling 
of the DC-link. Figures refer to a short period of the full 
modeled loading cycle. 
 
Fig. 2.  The power flow waveform example from the case b. 
 
In figures, the blue colored, continuous and widened 
waveform is the actual backward model loading data based on 
the original reference value from the Heavy Mobile Port 
Equipment. Other waveforms are case dependent and 
descriptions are in the legends of the figures. The grid, axis 
scales and units have been purposely left out from the figures. 
Comp. Weight Size Price Life- 
time 
Refs 
Bat. 102  
Wh/kg 
129  
Wh/dm3 
500 
$/kWh 
0.3M [11], [12], 
[13] 
UC 2.3  
Wh/kg 
1.6  
Wh/dm3 
2800 
$/kWh 
1M [11] 
FC 0.21 – 0.38 
kW/kg 
0.14 – 0.27 
kW/dm3 
80  
$/kW 
1.6y [14], [15], 
[16] 
DC-
DC 
3.45 
kWpeak/kg 
5.8 
kWpeak/dm3 
25 
$/kWpeak 
15y [17], [18] 
Brake 
res. 
13 
kWpeak/kg 
6.6  
kWpeak/ dm3 
5a 
$/kWpeak 
15y [19] 
Cases a, b and c operate the FC-source on the maximum 
power region due to the battery pack in topology. Cases d and 
e operate the FC-source against power transition limit, as can 
be seen from Figs. 4 and 5, respectively. 
Cases b and c have slightly different targets for a battery 
pack current limitations. The case b compensates energy 
depletion in the UC pack with the battery pack current 
limitation ability, and case c does not compensate the UC 
pack depletion, respectively. 
 
Fig. 3.  The power flow waveform example from the case c. 
 
Fig. 4.  The power flow waveform example from the case d. 
 
Fig. 5.  The power flow waveform example from the case e. 
 
VII. RESULTS 
This section presents results of different buffering 
topologies in comparison. Fig. 6 shows how weight and size 
are dependent on the choice of the buffering topology. Fig. 7 
presents efficiencies and power losses of the different 
buffering topology cases and Fig. 8 presents initial and 
lifetime costs. Furthermore, lifetime cost percentages are 
distributed between different components in Table III. 
 
Fig. 6.  Weights, sizes and max. FC-stack powers of different topologies. 
 
Fig. 7.  Efficiencies and power losses of different buffering topology cases. 
 
The lowest weight is achieved in the cases b, c and d while 
the weight of the cases a and e are around 25-30% higher than 
the lowest weight. 
The minimum size is achieved in the cases b and c with 
proper choice of the battery and the UC pack. A battery or an 
UC only buffering in the cases a, d and e increases sizes, thus 
the UC only buffered topologies have the highest volume. 
The efficiency maximum is reached with the case a, due to 
the fewest DC-DC conversions on the primary energy path. 
The case b has slightly lower efficiency, since peak powers 
are taken via the DC-DC conversion. The case c introduces 
DC-DC conversion for the battery pack, and hence increases 
significantly power losses with respect to the case b. The case 
d is vulnerable to FC-converter efficiency and the case e finds 
its powertrain efficiency between cases b and c. 
Cost calculations favor the UC pack only buffering 
topologies, while the relation to the battery based topologies 
depend increasingly on calculation parameters. FC and energy 
costs become significant in the cases d and e. 
 
Fig. 8.  Initial and lifetime costs of different buffering topology cases. 
 
TABLE III 
DISTRIBUTION OF LIFETIME COSTS IN PERCENTAGES. 
 
VIII. CONCLUSIONS 
This research compares five different fuel-cell hybrid 
topology cases with the load cycle which is specific for the 
Heavy Mobile Port Equipment. Each of the topologies has 
their own benefits and disadvantages. 
It can be said that the feasibility of the battery pack based 
powertrains are very dependent on allowed charging and 
discharging currents of high energy battery cells. In the fuel 
cell battery topology the influence of double C values is the 
largest by almost halving size, weight and lifetime costs. 
Feasibility of presented topologies is very dependent on the 
DC-DC converter efficiencies. Therefore, calculated 
powertrain efficiency gives valuable feedback and reason to 
reconsider the design of DC-DC converters. This is the case 
e.g. in buffering topology cases c and d, in which power 
losses might cause powertrain option to become impractical. 
This study was conducted as a full iterative process. Such a 
process may not expectedly find the global maximums but 
points near of those. Optimization targets for different 
topologies could, with attained knowledge, be considered. 
It should be remembered that the proposed efficiency 
values are dependent on the load cycle, the powertrain 
topology and the system control, and therefore, those cannot 
be generalized. Also, calculated cost values are sensitive to 
current trends and future prospects, and should not be 
considered as targets, but as reference values in the presented 
comparison. Therefore, results are interrelated and should not 
be extracted from the context. Results of this study describe a 
powertrain characteristics for NRMMs which duty-cycle is 
repetitive for long periods of time. 
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Case Bat UC FC PE Energy 
a 91% - 5% <1% 3% 
b 83% 1% 8% 1% 7% 
c 78% <1% 9% 1% 11% 
d - 5% 57% 4% 34% 
e - 20% 37% 6% 37% 
